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a b s t r a c t
Increasingly, consumers interact through the Internet to share their knowledge, experiences, and opinions.
Consequently, ‘word-of-mouse’ has become a signiﬁcant market force that inﬂuences consumer decision-making.
On the basis of extensive quantitative and qualitative research, the authors sketch how consumers make use of
virtual communities as social and information networks, and how this affects their decision-making processes. We
present three studies that address (i) determinants and effects of virtual community inﬂuence on the consumer
decision process; (ii) virtual community participation patterns; and (iii) discussion practices of the most active
community members. Key implications for managers, marketers, and market researchers are discussed.
© 2009 Elsevier B.V. All rights reserved.

1. Introduction
It has been more than a decade since Hoffman and Novak [41] laid out
the conceptual foundations of marketing practice in computer-mediated
environments. In their article, they introduce marketers to the revolutionary changes that may occur in the way companies interact with their
customers due to the rise of the Internet. The article stresses the Internet's
unique many-to-many communication model, i.e., both companies and
consumers may (1) provide and access online content, and (2) communicate through the medium. Indeed, Hoffman and Novak's assertion that
“the consumer is an active participant in an interactive exercise of
multiple feedback loops and highly immediate communication” [41, p. 66]
reﬂects present-day reality. Consumers have embraced the Internet to
communicate and transact with businesses. Besides, marketers have to
deal with consumers who increasingly interact with each other through
electronically based discussion forums, bulletin boards, list servers, chat
rooms, newsgroups, email, personal Web pages, social networks, and
blogs. Rather than being mere recipients of the information that is
disseminated by marketers, a rising number of consumers use the Web
2.0 to express and disseminate their knowledge, experiences, and
opinions about products and services [81,90].
Although the phenomenon of word-of-mouth recommendations in
itself is not new to marketers [34,46], the Internet has revolutionized the
speed and the scope. Information can be transmitted instantly all over the
world at virtually no cost [33]. What is more, the Internet has facilitated
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the development of specialized consumer knowledge reservoirs in the
form of virtual communities of consumption, i.e., “afﬁliative groups whose
online interactions are based upon a shared enthusiasm for, and
knowledge of, a speciﬁc consumption activity or related group of
activities” [51, p. 254]. Within these communities, participants may not
only exchange information, but they may also develop friendships on the
basis of their common interest or passion. Various research papers suggest
that virtual communities may act as important reference groups for their
participants [8,19,53]. When making a purchase decision, participants may
turn to the virtual community to gather information, to ask for advice, or to
review the opinion of an expert user. Post-purchase, they may communicate their own experiences with the consumption activity to the
community. Subsequently, virtual communities of consumption represent
substantial social networks of consumer knowledge and companionship
that affect consumer behavior.
Information exchange between consumers on the Internet continues
to grow exponentially due to the success of social networking sites like
MySpace, YouTube, Facebook, and Wikipedia. Thus, spheres of interaction and inﬂuence become more and more virtual. Marketers are
challenged to cater to this development. To respond to managers' need
for systematic knowledge about the virtual community phenomenon,
marketing research efforts have mainly centered on three issues. The
ﬁrst stream of research addresses managers' need for insight in how to
elicit consumer input by investigating what motivates people to
participate in and contribute to online communities [5,22,37,99]. The
second stream of research shows how companies can use online
consumer conversations to extract marketing knowledge, for example,
for new product development [80]. Some researchers take a quantitative
approach [10,32]; others have developed and propagated the method of
netnography based on ethnographic research techniques to gain insight
in the drivers of consumer behavior by analyzing the discourse within
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virtual communities [16,50,53]. The third stream of research focuses
speciﬁcally on brand communities [2,51,52,57,64,65]. These studies have
set out to untangle the nature of brand communities and their effect on
consumer behavior.
Altogether, a decade of marketing research into online platforms
that facilitate consumer-to-consumer interactions has generated
useful insights in the functioning and exploitation of virtual communities as marketing tools. Nevertheless, many knowledge gaps still
exist [33]. Research efforts to date have speciﬁcally advanced our
understanding of the antecedents and the effects of virtual community participation, i.e., why do consumers get involved in virtual
communities and what are the consequences of doing so. However,
what happens in between, i.e., the way they make use of the
community, and interact with other members, remains obscure. If
we consider the acclaimed importance of virtual communities as
reference groups, and if we consider the number of consumers that
make use of them during their purchase decision processes [42,74], it
is surprising how little is known about the role that virtual
communities play in information search, information processing,
and consumer decision-making. The objective of this paper is to shed
light on what is going on inside virtual communities.
Based on a large-scale survey (N = 1007), and a three-year
netnographic study of members of a virtual community, this paper
aims to provide an in-depth insight into how consumers participate in,
and are inﬂuenced by online social information networks. Our focal
research site is a virtual community dedicated to culinary matters. Its
topics of interest include recipes, restaurants, kitchen utensils, food
products, wine, dieting, and culinary events. The community consists
of a central homepage, numerous sub-communities, discussion
forums, a chat room, and a large database with recipes, reviews, and
articles. The community has been online since 1998, and it is managed
by an independent company. Revenue is generated through advertisements and direct marketing activities. At the time of investigation,
the community counted approximately 160,000 members. It is
important to note that the community's content is entirely usergenerated. The administrators take care of the infrastructure, but the
members provide all the content.
Our paper is organized as follows. Section 2 discusses theories
about interpersonal inﬂuence and the extent to which they can be
applied to an online setting. Speciﬁcally, we review articles that have
addressed the issue of reference group inﬂuence, and word-of-mouth
communication in the context of virtual communities. This discussion
brings forth speciﬁc research questions that have served as the
starting point for our investigations reported in Sections 3–5. Section 3
presents a study that examines the extent to which consumers are
affected in their decision-making regarding consumption activities by
the ongoing process of interpersonal inﬂuence and word-of-mouth
recommendation within virtual communities. We explore which
factors are associated with virtual community inﬂuence, and we
examine its effect on the various stages of the consumer decision
process. Our insights allow us to point out how the organizational
structure of virtual communities may reinforce their potential as
online knowledge reservoir and platform of interpersonal inﬂuence.
After having sketched the big picture of the role of virtual communities in consumer decision-making, Section 4 zooms in on member
participation behavior. We present a classiﬁcation of community
members on the basis of how they make use of the community, and,
consequently, how they are inﬂuenced by it. Our classiﬁcation enables
us to formulate marketing strategies that ﬁt the proﬁle and particular
way in which each member type participates in the virtual community. Finally, Section 5 focuses on the most active virtual community
members and their discussion practices. Here, we discuss the ﬁndings
of our netnographic study that has given qualitative insights in the
functioning of virtual communities as information source and social
network. Speciﬁcally, we address the strategies and tactics that are
employed by forum discussants to communicate with, and inﬂuence

