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Social Networks and the Employment Problem of
the Urban Poor

David A. Reingold

[Paper ® rst received, December 1997; in ® nal form, August 1998]

Summary. This paper investigat es the link between social networks and the ability to ® nd a job

through a personal contact among adult inner-city residents. Using data collected by the Nation al

Opinion Research Center that interview ed 2490 adult inner-city residents, the impact of network

structure and composition on ® nding a job through word-of-m outh is estim ated. Ethnic differ-

ences in the rate of ® nding jobs through word-of-m outh were found, as well as interestin g ethnic

and racial differen ces in the way social networks operate to connect job-seekers and job

vacancies. Overall, the ® ndings suggest that social networks accou nt for some of the employm ent

problems that many inner-city residents face.

Introduction

The employment problem of the urban poor

has been and continues to be a central con-

cern for policy-makers, academic scholars

and members of the business community.

One of the central themes in this discussion

is the role social networks play in explana-

tions of why some residents of poor urban

communities are able to ® nd stable employ-

ment, while others must turn to friends, fam-

ily, welfare or the underground economy to

meet basic needs. Whether the focus is the

out-m igration of more af¯ uent ghetto resi-

dents over the past several decades and the

disconnection of remaining residents from

critical job networks (O’ Regan and Quigley,

1991; 1993; O’ Regan, 1993; Wilson, 1987,

1996), the use of informal recruitment prac-

tices by employers who need low-wage

labour (Kirschenman and Neckerman, 1991a,

1991b; Holzer, 1996; Kasinitz and Rosen-

berg, 1996) or the lack of vertical networks

among disadvantaged workers which provide

access to the world of `good jobs’ (Newman,

1995), social networks are an important part

of the current urban poverty debate.
1

Much of the urban poverty literature fo-

cuses on the role that social networks play in

excluding unskilled urban workers, particu-

larly blacks, from employment opportunities

which ¯ ow through word-of-mouth (see, for

example, Patterson, 1998). The implicit as-

sumption in this literature is that individuals

tend to know people who resemble them-

selves, and that the transmission of informal
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information about a job opening is likely to

pass between people with very similar demo-

graphic and socioeconomic characteristics

(for a discussion of the homophily or `like-

me’ principle, see Homans, 1950). To para-

phrase Holzer (1987) , since a greater

propor tion of inner-city residents are non-

white female welfare recipients, and mem-

bers of these groups have higher

unemploym ent rates, lower representation in

skilled blue-collar positions and less

con® dence in the recommendations of em-

ployed inner-city residents by white male

employers, residents of poor urban com-

munities may be less likely to know people

who are effective informal job-brokers. This

may reduce their employm ent opportunities

and shut them out of positions that are

largely ® lled through word-of-mouth.
2

While social networks may create barriers

to employm ent for certain disadvantaged

groups, others have used this form of job

acquisition to secure employm ent opportuni-

ties for their members. This is certainly the

case in New York’ s garment and hotel indus-

tries where new immigrants, mostly Hispanic

and non-native-born blacks, have secured

economic opportunities for members of their

group at the expense of native-born blacks

(Waldinger, 1996).

Despite this emerging literature on the role

that social networks play in the employment

problem of the urban poor, many questions

remain unanswered. Among the more basic

issues that have yet to be examined include

whether social networks actually differ

across ethnic groups in poor urban areas, and

whether these differences (if they exist) ac-

count for variation in job-® nding through

word-of-mouth. Establishing the nature and

extent of ethnic differences in social net-

works and determining whether these differ-

ences in¯ uence employment outcomes are

important steps in understanding whether

(and how) social networks contribute to the

employment problem of the urban poor.

To address these questions, this paper in-

vestigates the relationship between social

networks and job-® nding in poor urban com-

munities by conducting a secondary analysis

of unique cross-sectional data known as the

Urban Poverty and Family Life Survey.