each other. Our aim is to show how market researchers can use the
netnographic method to develop insights in the processes that
underlie the buying decisions of the community members. We
conclude this paper by addressing the relevancy and implication of
our ﬁndings in light of the fast-pacing developments in social
networking systems.
2. Theoretical background: interpersonal inﬂuence
2.1. Reference group inﬂuence
In general, consumers attach importance to the opinion of others
while making purchase decisions. They talk about their purchase
intentions to family members, relatives, friends, and colleagues and
maybe ask for their advice. As a result, consumers presumably are
inﬂuenced in their decision-making because they interact and
communicate with others. A reference group is any person or group
of people who signiﬁcantly inﬂuences an individual's behavior [6]. The
essential difference between virtual and traditional reference groups
is that involvement in virtual communities is a voluntary and
conscious choice, whereas membership in traditional reference
groups may be imposed, among other things, by chance of birth or
proximity of residence [5]. People are free to join the virtual
community of their choice and choose to do so, for example, because
they ﬁnd like-mindedness among its members. This may make the
virtual community a much more inﬂuential reference group than
traditional communities that one does not necessarily feel deeply
connected to.
What do we know about the functioning of virtual communities as
reference groups? First, we would like to know why people adhere to
them. In this respect, Bagozzi and Dholakia [5] examine what drives
people to become a virtual community member and act as an agent of
the community in concert with other members. More formally stated;
they investigate how so-called “we-intentions” determine virtual
community participation. They ﬁnd two mediated antecedents for
we-intentions, namely positive anticipated emotions and social
identity (i.e., self-categorization, affective commitment, and groupbased self-esteem). Positive anticipated emotions are an individuallevel motive, whereas social identity is a group-level motive [5]. In a
follow-up paper, Dholakia et al. [22] introduce ﬁve speciﬁc, individuallevel, value perceptions and model these as antecedents to various
group-level variables, which in turn inﬂuence community participation. Furthermore, they discern between virtual communities that are
small group-based; members usually interact with the same group of
people (e.g., multi-user dungeons and chat rooms) versus virtual
communities that are network-based; members usually interact with
different individuals or groups of people (e.g., email lists, bulletin
boards, and newsgroups). They ﬁnd that the main reason for
participation in small group-based communities is social beneﬁts,
whereas informational and instrumental value is the main reason for
participation in network-based communities. In both types of
community, social identity and group norms are positively related to
we-intentions that underlie participation behavior. In short, people
have speciﬁc reasons to participate in speciﬁc types of communities.
Besides, they are likely to increase their participation if they identify
with the group and internalize its norms.
Neither of the above-mentioned studies investigates the inﬂuence
of community participation on consumer decision-making. Thus,
taking into account the existing knowledge about traditional
reference group inﬂuence, what can we say about the kind of
inﬂuence exerted by virtual communities? Traditional reference
group inﬂuence is based on the perceived norms and overt behavior
of the reference group. Normative reference group inﬂuence operates
through a reward and punishment system that is contingent upon the
visibility of one's own behavior and the expected reactions of the
reference group upon the behavior that is displayed [69,72]. In the
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context of virtual communities, inﬂuence among group members
takes place via online interaction. Ofﬂine behavior is not visible, unless
interaction also takes place in real life. Therefore, in an online
environment reference group inﬂuence is based on communicated
norms and self-reported behavior. One's actual behavior outside of the
virtual community is not necessarily visible for the other community
members; thus, a reward and punishment system for displayed
behavior has little value. Moreover, virtual communities tend to be
characterized by low entry and exit barriers. If a member does not
agree with the group norms, the easiest option is to leave the virtual
community and join another that is more similar in beliefs and
behavior. In traditional reference groups, this option to leave and
withdraw from group pressure to conform to norms is less available.
Hence, we expect that normative reference group inﬂuence on ofﬂine
behavior is less likely to occur with respect to virtual communities.
Note that this expectation especially refers to virtual reference
group inﬂuence on ofﬂine behavior. With respect to reference group
inﬂuence on online behavior, the concept of normative inﬂuence is
relevant. Research efforts have indicated that group norms with
respect to online behavior emerge whenever there is prolonged,
computer-mediated interaction and communication between people
[58,71]. This conformity shows itself, for example, in a speciﬁc email
writing style or length of messages. Moreover, online communities
ensure that participants conform to group norms by reproaching
offenders. McLaughlin, Osborne and Smith [60] conducted a study
investigating the various reproaching techniques used within Usenet
groups. They found that reproaches ranged from a mild correction to
truly vicious email attacks on the offender. Community managers
build on this tendency to enforce group norms by facilitating
community members with rules and tools that allow them to establish
and maintain an amiable ambiance in the community. Many
communities have a code of conduct that speciﬁes community
standards with regard to behavior, language, content, identity,
commercial use, et cetera. Oftentimes, community members point
out the code of conduct to each other, so that manager interference to
enforce the rules is not necessary [48,92].
In contrast to normative reference group inﬂuence, the concept of
informational reference group inﬂuence is very appropriate to explain
the interaction between online and ofﬂine interpersonal effects
among virtual community members. Informational reference group
inﬂuence is a process of internalization of the perceived norms and
opinions of the reference group as evidence about reality. In case of
face-to-face interaction, this internalization process is reinforced by
the observation of the reference group's behavior. Virtual community
members are generally not exposed to each other's ofﬂine behavior,
but sharing information about opinions and experiences is usually
what it is all about; many members actively seek information and
advice from other members. The most important source characteristic
that determines the internalization process is credibility, i.e., the
source's expertise and trustworthiness. Internalization is likely to
occur when a receiver perceives the sender to be knowledgeable
about a subject and free of personal gain as a motive to communicate
about a product of service [70].
Bickart and Schindler [8] have investigated the effect of informational reference group inﬂuence on consumer behavior in the context
of online bulletin boards. Based on the existing literature they assume
that online information produced by other consumers is perceived as
more credible and relevant, and results in more empathy than
marketer-generated information. Consequently, they hypothesize
that bulletin board content results in greater interest in and purchase
intentions for the product categories that are discussed. They test this
in an experimental setting with 61 undergraduate students that are
asked to look at either corporate web pages or online consumer
discussions related to speciﬁc product categories. Their study conﬁrms
that the participants who are exposed to the online consumer
discussions report more product interest than the participants who
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are exposed to the corporate web pages. However, behavioral effects
on purchase likelihood and the amount of money that the participants
expect to spend in the various product categories are inconclusive.
Although Bickart and Schindler's study indicates that consumergenerated online information results in stronger product interest than
marketer-generated online information, it does not directly examine the
underlying reason. Okleshen and Grossbart's [68] study on Usenet groups,
however, sheds some light on this issue. By means of an online survey
among participants in 37 Usenet groups, they examine the antecedents
and consequences of perceived membership in virtual communities. With
respect to the consequences, they hypothesize that if consumers view
themselves as members, Usenet groups will be more apt to inﬂuence their
behaviors. Moreover, they hypothesize that if consumers view the online
information as valuable, accurate, and reliable, it is more apt to change
their behaviors. The results show that the strength of a consumers'
perception of being a member is positively related to the degree to which
he or she values the information in the discussions, which is positively
related to the extent of change in their behavior. There is no direct
relationship between membership perception and behavioral changes.
This result is consistent with the idea that virtual communities act as
informational reference groups rather than normative reference groups
that exert social inﬂuence.
2.2. Word-of-mouth communication
In order to better understand the actual mechanisms of interpersonal
effects in an online environment, we need to focus on the way information
ﬂows from one member to another within virtual communities. Here we
introduce the second stream of research that we use to build our
theoretical framework: word-of-mouth communication. Word-of-mouth
is the informal transmission of ideas, comments, opinions, and information between two or more individuals, neither one of which is a marketer
[9]. Virtual communities can be considered word-of-mouth networks, i.e.,
consisting of multiple dyads. Multiple dyads occur with one source and
several receivers, as well as with several sources and one receiver [11]. The
impact of word-of-mouth communication within virtual communities
depends on both the structural and the interactional characteristics of the
network [45]. The structural characteristics include factors such as the size
of the network, number of connections between one person and all
others, and the number of actual relationships relative to the potential
number, whereas the interactional characteristics include tie strength and
degree of homophily among members of the network [11]. The potential
impact of virtual communities is large; recommendations can be made at
virtually no costs, and they can spread quickly within and outside the
virtual community network. Moreover, virtual community members
share an interest, which produces afﬁnity and creates a bond. These social
network qualities coupled with the perceived credibility of consumer
evaluations, make the virtual community a powerful platform for
exploiting consumer-to-consumer recommendations, for example, by
means of viral marketing campaigns, i.e., using online consumer-toconsumer referrals as a means of multiplying the popularity of a brand,
product, or company [24,84].
Several researchers have investigated what motivates consumers to
make contributions to the online knowledge reservoirs that virtual
communities constitute. Hennig-Thurau et al. [37] ﬁnd evidence for eight
different motivations that largely correspond to motivations found for
engaging in word-of-mouth communication in the traditional, face-toface setting: (1) venting negative feelings, (2) concern for other
consumers, (3) self-enhancement, (4) advice seeking, (5) social beneﬁts,
(6) economic incentives, (7) platform assistance, and (8) helping the
company. Hennig-Thurau et al., furthermore, examine to what extent the
frequency of visits, as well as the number of comments written, are a
function of these eight motivations. It is social beneﬁts that motivate
consumers most strongly, both to visit the platform and to articulate
themselves. Finally, the authors develop a motivation-based segmentation of electronic word-of-mouth senders that distinguishes self-
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interested helpers who are driven by economic incentives, consumer
advocates who act out of concern for other consumers, true altruists who
are motivated to help both other consumers as well as companies, and
multiple-motive consumers.
Wiertz and De Ruyter [99] investigate contribution behavior to ﬁrmhosted commercial online communities, in which customers interact to
solve each other's service problems. They extend a model of social
capital based on Wasko and Faraj [96] to examine the direct impact of
commitment both to the online community and the host ﬁrm, as well as
reciprocity, on quality and quantity of knowledge contribution. They test
their framework using self-reported and objective data from 203
members of a ﬁrm-hosted technical support community. Surprisingly,
their results indicate no relationship between members' perception of
the norm of reciprocity and contribution behavior. Also, they do not ﬁnd
a signiﬁcant relationship between commitment to the ﬁrm and quantity
and quality of contributions. Instead, this study shows that consumers
who contribute most in terms of quantity and quality are driven by their
commitment to the community, which is another indicator of the power
of virtual communities as networks of companionship. Besides
commitment to the community, Wiertz and De Ruyter ﬁnd that
member's online interaction propensity (i.e., a prevailing tendency of
an individual to interact with relative strangers — people they have
never met ofﬂine — in an online environment), and the informational
value s/he perceives in the community are the strongest drivers of
knowledge contribution.
Other researchers have focused on the effects of online word-ofmouth communication. Chatterjee [17] reports the results of an
experiment that examines the effect of negative online reviews. This
study shows that existing theories about interpersonal inﬂuence in
the traditional setting also apply to the online context; consumers are
more likely to search for and accept (negative) online word-of-mouth
communication in a situation in which they lack information and
experience, as well as in a situation in which risk is higher [39,77,78].
Chevalier and Mayzlin [18], as well as Dellarocas et al. [21], address the
value of online word-of-mouth recommendations in terms of their
ﬁnancial impact and their revenue forecasting potential. Chevalier and
Mayzlin show that the number of online consumer reviews about a
book is related to book sales. Besides, they ﬁnd that negative reviews
have a stronger effect than positive reviews; this effect has been
shown before in the ofﬂine context [76]. Dellarocas et al. show that
online consumer reviews about movies are representative of the
movie-going audience at large, and that the online consumer reviews
are better forecasters of movie revenues than professional critic
reviews. Together, these ﬁndings support the viewpoint that online
forums function as alternative and inﬂuential sources of information.
The existing literature about virtual communities and interpersonal inﬂuence gives a ﬁrst insight in the functioning of virtual
communities as reference groups and word-of-mouth networks, but
many questions remain. In the following sections, we start with
answering the most basic ones. Section 3 examines the determinants
and effects of virtual community inﬂuence on consumer decisionmaking. Our research framework is based upon existing theories of
interpersonal inﬂuence and word-of-mouth recommendation. We
explore in what respect these theories can be extended from the
traditional context to the computer-mediated context of virtual
communities.
3. Virtual community inﬂuence on the consumer decision process
In this section, we focus on the question to what extent membership characteristics, community interaction characteristics, and general consumer characteristics are associated with perceived virtual
community inﬂuence on the consumer decision process (Fig. 1). The
premise of the framework in Fig. 1 is that the level of community
inﬂuence is associated with membership related factors, i.e., members' attachment to the community in terms of topical and social

Fig. 1. Community inﬂuence on the consumer decision process.

involvement and membership length, as well as factors related to
members' actual interaction behavior with the community, i.e., the
frequency and duration of community visits as well as the activities
undertaken while online. Of course, general consumer characteristics
such as age and education as well as members' Internet proﬁciency,
their orientation towards others, and their opinion-leadership and
expertise may also impact the level of community inﬂuence on the
consumer decision process. Together these factors determine how
members use and value the virtual community as a reference group
during decision-making regarding consumption activities related to
the community’s topic of interest.
3.1. Research model
3.1.1. Consumer decision process
Virtual community inﬂuence on the consumer decision process is a
broad concept. Consumers generally go through seven major stages when
making purchase decisions; (1) need recognition, (2) search for
information, (3) pre-purchase evaluation of alternatives, (4) purchase,
(5) consumption, (6) post-purchase evaluation, and (7) divestment [9].
Virtual community membership may affect each of these phases. In our
study we focus on the phases that are most relevant in the context of
interaction and interpersonal inﬂuence based on information exchange
between virtual community members, i.e., need recognition, search for
information, pre-purchase evaluation, and post-purchase evaluation.
The core concern of the community we study is recipe exchange
between members. The community's recipe database contains more
than 200,000 recipes. Recipes are used to guide the cooking process.
Decisions commonly made with respect to cooking include decisions
about what to cook and how to put together a meal, as well as
decisions about which ingredients to use, how to prepare food
products, and the cooking time. For all these instances, the community
offers its members multiple opportunities for assistance. Therefore,
we have chosen the cooking decision process to examine relationships
between the constructs in our conceptual framework.
For community inﬂuence on the need recognition phase, we study
the perceived inﬂuence on cooking frequency. In this respect, we ask
participants whether they cook more often due to their community
membership. For community inﬂuence on the information search
phase, we study the perceived inﬂuence on recipe knowledge. This
includes knowledge about dishes, cuisines, ingredients, and food
preparation. For community inﬂuence on the pre-purchase evaluation
phase, we study the perceived inﬂuence on recipe choice. We ask
participants whether they choose for other dishes and courses due to
their community membership. For community inﬂuence on the postpurchase evaluation phase, we study perceived inﬂuence on satisfaction with cooking results. Have participants become more satisﬁed
with their cooking results due to their community membership?