Based on face-to-face interviews with 2490

adult residents of Chicago’ s inner city, this

analysis provides a systematic investigation

of workers’ social networks and their impact

on ® nding a job through word-of-mouth.

This analysis compares and contrasts social

networks across different racial and ethnic

groups, identi ® es the structure and character-

istics of social networks that are good at

connecting inner-city job-seekers with job

vacancies, and tests whether particular char-

acteristics of social networks limit access to

word-of-mouth employm ent opportunities

among the urban poor.

Background

The sociological study of social networks has

focused on their function as a socialising

agent, as well as a mechanism for distribut-

ing information about scarce resources (for a

review of the social science literature on

social networks and economic life, see Pow-

ell and Smith-Doerr, 1994). In the case of

employment, social networks are thought to

operate in combination with individual at-

tributes of human capital, such as educational

attainment, to facilitate the job-® nding pro-

cess (at a particular point during the life-

course), as well as the social mobility

process (over the life-course).
3

The two fea-

tures of social networks that are particularly

important in this context are network struc-

ture and network composition . Attributes of

network structure typically include network

size, as well as the relationships that exist

among members of a network. In contrast,

network composition usually refers to the

characteristics and attributes of individuals in

a social network.

The relationship between network struc-

ture (namely size) and job-® nding is rela-

tively straightforward. More contacts are

thought to be an advantage since there are

more network members who can potentially

broker job vacancies and job-seekers. It is

also likely that more contacts provide job-

seekers with more information about job
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openings, such as alerting a friend or relative

of a job opening that is advertised in a news-

paper, and this information leads to the

® lling of a job.

Similarly, the relationships among mem-

bers of a social network are important for

explaining job-® nding, as well as social mo-

bility, since the strength of a tie is likely to

in¯ uence access to information about em-

ployment opportunities. Weak ties rather

than strong ties are thought to reach better

social resources, such as informal employ-

ment information, since weak ties enable an

individual to reach social circles that are

different from his/her own. As a result, net-

work structure is though t to alter the likeli-

hood of ® nding a job through

word-of-mouth, while, at the same time, fa-

cilitating the mobility process.

The socioeconomic characteristics of an

individual’ s social network are also thought

to affect social mobility by increasing access

to people who occupy positions with greater

command of social resources. That is, the

socioeconomic characteristics of social net-

works are thought to increase social mobility ,

since an individual who uses a contact of

higher socioeconomic status should ® nd a

better job than someone else whose contact

has lower status.

However, it is less clear whether (and

how) network composition in¯ uences ® nding

a job through word-of-mouth. It is possible

that higher socioeconomic contacts operate

as rolemodels in the job-® nding process, as-

sisting with interviewing and job-seeking

techniques. This may be important for over-

all employment prospects; however, it is un-

likely that this mechanism would affect the

actual method of job-® nding.

We might also expect an individual with

more contacts of higher socioeconomic status

to be more likely to know of employment

opportunities that are ® lled through word-of-

mouth, since these contacts are in positions

that can more easily access information

about job openings, while also in¯ uencing

the hiring decision. If we assume that jobs

® lled through word-of-mouth tend to be

more desirable than jobs ® lled through for-

mal recruitment practices, then we would

also expect individuals who are more likely

to know contacts of higher socioeconomic

status to have learned of his/her job through

a personal contact. But it is also possible

that, in the case of low-wage urban workers,

more low-status contacts may produce more

opportunities to ® nd a job through a personal

contact, since more of these contacts may

work for ® rms that frequently recruit for

unskilled positions through word-of-mouth.

Therefore, we would expect inner-city res-

idents with more contacts to be more likely

to ® nd work through word-of-mouth. Sim i-

larly, we would expect inner-city residents

who are embedded in networks with an abun-

dance of weak ties to be more likely to ® nd

employment opportunities through word-of-

mouth; however, it is less clear whether

high-status friends and family increase ac-

cess to jobs ® lled through personal contacts

among the urban poor.

While there is a broad literature on the

relationship between social networks and so-

cial mobility, much less is known about net-

work effects on job-® nding (see, for

example, Granovetter, 1973, 1995; Lin et al.,

1978; Lin, Vaughn and Ensel, 1981; Lin,

Ensel and Vaughn, 1981; Lin and Dumin,

1986; Campbell, 1988; Marsden and Hurl-

bert, 1988; Wegener, 1991; Carson, 1992;

Sprengers, 1992; Montgom ery, 1994). More-

over, much of the social mobility research

has studied populations that differ dramati-

cally from those that live in relatively poor

urban communities. Since local labour mar-

ket conditions are likely to in¯ uence the

job-® nding process, it is problematic to gen-

eralise these ® ndings to residents of poor

urban areas.

For example, low-wage unskilled urban

workers frequently operate in labour markets

that are characterised by limited employm ent

opportunities and large numbers of job-

seekers, and it is more likely that employers

under these condition s will be able to ® nd

workers without enduring costly recruitment

methods. This would suggest that employers

would take advantage of costless recruitment

methods, such as word-of-mouth, increasing
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the relative importance of this job-® nding

method. Moreover, the likelihood that work-

ers will utilise employment information that

they receive through informal channels is

increased, given the overall lack of employ-

ment opportunities in the local economy.

It is worth noting that there are a few

empirical studies that have been conducted in

research settings that are relevant for the

current inquiry. For example, Johnson et al.’ s

(1996) analysis of female labour force par-

ticipation in poverty areas of Los Angeles

found that the likelihood of employm ent is

signi® cantly increased by the presence of a

friend in the respondent’ s social network

who is either employed, a high school gradu-

ate or lives outside the respondent’ s neigh-

bourhood. While these authors found almost

no black±white differences in ® nding jobs

through word-of-mouth, Hispanics were al-

most twice as likely as blacks or whites to

have found work through a personal contact.
4

However, it is unclear whether these differ-

ences are the result of network variation

since this relationship was not investigated.

This research is also limited by fairly

crude measures of network characteristics

that are dichotomous and, as a result, cannot

distinguish between an individual who is

situated in a social network comprised of

employed college graduates from af¯ uent

neighbourhoods and an individual who

knows only one person who ® ts this descrip-

tion. Moreover, this analysis did not control

for the level of neighbourhood poverty which

has been shown to exert independent effects

on the social network structure and compo-

sition of inner-city residents, especially for

women (Fernandez and Harris, 1992).

In their cross-sectional analysis of a ran-

dom sample of adult residents from

Chicago’ s poverty areas, Fernandez and Har-

ris (1992) found that neighbourhood poverty

(de® ned as census tracts where 40 per cent or

more of the families have incomes below the

federal poverty line) tends to constrict the

size and structure of social networks among

black females, while it limits the number of

mainstream friends for both men and women.

Moreover, non-working black males and fe-

males were consistently less likely to have

mainstream friends, and women show a ten-

dency to be cut off from people generally.

Unfortunately, it is unclear how these results

vary by race or ethnicity, given the need to

restrict the analysis to blacks, so that the

impact of neighbourhood poverty on network

structure and composition could be tested.

More importantly, this analysis did not inves-

tigate the effect of network structure and

composition on job-® nding.

To this end, the remainder of this paper

will investigate the importance of social net-

works in mediating word-of-mouth employ-

ment opportunities by reanalysing the same

data used by Fernandez and Harris (1992) .

Racial and ethnic differences in network

structure and composition will be examined,

and the effect of social networks on ® nding a

job through word-of-mouth will be esti-

mated. But before presenting the ® ndings, it

is necessary ® rst to discuss the data and

research procedures used in this analysis.