K. de Valck et al. / Decision Support Systems 47 (2009) 185–203

We expect that virtual communities inﬂuence is dissimilar in
magnitude for each of the four phases of the consumer decision
process. Speciﬁcally, we argue that community inﬂuence is largest for
the information search phase. Virtual communities owe their
existence to information exchange between members [35,75].
Whether members participate in the community for its topical
content or to socially connect with other members, contact is made
by producing and processing textual or graphical member contributions. Interpersonal inﬂuence occurs through these contributions that
are produced, noticed, comprehended, accepted, and stored in
memory. In other words, any inﬂuence due to community membership is caused by information exchange that ﬁrst leads to cognitive
and affective responses, which in turn might be translated into
behavior [28]. Community inﬂuence on the frequency of engaging in
the consumption activity, on choices made from the alternatives, and
on satisfaction with the decision outcome is, therefore, most likely
smaller than the inﬂuence on information search leading to increased
knowledge.
Theoretically a vast number of variables has been identiﬁed that
may be related to community inﬂuence on the consumer decision
process. Our study aims to explore which factors are most strongly
associated with perceived community inﬂuence per phase of the
consumer decision process. In several cases, we have formulated
speciﬁc expectations for each phase separately. However, generally,
theory does not give us reason to formulate speciﬁc expectations per
phase of the decision process. When we refer in our discussion to
community inﬂuence on the decision process, this should be understood as community inﬂuence on the four phases of the consumer
decision process. For reasons of completeness, we include an analysis
of the average overall inﬂuence on the four phases.
3.1.2. Membership characteristics
When people ﬁrst enter a virtual community they are not familiar
with the environment, the other members, and the rules of the game
[53]. Knowledge on these aspects accumulates over time [79]. Therefore,
in the ﬁrst stages of getting acquainted, members engage themselves in
informational and instrumental activities, while in later stages they may
become more involved in symbolic exchanges that are aimed at the
creation of intimacy and relational cohesiveness [3]. Compare in this
respect Walther's [94] meta-analysis of computer-mediated communication, which shows that Internet users progress from initially a-social
information gathering to increasingly afﬁliative, social activities. More
experienced members may therefore use and/or value the virtual
community very differently from less experienced members in the
context of purchase decision-making. Therefore, we include a measure
of membership length to catch possible differences between short time
and long-time members.
Following Kozinets [51], we furthermore assume that virtual
community members display different interaction proﬁles as a result
of their orientation towards the community's topic of interest versus
the social relationships among the members. Highly topically involved
members are seriously dedicated to the consumption activities that
the virtual community focuses on. Supposedly, most of them have
quite some experience with these consumption activities; others are
probably better characterized as enthusiastic novices in the ﬁeld [53].
In either case, the virtual community offers an environment in which
these topically involved members can satisfy their demand of culinary
information exchange. They have joined the virtual community with
the aim to increase their knowledge, to share experiences, or, simply,
to express their interest in the community's subject matter. Thus, we
expect that topical involvement relates to receptiveness to the virtual
exchange of information and online communication about relevant
consumption activities. Prior research has demonstrated that experience with a decision process lessens the need for information, and,
consequently, reduces receptiveness to opinions and experiences of
others [1,85]. However, the deliberate action of pursuing the virtual
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community as a reference group that has expertise on the members'
topic of interest renders it likely that topically involved members are
inﬂuenced by the community in their knowledge and behavior
regarding the consumption activities that are the central topic of the
community. Furthermore, we know that the impact of reference group
inﬂuence and word-of-mouth recommendation depends, among
other things, on tie strength. Strong tie sources have more impact
on consumer behavior than weak tie sources [34,45]. Therefore, we
expect that high social involvement in the community corresponds to
high perceived impact on knowledge and behavior.
3.1.3. Community interaction characteristics
The frequency with which someone visits the virtual community
and the amount of time spent during each visit are likely to affect the
extent of community inﬂuence. Regular and extended visits to the
virtual community imply a high level of exposure to information and
communication about consumption activities that are discussed
among community members. Even when members are not actively
searching for information, they will passively be informed about
culinary issues during their visits [41]. Evidence from both advertising
and television news research makes clear that incidental exposure
usually is not enough for consumers to recall information. Instead,
repetition is necessary before information is retained and leads to
learning of any signiﬁcance [66,98]. The positive effect of exposure
frequency on awareness and knowledge is also found for online
advertising and news on the World Wide Web [12,88]. In line with
these ﬁndings we argue that members who engage in frequent or
lengthy community visits are more likely to be affected than members
who engage in occasional or swift visits. We, therefore, expect that
frequency and duration of visits are positively related to community
inﬂuence on the consumer decision process.
Besides frequency and duration of visits, members' interaction
proﬁle is also determined by the kind of activities they undertake
while online. We distinguish between three types of online behavior
relevant to virtual community inﬂuence on the consumer decision
process, i.e., retrieve, supply, and discuss information. These activities
determine the information ﬂow between virtual community members
as receivers and senders in a word-of-mouth network [11,47].
Community members may be engaged in all three types of online
behavior, thus switching between the roles of information receiver
and information sender. Both receivers and senders in the word-ofmouth process presumably gain from information exchange. Receivers
obtain information about behavior and choices of others, and get
feedback about their own behavior and choices [9]. As a result, the act
of retrieving information from the community may inﬂuence the
consumer decision process in various ways. Both the goal-directed
search for speciﬁc information, as well as in general obtaining
information about the behavior, choices, and opinions of other
members may induce enthusiasm for engaging in the community's
consumption activities, it may increase members' knowledge reservoir, it may alter their preferences, and it may reduce cognitive
dissonance, which could lead to more satisfaction with the decision
outcomes. Hence, we expect a positive relationship between the
extent to which members retrieve information from the community
and community inﬂuence on the consumer decision process.
Senders share their positive and negative experiences out of a
desire to help others make better decisions, to decrease doubts about
their own behavior, or to experience feelings of prestige and power
[23,29,38]. Thus, we expect that the act of supplying information to the
community is related to community inﬂuence on the post-purchase
evaluation phase. Being able to express oneself about a positive
consumption experience may boost enthusiasm for and satisfaction
with the decision outcome [77,87]. Alternatively, talking to others
about disappointing experiences may relieve negative feelings and
reduce dissatisfaction [27,87]. When members discuss information
with others they are actively involved in knowledge exchanges
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between members. Their active participation may deepen their
experience with and emotional devotion towards the consumption
activity of interest, thereby indirectly affecting their decision-making
processes.
3.1.4. General consumer characteristics
Besides various demographic and socioeconomic variables, we
include consumers' Internet proﬁle, their orientation towards others,
and their opinion leadership and expertise with respect to the
community's topic of interest as independent variables in our
model. The number of years someone has used the Internet and the
number of hours someone spends online are a measure of Internet
proﬁciency. How is the level of Internet experience related to behavior
in the virtual community and consequently to the impact of the
community on consumer decision-making?
Sociability and inﬂuenceability are consumer traits related to
someone's orientation towards others. Both could play an important
role in explaining community inﬂuence on the consumer decision
process. Arndt [4] has found that sociable persons are more likely to
engage in word-of-mouth communication than those who are less
sociable. Sociable persons are outgoing, they enjoy being with others,
and they have a participative temperament, thus they actively take
part in social networks and are inﬂuenced by these networks as a
result. Besides sociability as a general trait, we need to take into
account someone's base level of inﬂuenceability, i.e., how receptive
one is to opinions and experiences of others [59]. After all, this will
determine to a large extent how the virtual community is used and
valued as a reference group, thus affecting community inﬂuence on
the consumer decision process. Bearden, Netemeyer and Teel [7] have
established that susceptibility to interpersonal inﬂuence consists of
two components; it is manifested through either normative or
informational inﬂuence. Susceptibility to normative interpersonal
inﬂuence is the tendency to conform to the expectations of others
[14]. It is motivated by a desire to identify oneself with another or to
gain rewards or avoid punishments by complying with group norms
[6,69]. Susceptibility to informational interpersonal inﬂuence is the
tendency to accept information from others as evidence about reality
[20]. It operates through a process of internalization, which occurs
when information from others increases a person's knowledge about
some aspects of the environment [7].
Finally, we expect that the extent to which people are opinion
leaders/seekers in relation to the community's topic of interest affects
their membership and interaction proﬁle. Opinion leadership is
associated with giving information to, sharing experiences with, and
inﬂuencing others [36,78]. The more involved opinion leaders are in a
certain topic of interest, the more likely it is they talk to others about it
[91]. The question is to what extent these interactions affect their own
decision processes, given the fact that they have a good command of
cooking and know a lot about culinary matters in general. In the same
manner, their level of expertise relative to real life reference groups and
their level of expertise relative to the other virtual community
members may also affect how the community is used and valued as a
reference group.
3.2. Methodology
To empirically examine the relationships between the constructs
in our research model we collected data by means of an online survey.
In our questionnaire we used multi-item measurements where
appropriate, and we used existing scales where possible. We
developed some new measurements to ﬁt the speciﬁc context of our
study. We ﬁne-tuned the questionnaire on the basis of insights gained
from our ongoing netnography [53] consisting of observations and
interviews of community members. The survey population consisted
of nearly 30,000 members that visited the community during the
period of data collection. Recruitment was realized through an

announcement on the community's central homepage containing a
direct link to the online survey site. Halfway through the data
collection period, the community's newsletter was spread through
electronic mail among all 170,000 registered members, containing a
similar announcement with a direct link to the survey. The
questionnaire was designed by means of standard software that
ensured an easy-to-access survey site and an easy-to-navigate survey
interface. To ensure that less frequent visiting members also had a
chance of being in the sample, the survey has been online for four
weeks, generating 1007 usable responses.
3.3. Key ﬁndings
For our data analyses, we used the following linear regression
models that each describes community inﬂuence on the consumer
decision process as a function of membership characteristics, community interaction characteristics, and general consumer characteristics. The ﬁfth model describes the overall inﬂuence on the four
phases of the cooking decision process.
8
β + β1 TOPICAL INVOLVEMENT + β 2 SOCIAL INVOLVEMENT +
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>
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>
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3
>
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The R2 of the models varies from 0.20 (adjusted R2 = 0.17/F
statistic = 7.18) for community inﬂuence on cooking frequency, as
well as community inﬂuence on recipe choice (adjusted R2 = 0.17/F
statistic = 7.12), to 0.29 (adjusted R2 = 0.27/F statistic = 11.95) for
overall community inﬂuence on the cooking decision process.
First of all, we are interested in examining the relative inﬂuence of
the virtual community on each phase of the decision process. Table 1
contains the mean scores of community inﬂuence on the decision
process. We expected community inﬂuence to be strongest in the
information search phase compared with the other three phases.
Indeed, we ﬁnd that the mean score of the perceived inﬂuence on recipe
knowledge is highest. T-tests indicate that community inﬂuence on
search for information is signiﬁcantly (p b 0.01) higher than community
inﬂuence on need recognition and post-purchase evaluation. Community inﬂuence is not signiﬁcantly different between the information
search and pre-purchase evaluation phases (t = 1.89, p = 0.06). Thus, in
case of the cooking decision process, community inﬂuence is most
profound in the information search phase, while inﬂuence on members'
pre-purchase alternative evaluation forms a close runner-up.
The results of our regression analyses are reported in Table 2. In the
rest of this section, we discuss the most noteworthy results.
The ﬁrst interesting result pertains to the relationship between
member's topical and social involvement in the community and its
inﬂuence on their decision-making. The regression results in Table 2
indicate that there is no signiﬁcant relationship between involvement in
the community's topic of interest and the community's inﬂuence for any
of the phases of the consumer decision process. Since respondents have
Table 1
Community inﬂuence on the various phases of the cooking decision process.
Mean scores
N = 1007
Need recognition — perceived inﬂuence on cooking frequency
Search for information — perceived inﬂuence on recipe knowledge
Pre-purchase evaluation — perceived inﬂuence on recipe choice
Post-purchase evaluation — perceived inﬂuence on satisfaction
with result
Overall inﬂuence — average overall inﬂuence on four phases

2.3 (1.4)
3.2 (1.1)
3.1 (1.4)
2.8 (1.4)
2.9 (1.1)

Mean scores are measured on 5-point rating scales (1–5). Standard deviations are annotated
in parentheses.
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Table 2
Regression results for community inﬂuence on the cooking decision process.

Membership characteristics
Topical involvement
Social involvement
Length of membership

Need recognition

Search for information

Pre-purchase evaluation

Post-purchase evaluation

Overall inﬂuence

Perceived inﬂuence
on cooking frequency

Perceived inﬂuence
on recipe knowledge

Perceived inﬂuence
on recipe choice

Perceived inﬂuence
on satisfaction with result

Average overall inﬂuence
on four phases

− 0.02 (0.68)
0.12 (0.05)
0.05 (0.25)

0.01 (0.87)
0.18 (0.00)
0.10 (0.01)

− 0.06 (0.28)
0.13 (0.03)
− 0.01 (0.74)

− 0.04 (0.48)
0.15 (0.01)
0.10 (0.01)

− 0.04 (0.47)
0.17 (0.00)
0.07 (0.07)

Community interaction characteristics
Frequency of visits
0.13 (0.01)
Duration of visits
0.05 (0.23)
Retrieve information
0.05 (0.30)
Supply information
− 0.01 (0.91)
Discuss information
0.01 (0.78)

0.12 (0.01)
− 0.01 (0.88)
0.22 (0.00)
− 0.04 (0.49)
− 0.11 (0.02)

0.22 (0.00)
0.05 (0.22)
0.11 (0.01)
− 0.07 (0.19)
− 0.04 (0.38)

0.21 (0.00)
− 0.01 (0.88)
0.09 (0.03)
− 0.01 (0.84)
− 0.07 (0.13)

0.21 (0.00)
0.03 (0.46)
0.14 (0.00)
− 0.04 (0.46)
− 0.06 (0.19)

Orientation towards others
Sociability
Susc. to norm. inﬂ.
Susc. to info. inﬂ.
Opinion leader
Opinion seeker
Ofﬂine expertise
Online expertise

− 0.02 (0.66)
0.20 (0.00)
0.07 (0.11)
− 0.17 (0.00)
0.12 (0.01)
0.08 (0.08)
− 0.04 (0.28)

− 0.00 (0.91)
0.16 (0.00)
0.08 (0.04)
− 0.01 (0.92)
0.10 (0.02)
0.07 (0.08)
− 0.06 (0.11)

0.05 (0.22)
0.12 (0.00)
0.03 (0.49)
− 0.10 (0.07)
0.17 (0.00)
0.02 (0.70)
− 0.02 (0.56)

0.00 (0.97)
0.16 (0.00)
0.03 (0.49)
− 0.18 (0.00)
0.14 (0.00)
0.05 (0.23)
− 0.02 (0.62)

0.01 (0.79)
0.19 (0.00)
0.06 (0.12)
− 0.15 (0.00)
0.16 (0.00)
0.07 (0.11)
− 0.04 (0.25)

0.01 (0.88)
0.02 (0.65)

− 0.07 (0.06)
0.01 (0.77)

− 0.07 (0.09)
− 0.02 (0.62)

− 0.04 (0.37)
− 0.04 (0.31)

− 0.05 (0.19)
− 0.01 (0.77)

Demographics & Socioeconomic variables
Age
− 0.12 (0.01)
Gender
0.09 (0.04)
Education
− 0.06 (0.12)
Income
0.02 (0.65)
R2 (total model)
0.20
2
Adjusted R (total model)
0.17
F-statistic (total model)
7.18