Data Sources and Research Procedures

The Urban Poverty and Family Life Survey

(UPFLS) was collected by the National

Opinion Research Center and is a strati® ed

random sample of parents age 18±47 years

who lived in poverty areas in Chicago in

1986. These areas were de® ned as census

tracts where 20 per cent or more of families

had incomes below the 1980 federal poverty

line. Completed interviews were obtained

from 2490 respondents: 1183 black, 364

white, 454 Puerto Rican, and 489 Mexican.
5

The decision to use these data is based on

a number of bene® ts they provide for the

purposes of the current inquiry . First, these

data are from a survey that randomly sam-

pled households in poor urban areas and are

likely to include a large propor tion of work-

ers who are competing for positions at the

low-end of the labour market. Secondly, they

include white, black, Puerto Rican and Mexi-

can respondents, allowing for racial and eth-

nic comparisons. Thirdly, egocentric network

data for each respondent were collected, and

all employed respondents were asked
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whether a friend or relative helped them to

® nd their current job.

The UPFLS used a strati® ed sampling de-

sign so that a dispropor tionate number of

non-blacks were interviewed. As is typical

with strati® ed designs, analysis of weighted

data produces results substantially equivalent

to results of analysis of unweighted data. Be-

cause the primary interest of this research is in

the parameter estimates of the causal models,

the results are based on unweighted data.

Community poverty levels were extracted

from the 1980 decennial census. Each re-

spondent was then assigned the characteristic

of the tract in which s/he lived. Unfortu-

nately, census data only capture some of the

community-level variation, since census

tracts are not identical to the ecological

boundaries of actual communities. Moreover,

the six-year difference between the 1980

census and the 1986 UPFLS data further

weakens this measure; however, it was the

author ’ s judgm ent to include this variable,

given the alternative of not controll ing for

neighbourhood poverty.

Variables and Methods

Table 1 presents operational de® nitions of all

variables used in the analysis. Social network

measures were constructed from questions

that asked respondents information about

three kinds of relations: friends, daily social

support and crisis support. Respondents were

asked to name up to three non-kin and non-

spouse or partner friends, up to six people

whom the respondent could depend on for

everyday favours and daily social support,

and up to six people whom the respondent

could depend on in the event of a crisis.

Following Fernandez and Harris’ (1992)

methods, counting the total number of rela-

tions across all three networks is a measure

of volume; the number of people named at

least once across all three networks is a

measure of range or breadth (a proxy for

weak ties); the number of people who appear

more than once across all three networks is a

measure of depth or multiplexity (a proxy for

strong ties). Taken together, these measures

re¯ ect the structure of a respondent’ s social

network which is bounded (in most cases) by

this name generator.

As for indicators of network composition,

respondents were asked to describe their re-

lationships to the people named in the daily

and crisis-support networks. This infor-

mation is the basis for constructing the level

of kin support in a respondent’ s social net-

work. The other network composition vari-

ables were constructed from the friend

network which asked the respondent to de-

scribe each person’ s race, ethnicity, edu-

cation, employment status, marital status and

whether or not s/he is receiving public aid.

The percentage of contacts with each charac-

teristic is used in the analysis, as opposed to

the actual number of contacts with each

characteristic, since the measure of network

volum e is thought to capture the number of

contacts each respondent can access.

These network data create two important

methodological considerations for this in-

quiry. First, the causal direction is unclear

between these indicators and employm ent

opportunities which ¯ ow through word-of-

mouth. While this analysis assumes that the

egocentric social network indicators cause

employment opportunities which ¯ ow

through word-of-mouth, it is also possible

that the condition of employment, regardless

of job-® nding method, alters the structure

and composition of social networks. While

the UPFLS data contain detailed information

about employm ent history, the network ques-

tions did not obtain information from respon-

dents on the length of relationships with each

contact. As a result, it is impossible to detect

changes in network structure that follow

changes in employm ent.

Secondly, there is some disagreement

about the use of these data to answer ques-

tions about job-® nding. While these data pro-

vide important information about support

transfers among the urban poor, the names

generated in the UPFL survey that make up

the social-network data may reveal networks

of primarily strong ties, underestimating the

extent of weak ties. Although it is true that
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Table 1. De® nitions of variable s used in analyses of social netw orks and ® nding jobs through
word-of-mouth

Variable De® nition

Backgroun d character istics
Age Responden t’ s age, ranging from 18 to 47 years.
Sex Equals 1 if male, 0 otherw ise.
American-b orn Equals 1 if respond ent was born in America, 0 otherw ise.
Race/Ethnicity Either Non-H ispanic black, Non-Hispanic white, Puerto Rican or

Mexican.
Married Equals 1 if married, 0 otherw ise.
Kids in househol d Equals 1 if children live in househo ld, 0 otherw ise.
Education Highest grade completed, ranging from 0 to 17 or more.
Currently employed Equals 1 if respond ent is currentl y working, 0 otherw ise.

Network structure
Volum e Number of nom inations for minor (everyda y) social support, major

(emergency) support, and friends.
Range or breadth Number of distinct individu als named across all three networks.
Depth or multiplexi ty Number of people cited as multiple sources of friendsh ip.

Network composition
Married Percentag e of friends with partner.
No friends Equals 1 if respond ent has no friends, 0 otherw ise.
Kin support Percentag e of kin in social-support networks.
Employed Percentag e of friends who are employed or in school.
Public aid Percentag e of friends on public aid.
Education Average level of educatio n of friends.
Black Percentag e of friends who are black.
White Percentag e of friends who are white.
Puerto Rican Percentag e of friends who are Puerto Rican.
Mexican Percentag e of friends who are Mexican.

Job acquisiti on method
Personal contact( s) Found current job through a friend(s ) or relative( s).
Formal method(s) Found current job through formal job-sear ch method(s) .

Neighborhood-le vel characte ristics
Neighborhood Percentag e of poor fam ilies in respond ent’ s census tract in 1979.

High-pov erty areas have rates of 40 per cent or higher and low-poverty
areas have rates between 20 and 39 per cent.

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).

name generators organised around occu-

pational categories would have been more

suitable (see, for example, Lin and Dumin,

1986) and would be likely to provide more

reliable measures of weak ties, it remains

unclear whether (and how) the structure and

composition of personal relations actually

vary when using these two different types of

name generator within the context of measur-

ing the social networks of the urban poor.

Moreover, the current-network data are not

unrelated to job-® nding since one aspect of

an individual’ s social-support network is

helping friends and family to ® nd work.

Therefore, the network data used in this

analysis may not be ideal, but they do pro-

vide a general portrait of the ties held by

residents of poor urban communities, and

combined with the absence of an alternative

data source, these data are appropriate for

analysing job-® nding in the inner city.

The dependent variable in the analysis is

the respondent’ s method of ® nding work.

Respondents were sorted into one of three

categories: those who found their current job

through word-of-mouth; those who found
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Table 2. Percentag e distribu tion of race/ethnicity by poverty area and gender (unweighted percenta ges)

Non-poor areas Low-poverty areas High-pov erty areas N

Males
Black 10.0 72.5 17.5 411
White 41.9 50.8 7.3 124
Puerto Rican 10.8 77.7 11.5 148
Mexican 23.2 71.9 4.8 228

Females
Black 8.1 65.7 26.2 764
White 32.2 63.1 4.7 236
Puerto Rican 12.1 77.1 10.8 306
Mexican 16.5 81.2 2.3 261

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Notes: Percentag es do not add up to 100 because of rounding error. It is also important to note that the
sample selection criteria for UPFLS responde nts included residenc y in a census tract with a poverty rate
of at least 20 per cent. However, accordin g to the 1980 census data, some respondents lived in tracts with
poverty rates below this threshol d±i.e. non-poo r areas. Given the relationship betw een race/ethnicity and
neighbo urhood poverty , the subsequent analysis is restricted to cases from low-poverty areas.

their job through other methods, such as

advertisements and employment agencies;

and those who are not working. It is import-

ant to note that the question used to sort

respondents into these categories only asked

currently employed respondents whether a

friend or relative helped in his/her job-

search. Moreover, this information was col-

lected only for the respondent’ s current job.