− 0.08 (0.05)
0.05 (0.23)
− 0.19 (0.00)
− 0.01 (0.72)
0.28
0.26
11.46

− 0.07 (0.10)
0.03 (0.42)
− 0.06 (0.18)
0.05 (0.21)
0.20
0.17
7.12

− 0.03 (0.44)
0.03 (0.49)
− 0.08 (0.04)
0.03 (0.54)
0.21
0.18
9.35

− 0.09 (0.02)
0.06 (0.12)
− 0.11 (0.00)
0.03 (0.48)
0.29
0.27
11.95

Internet proﬁciency
Webyears
Webhours

The table contains standardized regression coefﬁcients with p-values annotated in parentheses.
Values printed in bold are signiﬁcant (p ≤ 0.05).

reported a rather high mean for topical involvement (4.0 on a 1–5 rating
scale with a standard deviation of 0.7), we may not conclude that topical
involvement is unimportant. If consumers are not interested in the
community's topic of interest, they simply don't subscribe as a member.
The group that subscribes is (fairly) interested in culinary matters.
Presumably, variance in their topical involvement is too small to result in
a signiﬁcant relationship with community inﬂuence. However, we do
ﬁnd a positive relationship between social involvement and community
inﬂuence on all four phases of the cooking decision process. This ﬁnding
extends traditional theories about interpersonal inﬂuence in face-toface situations to the computer-mediated context of virtual communities. The degree to which people are tied in a social relationship is an
important determinant of interpersonal inﬂuence between consumers
both in real life as well as in virtual settings. The stronger the tie, the
higher is the level of interpersonal inﬂuence.
The second interesting result is related to the activities that
members undertake while they visit the community. We ﬁnd support
for our contention that retrieving information from the community is
positively related to inﬂuence on the consumer decision process.
Members who retrieve a lot of information report a fairly strong
community inﬂuence on their recipe knowledge, their recipe choices,
and their satisfaction with their cooking results. There is no signiﬁcant
relationship between retrieving information and community inﬂuence on cooking frequency. Maybe, respondents' engagement in
cooking activities is not so much inﬂuenced by the amount of culinary
information retrieved from the community, but by everyday necessity
and routine. Furthermore, we ﬁnd no relationships between supplying

and discussing information and community inﬂuence. Being involved
in the active supply of information and participation in discussions
with other members does not signiﬁcantly affect community
inﬂuence on consumer decision-making.
A noteworthy result is the signiﬁcant negative relationship between
discussing information and community inﬂuence on search for information. The more members are engaged in chat sessions and discussion
forums, the less community inﬂuence they experience on their recipe
knowledge. This could mean two things; it could be that merely culinary
experts participate in the community's chat room and discussion forums.
Having a high initial level of culinary knowledge would decrease the
learning effect resulting from participation in discussions. Although we
ﬁnd a correlation of 0.21 (pb 0.01) between online culinary expertise and
discussing information in the community, this is not high enough to
substantiate this explanation. Another explanation could be that
information exchange within the community's chat room and discussion
forums has a predominant social character, i.e., information is not factual,
aimed at exchanging knowledge, but it is more experiential, aimed at
socializing and recreation. Indeed, the correlation between social
involvement and discussing information reaches a value of 0.50 (pb 0.01).
In Section 2, we discussed our expectations regarding the functioning
of the virtual community as a reference group. We anticipated that, in the
computer-mediated context of virtual communities where one does not
easily notice whether members conform to group standards and customs
in real life, susceptibility to informational interpersonal inﬂuence would
be more relevant to explain community inﬂuence than susceptibility to
normative interpersonal inﬂuence. This expectation, however, is not
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conﬁrmed. Members who are receptive to information from others and
accept this as evidence about reality beneﬁt from their community
membership in terms of culinary facts and ﬁgures, i.e., their recipe
knowledge increases. But this relationship is not as strong as the
relationship between susceptibility to values and norms of others and
community inﬂuence. It is this disposition to identify oneself with others
that increases the likelihood of community inﬂuence on all phases of the
cooking decision process. Thus, even without mechanisms to control
behavior and punish deviations, the community exerts such inﬂuence that
members who are sensitive to group norms, see it as an example of what
they should know and how they should behave with respect to cooking.
Finally, we address the role of opinion leadership and expertise in
the context of virtual communities and their inﬂuence on consumer
decision-making. Respondents who consider themselves culinary
opinion leaders report that their community membership has not
inﬂuenced their cooking frequency. Likewise, their community
membership has not increased their satisfaction with their cooking
results. Possibly, they are such cooking enthusiasts that they already
prepare most meals and they do this to their full satisfaction. When
opinion leaders have become true, overall experts, their need for
information exchange with other consumers eventually decreases
[62]. Therefore, we could expect that culinary expertise is even
negatively related to community inﬂuence on decision-making,
however, we do not ﬁnd such a strong effect.
3.4. Implications
Looking at our ﬁndings regarding community inﬂuence on the
cooking decision process, we conclude that virtual interpersonal
inﬂuence does not profoundly differ from interpersonal inﬂuence in
traditional face-to-face settings. In both cases, an important determinant
of interpersonal inﬂuence is the social tie to the reference group. The
more someone is socially involved in the virtual community, the more
likely it is that community inﬂuence occurs. Likewise, we ﬁnd that the
frequency of visits to the community increases the likelihood that virtual
interpersonal inﬂuence is experienced. This reﬂects the functioning of
traditional reference groups, for which it is shown that the regularity
with which people ﬁnd themselves in the sphere of inﬂuence of the
group enhances its impact on their knowledge, attitudes, and behavior.
But, whereas participation in reference groups such as a personal circle
of family and friends, or a professional, religious, or neighborhood
community cannot easily be avoided, participation in the virtual
community is chosen by one's own volition.
Virtual communities join together (highly) topically involved
individuals, many of whom have considerable expertise on the
community's topic of interest. Compared with traditional reference
groups, virtual communities, thus, represent an enormous specialized
knowledge reservoir that one may use according to one's inclination.
People actively seek advice and information from the community
whenever they want. Traditional reference group inﬂuence, on the other
hand, may be exerted beyond one's will. The fact that respondents who
are susceptible to normative interpersonal inﬂuence report the highest
degree of community inﬂuence indicates that the virtual community as
a reference group is valued and taken into account, even though its
inﬂuence could be easily discarded. It is clear that (some) members turn
to the community as a norm-setting source of information. We may even
argue that its norm-setting inﬂuence is presumably larger than that of
traditional reference groups, because the community contains extended
and expert information that is sought after on purpose and out of free
will. The fact that it is especially the younger and less-educated
members who are inﬂuenced in their consumer behavior by the
community, furthermore, pinpoints the importance of virtual reference
groups for particular consumer segments.
Besides social involvement, frequency of visits, and susceptibility to
normative interpersonal inﬂuence, several other factors are important as
determinants of community inﬂuence on the cooking decision process. In

general, culinary opinion leaders are less likely to experience community
inﬂuence, whereas culinary opinion seekers report profound levels of
community inﬂuence. Also, the extent to which members retrieve
information from the community is in general positively related to
community inﬂuence. Although these ﬁndings are not really surprising,
they do underscore that virtual communities are actively used, valued, and
taken into account as information sources for consumer decision-making.
What do marketers have to keep in mind when turning to virtual
communities as marketing tools? We already mentioned the importance of social involvement and frequency of visits as factors that are
strongly related to community inﬂuence. Thus, community managers
should invest in functionalities that facilitate member contact, they
should safeguard a social atmosphere, and they should organize the
community in such a way that regular visits are attractive and beneﬁcial.
These directions are not new [13,35,48,63], but to date no research has
actually shown the relationship between social involvement and regular
visits on the one hand and community inﬂuence on consumer behavior
on the other. Our research also brings to light that factors that are
generally considered important for developing and maintaining a
thriving community, i.e., increasing membership length, duration of
visits, active supply of information, and participation in discussion
forums, have no relationship with community inﬂuence on consumer
decision-making. This is not to say that community managers should
disregard these factors, because that could indeed jeopardize the
sustainability of the community as an online meeting platform.
However, when marketers want to use the community for marketing
purposes they should focus on other factors instead.
This section has taken a top-down perspective on the issue of
interpersonal inﬂuence within virtual communities of consumption
by making use of existing theories about interpersonal inﬂuence in the
traditional setting and examining their relevance in a virtual context.
As a result, our study has investigated a wide range of factors that
could explain community inﬂuence on consumer decision-making.
Despite the many factors considered, the explanatory power of all our
models is not very high. This means that many other factors are
related to community inﬂuence on decision-making. Further research
is needed to arrive at a more complete picture of the aspects that
explain community inﬂuence on various consumer decisions. Further
research should also overcome the most noteworthy limitation of this
study, namely the use of self-reports about community inﬂuence on
decision-making instead of actual behavioral data.
We now turn our focus from determinants and effects of virtual
community inﬂuence to the underlying process of virtual community
participation. Instead of the theoretical, top-down approach taken in
this section, in the next section, we follow a data-driven, bottom-up
approach. We investigate the various patterns of participation that can
be discerned between community members to better understand how
they take part in the ongoing process of information exchange. By doing
so, we build on this section's ﬁndings about community participation
and its effect on the consumer decision process in general and connect it
to insights in community member types, their participatory role in the
community, and the inﬂuence they have on other members.
4. Patterns of participation: a classiﬁcation of
community members
It is generally asserted that consumers vary in the way they make use
of virtual communities. A simple way to classify community participation behavior is to distinguish between members who contribute
content, and members who read the posts of others without making a
contribution themselves. This dichotomy between posters and lurkers
has been widely adopted by managers and academics, because of its
straightforward and broad applicability across various online environments [35,49,73,75,82]. The merit of a distinction based on contribution
behavior lies in its easy implementation based on log ﬁle data of
member behavior. Besides, the distinction has proven useful in
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predicting differences between community members in, among other
things, online buying behavior [13], and perceived membership and
community inﬂuence on behavior [68].
However, the poster–lurker dichotomy also has a major shortcoming.
It may be too simple. Conventional wisdom suggests that posters make
up roughly 20% of any virtual community, while as much as 80% of the
members only lurk [51]. Community sizes vary greatly, but may amount
to hundreds of thousands of users [67]. How can one develop a
marketing strategy that effectively appeals to such large segments? Just
taking into account who posts and who does not, does not tell the whole
story of community participation. The question is: can we ﬁnd other
differences in members' participation behavior that bear signiﬁcant
meaning for marketers? The answer is yes. Various researchers have
started to investigate what these differences constitute.
In Section 2, we have already discussed research by Bagozzi and
Dholakia [5] and Dholakia et al. [22] in which virtual community
participation is conceptualized as intentional social action. They show
that the amount of community participation (deﬁned as the product
of the frequency and duration of community visits) is driven by socalled we-intentions, i.e., intentions to participate together as a group.
Community members are likely to increase their participation if they
identify with the group and internalize its norms.
The process of identifying with the community and internalizing its
norms takes time [93,94]. Therefore, differences in community
participation have also been conceptualized as stemming from
progressive stages of member involvement. In this respect, both Kim
[48] and Alon et al. [3] put forward the concept of a membership life
cycle. Kim describes ﬁve archetypical member roles based on increasing
levels of participation, responsibilities, and power in the community, i.e.,
(1) visitors, (2) novices, (3) regulars, (4) leaders, and (5) elders. Alon et
al. show that in the ﬁrst phases of the membership life cycle, members
engage in informational and instrumental activities to learn about the
community's topic of interest. These activities allow them to get
acquainted with the community environment, its members, and its
rules, so that, in later stages, they may become more involved in
symbolic exchanges that are aimed at the creation of intimacy and
relational cohesiveness. Relationship life cycle models describe this
process in terms of establishment and commitment to the relationship
[25,40]. At one point in time, relationships may loosen again, and
eventually cease to exist. According to Kim, elders still actively
participate, but they have already given up some responsibilities and
power. Alon et al. [3] have demonstrated that in this separation phase
members focus on individual needs. Their membership becomes once
more information and instrumental oriented.
Also Kozinets [51] acknowledges that community members differ in
their orientation of participation. However, instead of adopting a
dynamic perspective, Kozinets distinguishes among community members based on their topical and social involvement in the community at a
given point in time. He discerns four member types: (1) tourists have a
vague or passing interest in the community's topic of interest, and lack
strong social ties with other members, (2) minglers maintain strong
social ties, but are only superﬁcially interested in the central topic,
(3) devotees are opposite to this: they maintain a strong interest in and
enthusiasm for the community's central topic, but have few social
attachments to the group, and (4) insiders have a strong interest in the
community's topic, as well as strong social ties with other members.
Because tourists and devotees are not interested in maintaining social
relations with other members, their participation behavior will be
predominantly aimed at factual information exchange. In contrast,
minglers and insiders tend to be much more social and relational in their
participation behavior.
Kim's member typology is not based on empirical research. Just like
the lurker–poster dichotomy, it is meant to have direct appeal to
practitioners by offering a simple representation of community dynamics.
Alon's et al. and Kozinets' distinctions between member types and their
roles in the community arise from ethnographic investigations. However,
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they are not developed beyond a conceptual level. We set out to develop a
virtual community member typology based on empirical research that
builds on the insights of the existing typologies in participation behavior,
thereby focusing on behavioral dimensions alone.
4.1. Conceptual framework
Our classiﬁcation variables include visit frequency and visit duration.
They not only indicate the total level of participation, but also how it is
shaped (e.g., frequent, short visits versus infrequent, long visits). We have
included these variables in our typology to account for the differing levels
and varying shapes of engagement in the community in line with Kim's
and Alon's et al. conceptualization of increasing levels community
involvement. However, different from these authors, we do not focus on
the dynamic development of community membership, but examine
differences in the level and the shape of participation between members.
Furthermore, our classiﬁcation variables include three activities that are
related to the exchange of information in a public arena that are most
relevant from a marketing perspective, i.e., retrieving information from and
supplying information to the community's database of reviews, articles,
and other factual documents, and discussing information in the community's forums and chat room. The relative extent to which a member is
involved in each of these activities gives a more relevant insight in
participation behavior than merely establishing if a member contributes
content or not. Besides, by distinguishing contributions in the form of
factual documents from interactive encounters, we capture Kozinets'
conceptualization of functional and social interaction orientations.
4.2. Methodology
Data for this study were collected by means of the survey (N=1007)
discussed in Section 3. The typology based on the ﬁve classiﬁcation
variables is developed with the use of a two-step cluster analysis. We
performed a hierarchical cluster analysis as an exploratory step to identify
a candidate number of clusters to be used in a non-hierarchical clustering
procedure. Given the size of the sample, hierarchical clustering of the
entire data set was not practical, because of data storage limitations. Thus,
we have drawn a series of ten randomly selected sub-samples (each 20%
of the entire sample) that we have analyzed separately [15,56]. In this
initial hierarchical cluster analysis, we applied the Ward minimum
variance method of clustering, using the squared Euclidean distance
measure. Because this criterion is scale dependent, we ﬁrst standardized
the variables to z-scores [97].
Based on the results of the hierarchical analyses, we decided to
execute a non-hierarchical clustering procedure for a three-, four-, ﬁve-,
and six-cluster solution. To determine the cluster seeds, we performed a
non-hierarchical, k-means cluster analysis with a 50% sub-sample of the
original sample, taken at random. In the k-means clustering procedure,
distances are computed using the simple Euclidean distance measure.
Using the initial seed points determined by this training sample as input,
we performed a second non-hierarchical, k-means cluster analysis based
on the entire sample. We repeated this procedure three times for each
cluster solution using different ordering of the cases, because in nonhierarchical clustering the solution may depend on the case order in the
dataset [55]. After determining the stability and internal validity of the
four different cluster solutions, we found that a classiﬁcation of six
distinct member types ﬁts our data best. Another validity check
suggested by Milligan [61] to assess relative validity of the six cluster
solution yielded satisfactory results.
4.3. Six member types
The result of the cluster analysis is a classiﬁcation of the respondents
into six clusters. Between the clusters there is a maximal difference and
within the clusters there is a maximal homogeneity in terms of
participation patterns. To facilitate the interpretation of the member
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Table 3
Member type proﬁlesa.