Subsequent jobs found through word-of-

mouth, once s/he has gained initial employ-

ment, would not be reported as found

through the help of friends or relatives even

if they were the direct consequence of a job

initially found through word-of-mouth. As a

result, it is likely that the measure of job-

® nding used in this analysis underestimates

the actual level of word-of-mouth job-

® nding.

Those background variables thought to

in¯ uence job-® nding are included as inde-

pendent variables in the analysis. They are

the respondent’ s age, race, ethnicity, marital

status, household composition , educational

attainment and immigration status. In

addition, the analysis also includes a com-

munity-level measure of the percentage of

poor families living in the respondent’ s cen-

sus tract. Household income was not

included in the analysis since the sample

selection criteria signi® cantly attenuated

variation in this measure.

Table 2 shows the distribution of respon-

dents across the categories of census-tract

poverty area and race/ethnicity. Since pre-

vious research suggests that 40 per cent pov-

erty corresponds to what most observers

would consider highly concentrated poverty ,

high-poverty areas are de® ned as those cen-

sus tracts where 40 per cent of families are

below the federal poverty line (Jargowsky

and Bane, 1991). The strong relationship

between neighbourhood poverty and race has

important consequences for the current

analysis, especially since Fernandez and Har-

ris (1992) found a modest relationship

between neighbourhood poverty and network

structure and composition among non-

Hispanic blacks. Given the small number of

non-blacks in high-poverty areas, it is

necessary to separate the effects of race and

ethnicity from the effects of concentrated

poverty . The potential importance of racial

and ethnic differences in social networks and

their effect on the ability to ® nd jobs through

personal contacts makes it necessary to

restrict the analysis to those cases from low-

poverty areas.

The ® rst step in the analysis is to sort

individuals by race, ethnicity and gender, and
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Table 3. Method of job acquisiti on by race/ethnicity and gender

Not working Personal contact( s) Other method(s) N

Males**
Black 31.6 28.2 40.1 294
White 8.1 25.8 66.1 62
Puerto Rican 20.9 42.6 36.5 115
Mexican 6.7 55.8 37.4 163

Females**
Black 49.3 14.8 35.9 501
White 52.4 13.6 34.0 147
Puerto Rican 64.0 13.1 22.9 236
Mexican 49.5 31.6 18.9 212

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Note: Percentag es do not add up to 100 because of roundin g error.
** 5 p , 0.05 (Chi-squar ed test).

compare the extent to which each group

depends on ® nding work through word-of-

mouth. The second step is to compare

respondents who found their jobs through a

personal contact with respondents who found

their jobs through more formal methods, and

examine differences across individual char-

acteristics, as well as dimensions of network

structure and composition. The third and

® nal step in this analysis is to measure the

effect of individual characteristics and mea-

sures of network structure and composition

on the likelihood of ® nding work through

personal contacts, as well as the likelihood of

not working. Together, this will test the

importance of social networks in determining

who ® nds jobs through word-of-mouth.

Findings

Table 3 presents the method of job acqui-

sition by race, ethnicity and gender. The

general pattern is that men are more likely

than women to have found their current job

through a friend or relative, and Mexicans of

both sexes are more likely than either blacks,

whites or Puerto Ricans to have found their

current job through a personal contact. How-

ever, when controlling for employment

statusÐ i.e. excluding those respondents who

are not working, these ® gures change dra-

matically for those groups with high rates of

weak labour force attachment: namely,

women and black men. Under these condi-

tions, roughly 26.7 per cent of black women

found their jobs through word-of-mouth in

contrast to 28.8 per cent of white women,

35.1 per cent of Puerto Rican women and

61.5 per cent of Mexican women (® gures not

shown in tables). Similarly, 40.7 per cent of

black men found their current job through a

personal contact compared with 27.8 per cent

of white men, 55.3 per cent of Puerto Rican

men and 59.7 per cent of Mexican men

(® gures not shown in tables).