Frequency of visitsb
Duration of visitsc
Retrieve informationd
Supply informationd
Discuss informationd
a
b
c
d

6%

10%

14%

17%

28%

25%

N = 1007

Core members

Conversationalists

Informationalists

Hobbyists

Functionalists

Opportunists

Sample mean

ANOVA
F-statistic (p-value)

6.3
4.5
3.6
3.5
3.0

4.7
2.2
3.2
2.7
2.5

4.5
2.7
3.6
2.7
1.2

5.3
3.4
2.5
1.9
1.2

2.9
2.3
3.0
1.4
1.1

2.5
1.9
2.0
1.3
1.1

3.8
2.6
2.8
1.9
1.4

241.9 (0.00)
143.2 (0.00)
293.4 (0.00)
313.4 (0.00)
713.9 (0.00)

The table contains unstandardized mean values and ANOVA results. F-values in bold are signiﬁcant (p ≤ 0.05).
Values range from 1–7 (1 = less often; 2 = 2-3 × p/month; 3 = 1 × p/week; 4 = 2-3 × p/week; 5 = 4–5 × p/week; 6 = 5–6 x p/week; 7 = several times p/day).
Values range from 1–6 (1 = b15 min; 2 = 15b 30 min; 3 = 30 b 60 min; 4 = 60b 90 min; 5 = 90b120 min; 6 = ≥120 min).
Values range from 1–5 (1 = I never do it; 5 = I do it very often).

types, we report in Table 3 the unstandardized mean values of the ﬁve
clustering variables for each member type. The ANOVA results indicate
that all ﬁve variables are signiﬁcantly different between the member
types. Table 3 also reports the number and percentage of respondents in
each cluster. Cluster sizes vary from 59 respondents to 281 respondents.
4.3.1. Core members (1)
The respondents in the ﬁrst cluster, the smallest of the clusters,
represent the hard core of most active participants within the
community. They score far above the mean on all variables. Compared
with the other clusters, they are the community's most frequent visitors
and their visits are also the most extended, i.e., they visit the community
daily for about one and a half hour. They make extensive use of the
community's knowledge reservoir by retrieving information. At the
same time, they are frequent suppliers to this knowledge reservoir by
submitting recipes, articles, and reviews. Furthermore, they participate
actively in forum discussions and chat sessions. We label them,
therefore, the community's core members. In total, six percent of all
respondents in our sample belong to this group of community leaders.
4.3.2. Conversationalists (2)
The respondents in the second cluster make frequent, but short visits
during which they participate to a relative high degree in supplying and
discussing information. They visit the community three to four times a
week for approximately half an hour. The respondents in this cluster
retrieve and supply information, but not to such a high extent as the core
members. It is especially their relative high level of engagement in forum
discussions and chat sessions that characterizes their participation
pattern. Therefore, we label them the community's conversationalists.
About 10 percent of the respondents make up this second cluster.
4.3.3. Informationalists (3)
The respondents in the third cluster score relatively high on both
retrieving information from and supplying information to the community, whereas they score low on discussing information. This group's
visit frequency and duration is comparable to that of the conversationalists. However, they tend to visit the community somewhat less
frequent, but they spend more time per visit. Together with the core
members, they are the community's most extensive retrievers of
information. They show reciprocity in their behavior by also supplying
information to the community, although they do this to a lesser extent
compared with the core members. This group's participation in the
community's forums and chat rooms is low, which forms a sharp
contrast to the core members and conversationalists, who are highly
engaged in discussing information within the community. We label the
respondents in this cluster the informationalists, because of their focus
on retrieving and supplying information. The group takes up about 14%
of the respondents in our sample.
4.3.4. Hobbyists (4)
This cluster stands out, because its members visit the community
frequently for an extended time, but they score relatively low with

respect to the amount of information retrieved and supplied, and the
extent to which they participate in forum discussions and chat
sessions. After the core members, they are the community's most
frequent visitors with long duration visits, i.e., they visit the
community almost daily for about one hour. As said, their online
activities are not primarily focused on the retrieval, supply, or
discussion of information. Instead, they are engaged in updating and
maintaining their personal page within the community and in writing
guest book messages; activities that usually involve playing around
with techniques such as uploading music, pictures, illustrations, and
cartoons.1 Therefore, we label this group the hobbyists. This group is
about the same size as the group of informationalists, representing
17% of the respondents.
4.3.5. Functionalists (5)
The largest group in our sample is formed by the respondents in
the ﬁfth cluster. They score on four out of ﬁve variables below the
sample mean. Only for the extent to which they retrieve information
from the community, their score is higher than average. The
respondents in this cluster visit the community approximately once
a week for about 15 min. Because of their profound interest in
retrieving information, we label this cluster the functionalists. About
28% of the respondents belong to this group.
4.3.6. Opportunists (6)
The respondents in the sixth cluster form the second-largest
group. They score far below the mean on all ﬁve clustering variables.
They are the community's least frequent visitors and their visits
usually do not last long, i.e., they visit the community on average less
than once a week for no more than 15 min. While they are online, they
are mainly engaged in retrieving information in the form of recipes,
not articles or reviews. They hardly supply any information, nor do
they join forum discussions and chat sessions. This group represents
the community's least active and least regular participants; therefore,
we label them the opportunists. This ﬁnal group contains about 25% of
the respondents. The respondents in Cluster 6 score low on all
variables. Thus, they mainly differ from the respondents in Cluster 5 in
that these are much more eager retrievers of information. Although,
the visit frequency and visit duration of both groups fall below the
average, Cluster 5 has a smaller negative deviation.
Table 4 summarizes the participation patterns of the six member
types. Besides, it gives some background information based on the
proﬁling of the clusters on additional variables related to membership
characteristics and general consumer characteristics (see Section 3).
Data for these variables were collected in the same survey.
1
This conclusion is drawn after examination of the scores on various items
representing online activities undertaken within the community. Besides retrieving,
supplying, and discussing information, we have asked respondents about the extent to
which they participate in, among others, writing guestbook messages and updating
and maintaining their personal webpage. The respondents in Cluster 4 are relatively
more engaged in these last activities than in the retrieval, supply, and discussion of
information.
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Table 4
Virtual community member types: participation patterns and background variables.
Core Members (6%)
Visits 5–6 times a week for about 1 h.
Visits daily for about one and
a half hours.
Focus: retrieve, supply, and
discuss information.
Highly socially involved
Longtime members
Culinary opinion leaders
Culinary experts in ofﬂine and
online context
Heavy internet users
Large percentage of seniors (40+)
Education level lowest of all clusters

Hobbyists (17%)
Focus: personal web page and
guest books
Socially involved
Substantial percentage of seniors (40+)
Education level is relatively low.

Conversationalists (10%)
Visits 3-4 times a week for about
half an hour.
Focus: discuss information
Socially involved
Mature members
Most susceptible to normative inﬂuence
Culinary experts relative to family & friends

Functionalists (28%)
Visits once a week for about
half an hour.
Focus: retrieve information
(recipes, articles, reviews)
Not socially involved
Education level highest of all clusters

Informationalists (14%)
Visits 3-4 times a week for about half an hour.
Focus: retrieve and supply information.
Socially involved
Mature members
Culinary experts relative
to other members

Opportunists (25%)
Visits less than once a week for
about 15 min.
Focus: retrieve information (recipes).
Not socially involved
No culinary opinion leaders
and seekers.
No culinary experts relative
to other members.

The lurker–poster dichotomy could be compared to the most extreme
clusters of our classiﬁcation, the opportunists versus the core members.
The opportunists only consume information for personal gain without
showing any reciprocity in their behavior. This translates to the lurker,
whose label has a negative connotation. In contrast, the core members
invest a large portion of their energy and time in various aspects of
community life, such as giving and taking information, as well as bonding
with other members. They are the ultimate posters. However, we ﬁnd
that in between these two opposites a range of other member roles may
be discerned.
What can we learn from our classiﬁcation of six member types
compared to the existing typologies? Let us consider Fig. 2, which
contains three illustrations of a virtual community's member
constellation. Illustration A consists of an inner circle and an outer
circle. This is the classic depiction of the lurker–poster dichotomy.
Posters can be found in the core, whereas lurkers are found in the
periphery. Thus, in terms of our typology, we ﬁnd the functionalists
and the opportunists in the outer circle, because these member types
hardly supply the community with information. We ﬁnd the other
member types in the inner circle, since they are the ones who make all
sorts of contributions. This depiction blurs all the differences between
the member types apart from whether they are contributors or not.
In contrast, illustration B allows the representation of (some of)
these insights. Contributing content to the community does not make
members automatically part of the community's core. It is only when
members are truly immersed in the community that they belong to
the core member group. The conversationalists, informationalists, and
hobbyists circle around the core members. All these member types are
socially involved in the community. The conversationalists and
informationalists are put a bit closer to the core than the hobbyists,
because they have been community members for a longer time and
they are also to a larger extent involved in retrieving and supplying
information. The functionalists and the opportunists are put in the
community's periphery. These member types are not socially
involved, they hardly make any contributions, and (together with

195

the hobbyists) they are relatively novice members. The opportunists,
who merely come to retrieve recipes, are put further from the
community's core than the functionalists, who have a genuine interest
in increasing their culinary expertise. The circling line within
illustration B depicts the dynamic nature of community membership
that is characterized by shifts in focus and an evolving pattern of
participation; the position of the member types roughly represents in
which order members move from one role to the other. In contrast, the
lurker–poster dichotomy results in a static representation of community membership consisting of two closed circles: insight in how
community membership evolves in terms of focus of participation,
frequency and duration of visits, social involvement, and length of
membership is lost.
To push things even further, our member type constellation allows
us to specify three characteristic orientations of member involvement
in the community (see illustration C). We distinguish between a
factual, interactional, and recreational orientation that are respectively depicted by a discontinuous line, a continuous line and a dotted
line. The core members are found in the overlap between all three
lines, combining a factual, interactional, and recreational orientation.
The opportunists, functionalists, and informationalists share a
preference for factual information in the form of recipes, reviews,
and articles. Conversationalists stand out for their participation in the
community's forums and chat rooms, thus their orientation can be
labelled interactional. The hobbyists are characterized by their
recreational orientation aimed at playing around with technical
functionalities.
Comparing our empirical-based typology to the conceptual virtual
community member typologies of Kozinets [51], Kim [48], and Alon et al.
[3] yields some interesting insights. Kozinets discerns members on the
basis of the dimensions social and topical involvement, which can be
either high or low. We ﬁnd considerable variance with regard to social
involvement, ranging from a mean value of 1.5 for the opportunists to a
mean value of 4.0 for the core members (measured on a scale from 1–5).
However, they all report high topical involvement. Only the opportunists
score signiﬁcantly lower than the other member types, but their topical
involvement still reaches a mean value of 3.8 (1–5 scale). This ﬁnding
calls into question whether it is useful to discern community members
on the basis of their topical involvement. If people are not interested in
the community's topic of interest, they have no reason to join the
community. Since the study reported in Section 3 already made clear
that topical involvement is not related to community inﬂuence on
consumer decision-making, in contrast to social involvement that
turned out to be an important explanatory variable, we may conclude
that the relative difference in topical involvement among community
members is too marginal to be meaningful.
Kim and Alon et al. base their membership life cycle on membership length connected with increasing levels of involvement in the
community. The member types of our typology that have more
recently joined the community are the opportunists, functionalists,
and the hobbyists. The conversationalists and informationalists
represent the segment of mature members, whereas the core
members are longtime members. Our member type proﬁles make
clear that we can specify their generic label of ‘involvement’ to the
amount of participation, the amount of reciprocal behavior in terms of
contributions to the community's content, as well as the level of social
involvement. Moreover, it shows that, for example, the ‘regulars’, i.e.,
the informationalists and the conversationalists, share a similar level
of involvement in the community, but that the orientation of
involvement differs signiﬁcantly. Thus, it adds nuance to the existing
conceptualization of the membership life cycle.
4.4. Implications
Virtual communities can be used in a myriad of ways by a myriad
number of consumers. Tracking how these consumers make use of the
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Fig. 2. Picturing the Constellation of Member Types.

community and understanding what the drivers and effects of their
participation is key to the cultivation of the community as a marketing
tool. Merely knowing who contributes, and who does not, is not enough
to locate interesting target member segments. Our member typology,
based on ﬁve behavioral dimensions that capture member participation
behavior, has demonstrated that we can systematically and meaningfully distinguish between more member types than the two
suggested by the lurker–poster dichotomy. It allows marketers to
distinguish the community's true inﬂuentials from other contributors to
the community's content, and it sets the lurkers that are really interested
in increasing their knowledge about the community's topic of interest
apart from those lurkers that pass by without a real motivation to do so.
Insight in these differences is helpful in making strategic decisions
about whom to target and how to do that. The core members are the
community's ultimate experts. Presumably, they are mostly inﬂuenced
by other core members in their decision-making, because it is only these
members that match their culinary expertise. To reach the core
members, marketers have to catch their attention with new products
or product improvements that offer added value to their existing level of
expertise and experience. Marketers should aim at them directly.
Information and practices that reach them through the other members
might be discarded as unworthy for true experts and opinion leaders.
When the core member group is enthusiastic about a product, service, or
company they are likely to spread the word, thus marketing efforts
directed as this small group can have a much larger impact.
The conversationalists, informationalists, and the hobbyists are
culinary enthusiasts, but they have not yet reached the level of
expertise as the core members. Thus, they are likely to be susceptible
to information about and promotions for less-advanced culinary
products and experiences. Conversationalists focus on interaction
with other members in the forums. They are likely to take an interest
when people talk about a product, service, or company and they can
join the conversation. Therefore, to reach them, marketers could
create a buzz or start a viral marketing campaign in the community's
forums. Informationalists, on the other hand, concentrate on factual
information retrieval and supply. Thus, they could be fed with
background information about a product, service, or company in the
form of articles. The attention of the hobbyists, who participate in the
community for recreational entertainment related to the exploration
of technical functionalities, may be attracted by an online contest or
poll. This will appeal to their aim for relaxation and recreation, while
at the same time informing them about a product, service, or
company. This last group is less involved in supplying the community
with recipes, reviews, and articles, as well as participating in the
discussion forums, thus the potential inﬂuencing power of this group

within the community is smaller than that of the conversationalists
and informationalists.
Although they do not contribute content to the community, the
functionalists and the opportunists are important member types
forming 50% of the respondent sample. The functionalists and
opportunists have no inﬂuencing power in the community, because
they hardly make any contributions. However, their impact outside
the community could be considerable. They are the audience that
takes in information that is being communicated within the community. In terms of Granovetter's [34] theory on ‘the strength of weak
ties’, these two member groups serve as bridges over which
information ﬂows from one clique to the other, i.e., from the
community of culinary experts and enthusiasts to the broader
community of ordinary, everyday cooks and consumers. Functionalists
are a more interesting target group for marketers than the
opportunists, since they are truly interested in expanding their
culinary knowledge. Consequently, the group of functionalists is
probably more susceptible to marketer-generated and commercial
information than the opportunists. Because of their focus on factual
information retrieval, their attention could be attracted by background information. Their short, half-hour-visits to the community
call for information that is offered in a compact, concise manner.
Although this study offers directions to marketers wanting to
exploit virtual communities on the basis of the participation patterns
of their members, there are some important limitations that should be
taken into account. Our classiﬁcation of community members is based
on the results of self-reports retrieved by a survey in a speciﬁc
community. Because not all community members participated in the
survey, we might have over- or underestimated the relative sizes of
the clusters. Moreover, in other communities not all member types
might be found. Communities that are organized around serious
subjects concerning, for example, health issues, are less likely to
contain members who focus on recreational activities such as playing
around with technical functionalities. The percentage of highly
socially involved members might also be much larger compared to
the community under study, since these types of communities tend to
create strong emotional bonds between the members [54]. It is also
not inconceivable that more, or other, classes of members can be
found in other types of virtual communities. Thus, rather than
suggesting that marketers take our typology normatively, we advice
them to be aware of members' differential usage of the community,
which can be unobtrusively tracked by means of log ﬁle data, and to
use this information to their advantage.
The self-reports that we used in this study are less accurate than
data about actual online behavior. The advantage of our method is that
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it enabled us to relate the member types to other membership
characteristics and general consumer characteristics. An obvious
avenue for further research would be to arrive at a classiﬁcation
based on records of actual online behavior, and compare results with
our classiﬁcation based on survey data.
Furthermore, future research could make a more reﬁned distinction between the activities undertaken while members visit the
community. The hobbyists stand out, because they are not so much
involved in retrieving, supplying, and discussing information, but
because they engage (also) in other types of activities. Systematic
insight in more encompassing participation patterns, including
activities such as maintaining a personal web page, enables marketers
and community managers to develop more speciﬁc and targeted
strategies that meet the needs of the varied member database.
Now that we have gained insight in the various member types that
can be discerned within the community, we turn our focus to the most
dedicated, and in a sense the most valuable, member group, i.e., the
core members. Because of their extensive participation, this group of
members plays an important role in deﬁning the community's
character and content. Because of their central stage in the community, their involvement in sharing information, and their culinary
opinion leadership, core members determine to a large extent the
valence of the community as a reference group. To truly understand
the process of interpersonal inﬂuence within online communities, it is
necessary to examine what the core members communicate to the
community and how they communicate it. Therefore, in the next
section, we take up the method of netnography to study ongoing
member discussions within the community's forums. We investigate
what topics are addressed, how they are addressed, and in what ways
the discussants inﬂuence each other. Because forum contributions
mainly come from core members and conversationalists, it allows us
to peek into the community's central character and content and learn
about the norms, values, perceptions, and attitudes that underlie
consumer decision-making about the community's topics of interest.
5. A netnographic analysis of online discussion practices
The previous two sections have provided us with insight into the
way consumers value and use virtual communities as a medium to
share information with other consumers. However, what still lacks is a
deeper understanding of that what is actually being shared in these
communities. What do consumers talk about online? And how do they
try to inﬂuence each other in a virtual environment? Information can
be exchanged in various ways. In the community under study,
members contribute recipes, reviews, articles, tips, and they engage
in forum discussions and chat sessions. This section focuses on online
forum discussions, because their unique and expressive content
allows us to peek unobtrusively into actual word-of-mouth communication and ongoing interpersonal inﬂuence in its naturalistic and
real-time setting.
5.1. The method of netnography
It is increasingly recognized, among researchers and marketing
practitioners alike, that online communities organized around marketrelated topics form apt research sites [16,30,43,50,51,53,57,64,65,89,95].
After all, these communities contain detailed descriptions about the way
consumers behave and their motivations to do so. Monitoring online
communities has several advantages over the traditional qualitative
methods that are used to study the drivers of consumer behavior, such as
focus groups, personal interviews, and market-oriented ethnographies.
First, member interactions can be observed in a context that is neither
created nor directed by the researcher; we may peek into naturally
occurring information exchange and inﬂuencing strategies among the
community members, and listen in on how they talk about food and
other culinary matters. Second, the community can be observed without
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any invasion of privacy or interference with its activity. Focus groups,
personal interviews, and traditional ethnographies cannot be conducted
unobtrusively. Finally, online communities can be examined from
behind the researcher's desk. They are accessible 24/7. Thus, in contrast
to traditional ethnographies of consumer communities, online community research is less time consuming, less costly, and timelier, because of
continuous access to informants [53].
Various researchers have addressed the speciﬁc techniques needed to
perform Internet-based consumer research [16,44,50,83,89]. In 2002,
Kozinets has formally introduced the method of netnography for
marketing research in the Journal of Marketing Research. Netnography
can be deﬁned as a written account resulting from ﬁeldwork studying the
culture and communities that emerge from online, computer-mediated,
or Internet-based communications. Both the ﬁeldwork and the textual
account are informed by the qualitative methods utilized in consumer
research, cultural anthropology, and cultural studies. Kozinets' article
provides researchers with a rigorous methodology that is adapted to the
unique characteristics of online communities [53, p. 62]. We have based
our netnography on the guidelines described by Kozinets. Successively,
we address (1) research objective, (2) entrée and data collection, (3)
analysis and interpretation, and (4) research ethics.
We have applied the method of netnography to investigate
interaction dynamics between the core members of the culinary
community under study. The main goal of our study is to analyze how
these members communicate with and inﬂuence each other in forum
discussions. The second goal is to gain insight in their discourse with
respect to the community's focal consumption activity. Our results are
not only interesting for managers, policy makers, and other decision
makers in the culinary sector, but as an illustration of discussion
practices and word-of-mouth processes within virtual communities of
consumption our study bears relevance for community managers,
marketers, and researchers in general.
To get to know the community and its members under study, the ﬁrst
author followed forum discussions, monitored contributions, read
articles, and visited member pages as part of ongoing research. She
also participated in an ofﬂine community gathering, and performed indepth interviews with several participants and the community's
administrators. After building a knowledge base for three years, she
intensiﬁed her monitoring of the forums by systematically reviewing all
topics discussed in the forums during a twelve-month period. Based on
this systematic review we shortlisted 94 interesting discussion threads.
As the investigation narrowed onto the discourse surrounding cooking
and eating, 53 relevant discussion threads were downloaded in their
entirety. These threads were purposefully chosen for their rich content,
descriptiveness, relevant topic matter, and conversational participation
by a range of different community members. The total research volume
consists of 3163 postings that are generated by 82 distinct contributors.
Forty-one percent of these contributors ﬁlled in the online survey (see
Sections 3 and 4), allowing us to examine to which member type they
belong. Almost all (96%) belong to the two most central groups of
members of the community (see Fig. 2): 54% are core members, 42% are
conversationalists, whereas the remaining 4% are informationalists,
hobbyists, and functionalists. Conversationalists are clearly less represented considering their higher base rate (10% versus 6% for the core
members), thus, we may conclude that our selection of discussion
threads indeed captures the discourse of the group of most dedicated
and involved members.
Our conclusions are based on an iterative content analysis. We
amassed, coded, compared, and collapsed postings to form themes and
categories [31]. To advance the interpretation of the data, we compiled
an e-proﬁle of the 82 contributors to the discussion threads selected for
analysis by reviewing their personal web pages within the community.
All personal web pages contain a record of the member's contributions
(recipes, reviews, articles) to the community. Furthermore, all members
have a guest book attached to their personal web pages via which they
may write messages to one another. Finally, the personal web pages
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afford the community members the opportunity to represent and
express their self-concepts. Pages may contain personal information,
like age, place of residence, profession, marital status, and hobbies. The
e-proﬁles have helped us to better understand the ongoing discussions
and individual postings in light of the contributors' more or less
cultivated identities, their culinary expertise, and their mutual relationships. The e-proﬁles also enabled us to determine the boundaries of the
group that we have studied.
The netnography is based on archived discussion threads. These
are stored on the community's site and publicly accessible. The
community's policy states that all content may be downloaded, stored,
printed, and distributed for non-commercial purposes. Besides, it is
speciﬁcally mentioned that all contributions may be used unrestrictedly and indeﬁnitely by the administrators who gave us permission for our study and cooperated where possible. According to the
ethics propagated by the Association of Internet Researchers, these
circumstances lessen the obligation to protect individual's privacy,
conﬁdentiality, and right to informed consent [26,86]. Nevertheless,
we have followed Kozinets' conservative guideline about ensuring
conﬁdentiality by indicating all quoted forum participants with a
pseudonym. Since our observation of postings did not take place
simultaneously with the production, forum participants could only be
informed about the research in hindsight. This has been done by
means of an announcement in the three forums from which postings
have been selected for analysis. The ﬁrst author's personal web page
within the community presented background information about the
research goal, method, and ethics. Furthermore, the evolving
netnography has been posted in its entirety to the virtual community
to elicit member feedback. In total, sixteen members (active
discussants and lurkers) reacted. All reactions were positive and
afﬁrmed the analysis and interpretation.
5.2. Key ﬁndings
The netnographic research method described above has revealed
four main frames of discussion, which classify the communicative acts
that the discussants engage in according to their overall goal:
(1) sharing knowledge, (2) negotiating norms, (3) opposing values,
and (4) celebrating similarities. Note that these four categories of
discussion frames are not mutually exclusive. Single postings, chunks
of postings, and entire discussion threads may be part of several
discussion frames at the same time. For example, discussants may
share knowledge about the best way to prepare fresh pizza, while they
simultaneously negotiate norms about how healthy it is to eat pizza.
Also note that the frames of discussion are categories that are
attributed to the entire set of selected postings by the researchers.
Although member checks revealed that the forum participants found
the classiﬁcation insightful, they do not necessarily deﬁne their
postings in terms of the four types of discussion frames at the time
they make a contribution to a discussion thread. Nevertheless,
distinguishing these four frames of discussion enables us to systematically present what is communicated and how it is communicated,
and to better understand the functioning of the focal community as a
site of interpersonal inﬂuence between consumers.
5.2.1. Sharing knowledge
The selected forum discussions contain a lot of information about food
products, food preparation, kitchen utensils, and speciﬁc recipes.
Participants pose and answer culinary questions, and they give each
other explanations and background information. In short, they share
knowledge. From the existing marketing literature we know that people
engage in knowledge-sharing communication for reasons of benevolence,
i.e., they truly want to help others [29]. However, knowledge is also shared
to experience feelings of prestige [23]. In the discussion threads that are
studied examples of both sides can often be found simultaneously. The
forum participants exchange information, but at the same time they show