To determine if these differences are asso-

ciated with individual-background character-

istics and/or network structure and

composition , the averages for these variables

were computed by race, ethnicity and gender

for three different categories of respondents:

those who found their current job through a

personal contact; those who found their cur-

rent job through a more formal method(s);

and those who are not working . These calcu-

lations are presented in Table 4.
6

In general, those individuals who found

their job through a personal contact are, on

average, less educated than those who found

their job through other methods. This is con-

sistent with the general ® nding that there

is an inverse correlation between socio-

economic status and the likelihood of

® nding jobs through personal contacts. It is
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Table 4. Method of job acquisiti on by average backgrou nd characte ristics and social-n etwork structure
and composition by race/ethnicity and gender

Not working Personal contact( s) Other method(s)

Black males
Backgroun d character istics

Average age (years) 28.1 31.5** 32.1**
Married (yes/no) 19.4 49.4** 41.5**
Kids in the househo ld (yes/no) 60.2 73.5* 66.1
Average years of education 11.4 **11.7 12.7**

Network structure
Number of relations 5.6 5.6 5.8
Number of Distinct individu als 3.9 4.3 4.0
Number of multiple ties 1.4 1.2 1.5

Network composition
Percentage with partner a 27.0 52.1** 53.9**
Percentage with no friends 16.7 16.7 13.3
Percentage of kin support a 21.3 22.5 19.9
Percentage employed

a
55.4 76.0** 84.9**

Percentage on aid a 22.5 **9.5** 1.7*
Average years of education

a
11.4 11.9 12.2

Percentage black a 97.8 96.9 93.1*
Percentage white

a
0.67 **0.77 4.1**

Percentage Puerto Rican a 0.89 0.00 1.1
Percentage Mexican

a
0.00 0.00 0.56

Black females
Backgroun d character istics

Average age (years) 30.4 32.0* 33.0**
Married (yes/no) 18.3 34.3** 27.2**
Kids in the househo ld (yes/no) 95.1 94.6 92.2
Average years of education 11.3 **12.1* * 13.0**

Network structure
Number of relations 6.1 7.3** 6.8**
Number of distinct individu als 4.4 4.9* 4.5
Number of multiple ties 1.4 1.9** 1.8**

Network composition
Percentage with partner a 33.3 41.9** 41.6**
Percentage with no friends 16.7 7.1** 10.9*
Percentage of kin support a 19.9 **13.9* * 19.6
Percentage employed

a
45.0 **64.1* * 77.3**

Percentage on aid a 38.1 **20.4* * 8.7**
Average years of education

a
10.9 *11.3 12.2**

Percentage black a 97.5 99.5* 98.7
Percentage white

a
0.94 0.52 0.76

Percentage Puerto Rican a 0.60 0.00* 0.00*
Percentage Mexican

a
0.00 0.00 0.54

White males
Backgroun d character istics

Average age (years) 32.4 34.6 35.2
Married (yes/no) 100.0 68.8** 73.2**
Kids in the househo ld (yes/no) 100.0 75.0** 82.9**
Average years of education 12.0 12.0 12.5
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Table 4. Method of job acquisiti on by average backgrou nd characte ristics and social-n etwork structure
and composition by race/ethnicit y and genderÐ continued

Not working Personal contact( s) Other method(s)

Network structure
Number of relations 7.8 7.3 8.0
Number of distinct individu als 5.0 5.3 5.3
Number of multiple ties 2.8 **1.6* 2.3

Network composition
Percentage with partner a 58.3 65.5 64.8
Percentage with no friends 20.0 6.3 10.0
Percentage of kin support a 22.9 12.2 13.0
Percentage employed

a
66.7 88.9** 84.3

Percentage on aid a 0.00 2.2 1.9
Average years of education

a
9.7 10.7 12.5

Percentage black a 0.00 5.6 4.6
Percentage white

a
100.0 60.0** 75.9**

Percentage Puerto Rican a 0.00 8.9* 4.6
Percentage Mexican

a
0.00 17.8* 10.2**

White females
Backgroun d character istics

Average age (years) 31.8 35.7** 34.5**
Married (yes/no) 37.7 75.0** 58.0**
Kids in the househo ld (yes/no) 93.5 95.0 96.0
Average years of education 10.9 12.6** 12.4**