what they know, by articulating conceptions of culinary expertise. They
constantly challenge and put each other's culinary expertise to the test.
Consider, for example, the following discussion about preparing mashed
potatoes in which participants try to outdo each other with respect to the
tools and appliances that they use.
The discussion starts with a recommendation by Brenda: “I use a
passé vite, some sort of large garlic press to make mashed potatoes.
Never messing around with the masher anymore! I can really
recommend it.” Brenda is backed-up by Julia: “It is indeed my best
purchase of the last months.” Alice makes clear that she is up to date,
but still prefers the conventional preparation method: “I also have
such a passé vite, but I don't have enough strength, so I still use the
pestle more often. Or my husband has to help out.” Betty does not see
any reason to switch to another tool: “For mashed potatoes I just use a
masher, as long as you add enough milk the result is practically
without chunks.” Mary rejects the passé vite as a recently new product
innovation: “I remember this passé vite from my childhood. My
mother used to have one with two separate blades, one for a ﬁne and
one for a coarse result. I thought it was a heavy and nasty job, but we
used it very much. In my household I used a pestle, but now I use the
hand mixer adding milk and butter.” (Mary).
The expertise contest continues when Brenda challenges Mary:
“Don't you get a result that is too smooth if you use a mixer? It is
especially the pressing through the small holes that causes such a ﬂuffy
result. I also have a pestle, but I only use it when I mix the mashed
potatoes with vegetables, because the result is not very ﬁne and ﬂuffy.”
But Mary refutes: “No one has ever complained about my mashed
potatoes. I don't understand what you mean with too smooth. In the ﬁrst
place, I always use the kneading hooks instead of the whipping hooks,
and, secondly, I use cream or sour cream, which gives a sturdier result
than milk.” (Mary). Brenda concludes: “I thought you meant that you
use the type of hand mixer that grinds very ﬁne. That is indeed a disaster
for mashing potatoes. The result is sticky. I also don't use milk anymore
in my mashed potatoes, only some oil or butter.”
As these examples about potato preparation make clear, sharing
knowledge serves to learn from one another, but it also serves to establish
expertise. Participants try to convince one another that they have
expertise by describing long lists of ingredients and little-known
preparation method they use to make certain dishes. Also, they call
upon their long-time experience. They refer to their parents or grandparents who passed on wisdoms and tricks as to emphasize that their
knowledge has proven itself for many years. Another way to establish
expertise is to call upon authority. However, authoritative sources vary in
the extent of impact. Mass media such as the television, radio, newspapers,
magazines, and the Internet, which inform the public for example about
scientiﬁc research, have limited authoritative power. They are easily put
aside in favor of personal knowledge and experience. In contrast, personal
knowledge and experience gain in impact with exclusiveness, e.g., the
discussant that has lived in India is considered to have more expertise
about the Indian cuisine than the discussant that is acquainted with an
emigrated Indian. Finally, natural authority cannot be disputed. Many
community members exploit this fact by presenting themselves as experts
about the local cuisine of the area where they were born and raised.
5.2.2. Negotiating norms
Obviously, the forum participants extensively discuss their cooking
practices and eating habits. There is often more at stake in these
discussions than just sharing experiences or exchanging information.
Discussants compare their attitudes and behaviors. They back each other
up or let each other down, and by doing so they actively negotiate
community norms about cooking and eating. In these normative
discussions, two issues pop up again and again: what constitutes a
good cook and what constitutes a healthy diet? The negotiations about
what constitutes a good cook are sophisticated and elaborate. Since they
cannot judge each other's cooking qualities by trial, forum participants
judge merits by comparing their special recipes, and the amount of
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preparation time spent. Another point of comparison is the question
under which conditions one opts for frozen food instead of fresh. The
vocabulary used makes clear that somehow the use of frozen foods
needs to be justiﬁed, because in the end the norm is that one uses fresh
produce. The justiﬁcations for using frozen foods are meticulously
described and discussed. By allowing variations in the norm for certain
circumstances (e.g., frozen food is allowed when fresh is not available),
the discussants are able, at an abstract level, to arrive at a shared
community standard of what constitutes a good cook.
The negotiations about what constitutes a healthy diet differ from
the one about what constitutes a good cook, because the reference
norm is usually set by an authoritative agency (e.g., the Department of
National Health), and traditional conventions about dinner composition. Rather than negotiating the norm, discussants negotiate how
they should put the norm to practice. In cases where the norm is not
abided, for example when one indulges in eating fat food instead of
the fresh fruits and vegetables that are advised, the forum participants
together silence their conscience by rearticulating the proclaimed bad
habit, or comparing it to something worse. For example, some forum
participants engage in a discussion about whether pizza is junk food
or not. The sentiments are explicated in detail, and they can be
summarized as follows: (1) compared with a McDonald's hamburger,
pizza is considered much healthier, (2) a ready-made (frozen) pizza is
considered junk food, but a freshly prepared homemade pizza is not,
and (3) a pizza from an Italian restaurant is much healthier and
appetizing than the pizza's usually served in an ordinary pizzeria.
Although the homemade pizza is accepted as a sufﬁciently nutritious
dinner, several participants point out that one should not eat it too
frequently. Thus, the ambivalence is not totally overcome.
Negotiating the norms about what constitutes a good cook and how
one should keep to a healthy diet is not only done by discussing personal
cooking and eating habits, but also by telling stories about other people's
behavior. All these narratives have in common that they are examples of
behavior that the discussants disapprove of. They disassociate themselves from this proclaimed bad behavior, thus showing that they know
what is right according to the general accepted norms. Very popular are
stories about the terrible cooking qualities of relatives; especially the
mothers-in-law are found to be rather horrible cooks:
“We ate several times at my parents-in-law, and I am sorry to say
so, but she really can't cook. [She made] a stew with six kilos of
onions and only 300 grams of meat and she served it with mashed
potatoes and nothing else. Another time [she made] spaghetti
with a brown sauce that didn't taste like anything, served with
fake Parmesan cheese from the fridge…bah!” (Monica).

“I also have that kind of mother-in-law. My kids love her cooking,
but that is no surprise, because she mixes everything with
applesauce. I really try hard not to eat there.” (Donna).
The prevailing notion amongst the forum participants is that
everyone is able to cook as long as they are willing to invest some
time and energy and as long as they are not afraid to experiment a little.
These mothers-in-law obviously do not meet these criteria. In numerous
discussions it becomes clear that the forum discussants consider
themselves to be different from the majority of consumers. They believe
that, in contrast to the ordinary consumer, they are culinary experts who
truly appreciate the art of cooking with the right ingredients.
5.2.3. Opposing values
Although oftentimes a shared standard is reached among the
community members, in some cases discord continues to exist, and
tensions occasionally disrupt into outright conﬂict. One particular
issue that leads to sharp, polarized debates is members' stance on
using fresh produce versus pre-processed, canned, and other ready-
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made products. The pro-fresh norm is set by recurring statements that
it is so easy and just as quick to make roti, mashed potatoes, pesto,
spread, et cetera, oneself instead of buying it in a pre-processed,
ready-made form. Furthermore, it is generally asserted that the taste
of fresh produce is better than the taste of ready-made products.
Finally, the pro-fresh norm is ﬁercely propagated particularly by
downgrading usage of ready-made products.
This discourse makes some forum participants feel like culinary
underdogs since they do use ready-made products. The vocabulary
they use to admit that they deviate from the norm, i.e., by admitting
usage of ready-made products, suggests a real coming out: “I dare to
say it.” (Nicole); “I dare to be open about it.” (Sharon). The debate
about this issue polarizes, because the group that admits to use
canned foods and pre-processed products does not believe that the
group who states that they make everything fresh is honest. Their
sentiments are put into words as follows:
“I really don't believe that you always use fresh produce and
nothing else. […] I use canned foods and pre-processed products
and that is considered by some a deadly sin.” (Nicole).

“I am honest: I also cook with ready-made mixes and I really don't
know what is against it? Yes, of course I am also not highly
talented in culinary matters.” (Sharon)

“But you are very honest, and honesty lasts. […] Everyone uses
canned foods and pre-processed products, but they are just afraid
to admit it.” (Tony).
Moreover, they are quick to refute the idea that using ready-made
products makes one a bad cook: “I sometimes use pre-processed
products […] and sometimes deep-frozen foods. And I am certainly not
the worst cook around here.” (Nicole). Similarly, several participants
point to the fact that chef cooks also sometimes use pre-processed
products, thus that it is not against culinary experts' norms.
The pro-fresh group feels attacked and not taken seriously, because
of the allegations of dishonesty. What follows is a lengthy discussion in
which each side gives detailed justiﬁcations and contextualizations to
inform the others why and when one behaves in a certain (denounced)
way. To understand community conﬂicts like these, we point to two
areas of tensions between forum participants that are exemplary of their
interaction dynamics and the processes of interpersonal inﬂuence
following from it.
The ﬁrst area of tension is caused by participants' differing levels of
culinary involvement. Statements such as “I do cook, but not wholeheartedly.” (Neil) and “I prefer eating over cooking!” (Amy) makes clear
that not all members of this culinary community are enthusiastic,
dedicated cooks. In contrast, several pro-fresh discussants characterize
themselves as ‘idealistic and passionate’ cooks. Thus, some members
simply take an interest in cooking, while others are truly passionate
about cooking. Of course, it is inevitable that in a large community, as the
one under study, variance is found amongst the members with regard to
their experience in and commitment to the topic of interest (see
Sections 3 and 4). Problems arise when exponents from both sides
declare their standpoint as normal and the other as abnormal. Tension
also arises from lifestyle differences. The community covers a rich and
varied member database, and the forum participants differ greatly in
personal background. Men and women, older and younger, full and part
time workers, housewives, pensioners, and students, single and married
members with or without children, various nationalities, various levels
of education, and various levels of afﬂuence. As a result, the forum
participants have different lifestyles and, also, different cooking habits
and culinary preferences, which sometimes leads to a ‘clash of cultures’
culminating in heated debates.
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5.2.4. Celebrating similarities
So far, the three frames of discussion that passed in review might
suggest that community forums are full of competition, debate, and
contrasts. However, despite the differences between participants, they all
share an interest in cooking and culinary matters. Moreover, they share
the hobby to talk about their culinary interest, as manifested in their
involvement in the forums. Consequently, many discussion threads are
joyful accounts of recognition and identiﬁcation. The participants truly
celebrate their similarities with respect to cooking and eating habits.
These discussions often refer to the past; participants recount how they
learned to cook or what they used to eat when they were younger. As
such, the forum participants construct a shared past that reinforces their
community spirit, despite nowadays' (lifestyle) differences.
In celebrating their similarities the participants go as far as
engaging in self-disclosures about behavior that they would probably
hide from others. For example, they tell each other about how and
when they overly indulge in eating. In our society this kind of behavior
is often stigmatized; if you cannot control your food intake you are
presumed to have an eating disorder or an addiction. Consistent with
this perspective, the metaphoric language used for these selfdisclosures describes the yearning to eat as an attack that overtakes
control and that is hard to resist:
“It is not that I wake up at night and engage in indecencies, but
eating late at night and then really gross, yes, that I do. Just now,
1:30 A.M., I have ripped open the ﬁlet américain and ate it with
sweet-and-sour.” (Kevin).

“The later at night, the more gluttonous. I would easily make a
bouillabaisse at night. But I try to restrain myself.”(Brenda).

“I am often awake at night for my work and sometimes I get a real
hunger attack and then I stuff myself with everything I can lay my
hands on.” (Tony).
Although these excerpts present the yearning for food at night as
an attack, as gluttony, and as something close to an indecency, the
forum participants continue with happily exchanging their nightly
favorites. By doing so, they celebrate their nightly appetite as a sign of
shared fondness of food.
5.3. Implications
This netnographic analysis of forum discussion has contributed to a
richer and deeper understanding of the process of interpersonal
inﬂuence within virtual communities of consumption. The four frames
of discussions that we discussed do not only exemplify the aim of the
online forum discussions (to share, negotiate, oppose, and celebrate),
but also what is at stake (knowledge, norms, values, and similarities).
This categorization is valuable for researchers and marketers alike,
because it highlights the complexity of virtual communities as sites of
interpersonal inﬂuence between consumers. It is not just about
information exchange related to speciﬁc purchase decisions, but
community members engage in far more encompassing communicative acts to deﬁne, negotiate, argue, and cheer about value systems
surrounding the community's focal topic of interest.
Furthermore, the categorization underscores the unique character
of the virtual community that serves as a reference group compared
with its real life counterparts. Within our focal community, we ﬁnd a
large variety of members that diverge in terms of age, education,
income, nationality, household and professional situation, living
standards, et cetera. In a real life culinary community, for example a
cooking club, culinary society, or wine course, it is not likely that
people from such diverging backgrounds would come together due to

geographical, practical, and ideological barriers. Moreover, the relative
anonymity of the computer-mediated environment and the fact that
members can leave the community whenever they want, contributes
to an open atmosphere that results in confessions and disclosures
about behavior that is normally hidden from public scrutiny. In real
life, people tend to uphold their decorum; online, amongst people that
share and understand their passions, the forum discussants let go of
this decorum and bond with each other by conﬁding secret habits and
rituals. Altogether, this makes an online community a more
diversiﬁed, informative, and, in some respects, unifying reference
group than the average cooking club or culinary magazine. Members
are actively stimulated to broaden their scope, because they have to
share community space with members who share a passion or
interest, but who also have differing opinions and behaviors. In the
process, they engage in communal celebrations of their like-mindedness and homophily to mark their unity, while they learn from and
are inﬂuenced by each other's differences.
Market researchers may extract useful knowledge from all types of
communicative acts discerned. We have discussed the power of
‘natural’ authorities in inﬂuencing other members. This underlines the
beneﬁt marketers could achieve when they facilitate natural experts
in virtual communities (e.g., someone who is born is a certain region
and therefore exactly knows which ingredients the regional dish
should contain) to engage in word-of-mouth recommendations.
Discussions about norms and values are sophisticated and elaborate,
with detailed descriptions about member's behavior and underlying
motivations. This offers a rich source of information for marketers
looking for an attractive positioning or USP. Although tensions may
rise high, in general, the forum discussants ﬁnd ways to strike a
balance between that what opposes them and that what binds them
by alternating negotiations and ﬁghts with celebrating similarities.
The members love talking about shared cooking and eating habits.
These conversations are useful for producers of food products, kitchen
utensils and kitchen furniture to understand the context in which
their products are used and the way consumers sometimes adapt
them to their particular needs. Within the community of like-minded
culinary enthusiasts, discussants also dare to disclose their cravings,
their overindulgence, and their secret enjoyments with respect to the
focal consumption activity. This kind of sensitive information about
consumer behavior cannot be easily retrieved by means of traditional
methods such as focus groups, interviews, and surveys. Thus,
marketers and researchers who learn to monitor and interpret online
consumer conversations may have a big advantage over those who
rely on traditional methods, because it allows them to gain insight in
consumers' true selves.
The four frames of discussion revealed by our netnography are not
exhaustive. We have limited our analysis to topics about cooking and
eating. This means that, for example, small talk discussion threads
were left out of consideration. Including this kind of discussions might
have generated another discussion frame, such as ‘establishing
friendships’. Again other discussion frames might be found in other
types of virtual communities, e.g., ‘giving support’ in online health
forums [54], and ‘closing deals’ in transaction communities [35].
Furthermore, although insights in consumer behavior that are
generated by any netnography may serve as a starting point for
developing new products, determining positioning strategies, and
devising advertising campaigns, each issue warrants further research.
Other sources and research methods should be used before conclusive
marketing recommendations can be made.
Taken these limitations into account, our netnography has proven
to be a valuable tool to gain insight in word-of-mouth processes in
virtual communities. Ultimately, it shows that these processes are
rich, encompassing, and inﬂuential. Successful communities may
evoke hundreds of contributions per day. Therefore, marketers need to
acquire skills to systematically extract information from these
contributions. We call upon marketers and market researchers to
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take notice of Kozinets' guidelines for netnographic research method
and to beneﬁt from our application of the method in a virtual
community of consumption. The insights in the interaction dynamics
between forum participants offer a good starting point for deﬁning a
monitoring strategy and they aid in the process of making sense out of
all these contributions.
6. Conclusion
The three studies presented in this paper have considerably advanced
our knowledge about participation in, and the effects of virtual
communities on consumer decision-making. We have demonstrated
that virtual communities serve as reference groups that differ from
traditional reference groups in their heterogeneous character. Consequently, members are faced with diverse opinions and behaviors. The core
member group actively engages in negotiating and discussing norms and
values about the community's topics of interest. Their discussions reveal
the valence of the community as a reference group, and can be used as a
starting point for an in-depth understanding in what respect the members
are inﬂuenced by the community. On a more abstract level, we have
systematically demonstrated that the extent of community inﬂuence
differs across various phases of the consumer decision process, and across
community members. Our member typology facilitates understanding of
the different ways in which members make use of, and value the
community as a reference group.
With rapid developments in online communication network
technology it is relevant to ask if the ﬁndings from our study executed
in the context of a ‘traditional’ virtual community of consumption
consisting of databases, forums, chat rooms, and member pages, apply
to more recently originated forms of communities like blogs, wiki's,
and social networks such as MySpace and Facebook. In this respect, it
is important to highlight in which respects these new types of social
networks are similar to old ones, and in which respects they differ.
Virtual communities organized around a topic of interest tend to bring
together people that have never met, and will never meet, in real life.
We have pointed out that the power of the virtual community as a
reference group is closely related to the heterogeneity of its member
database, including people from all strands of life not likely to interact
and exchange their opinion and experiences in face-to-face settings.
All online social networks have the same unifying power. Of course,
not all of them will be as heterogeneous as the community under
study, but neither are all virtual communities. Considering the
increasing number of consumers that make use of Web 2.0-based
technologies, we can only assume that the heterogeneity of interconnected online consumers increases as well, and with that the
power and reach of online social networks as reference groups in
consumer-decision making.
Our typology of virtual community members has made clear that
people prefer to use the virtual community as a source of information
in different formats. Some give preference to contributing and
retrieving factual information through the community's databases,
others like to socialize and exchange information in discussion
forums, and again others focus on recreational activities such as
updating and maintaining their member pages. Whereas a lot of
traditional virtual communities offer all these functionalities in one
integrated platform, we see that a lot of the new social network
technologies have specialized in only one or two. Wiki's are the
equivalent to the virtual community databases catering to the
informationalists, functionalists, and opportunists. Blogs appeal to
the conversationalists. MySpace and Facebook are extensions of
member pages that are so popular with the hobbyists. Thus, we see
a natural segmentation occurring based on preferred participation
orientation. This offers advantages to marketers looking for ways to
exploit online consumer-to-consumer networks for marketing purposes, because each format requires a different way of ‘packaging’
one's message. On the other hand, this division into distinct formats
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might decrease some of the potential inﬂuencing power of social
networks, since users are only exposed to one type of information
format (i.e., informational, relational, and recreational). Nevertheless,
it is likely that consumers are members of several communities
simultaneously, and easily switch from one type of network to the
other according to their particular needs at any given point in time.
This brings us to the last point of discussion. Our study into the
effects of virtual communities on the consumer decision process has
shown that it is speciﬁcally a member's social involvement, their
frequency of visits, and the amount to which they retrieve information
that is related to community inﬂuence, particularly in the phase of
search for information. These factors are very similar to the factors
that play a role in processes of face-to-face interpersonal inﬂuence,
thus they are not likely to change with new types of online networks.
With the ubiquitous presence of social networks that each have their
speciﬁcity, however, it is likely that their impact increases in those
phases of the decision process that we found only marginally affected.
Information rich reservoirs such as wiki's and community databases
are likely to play a major role in the search for information process,
whereas forums and blogs in which consumer discusses their
experiences are presumably more powerful when it comes to forming
and changing preferences. Social network sites as MySpace and
Facebook that are primarily used to reanimate and maintain existing
social ties might have a more signiﬁcant effect on need recognition,
actual behavior, and post-purchase evaluations because of real life
scrutiny of members' consumption practices.
It is clear that these assumptions need further examination by
means of empirical research. We conclude by stressing that online
social networks and virtual communities present many real opportunities for marketers, managers, and researchers. There is a whole
world out there, behind your screen, with continuously changing
landscapes, new vistas, and avenues to explore. Don't hesitate, jump
in, and enjoy the ride!
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