Network structure
Number of relations 6.3 7.2 7.3*
Number of distinct individu als 4.0 4.6 4.9**
Number of multiple ties 1.9 2.1 1.8

Network composition
Percentage with partner a 58.3 53.5 61.9
Percentage with no friends 9.3 5.0 6.3
Percentage of kin support a 17.7 10.1** 10.4**
Percentage employed

a
47.0 77.2** 69.3**

Percentage on aid a 25.5 13.2 8.9**
Average years of education

a
9.5 11.6* 11.7**

Percentage black a 4.2 7.0 10.0
Percentage white

a
74.0 84.2 75.9

Percentage Puerto Rican a 12.3 5.3 6.3
Percentage Mexican

a
5.6 1.8 5.9

Puerto Rican males
Backgroun d character istics

Average age (years) 35.4 34.0 31.9**
Married (yes/no) 70.8 75.5 73.8
Kids in the househo ld (yes/no) 87.5 93.9 90.5
Average years of education 7.8 **9.6** 11.1**

Network structure
Number of relations 4.6 6.0** 5.4
Number of distinct individu als 4.0 4.4 3.7
Number of multiple ties 0.58 1.4** 1.4**

Network composition
Percentage with partner

a
68.4 82.9 74.2

Percentage with no friends 16.7 14.6 21.4
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Table 4. Method of job acquisiti on by average backgrou nd characte ristics and social netw ork-structure
and composition by race/ethnicit y and genderÐ continued

Not working Personal contact( s) Other method(s)

Percentage of kin support a 43.0 23.7** 24.5**
Percentage employed

a
64.0 85.5** 78.8

Percentage on aid a 17.6 4.5* 3.5**
Average years of education

a
5.9 **7.9 10.5**

Percentage black a 1.8 .00 3.0
Percentage white

a
7.0 4.9 7.1

Percentage Puerto Rican a 71.1 77.6 78.8
Percentage Mexican

a
16.7 13.0 5.1

Puerto Rican Females
Backgroun d character istics

Average age (years) 31.9 31.3 32.1
Married (yes/no) 33.1 **71.0* * 46.3*
Kids in the househo ld (yes/no) 98.0 100.0 98.2
Average years of education 9.1 11.4** 11.5**

Network structure
Number of relations 5.1 6.2 6.5**
Number of distinct individu als 3.3 4.0* 4.1**
Number of multiple ties 1.6 1.8 2.0

Network composition
Percentage with partner a 56.6 **75.0* * 54.8
Percentage with no friends 27.3 14.3* 14.3**
Percentage of kin support a 22.4 *28.6 14.9**
Percentage employed

a
43.6 75.0** 67.1**

Percentage on aid a 31.3 11.8** 11.3**
Average years of education

a
7.8 8.9 9.9**

Percentage black a 2.3 2.1 4.0
Percentage white

a
3.5 5.6 14.7**

Percentage Puerto Rican a 79.6 70.1 65.5**
Percentage Mexican

a
8.0 11.1 9.1

Mexican males
Backgroun d character istics

Average age (years) 33.7 33.2 33.7
Married (yes/no) 81.8 85.7 80.3
Kids in househol d (yes/no) 100.0 94.5** 93.4**
Average years of education 9.2 6.5** 7.0

Network structure
Number of relations 4.8 4.3 4.2
Number of distinct individu als 3.8 3.4 3.1
Number of multiple ties 0.91 0.78 0.84

Network composition
Percentage with partner

a
61.9 76.7 80.7

Percentage with no friends 11.1 14.6 17.0
Percentage of kin support

a
25.7 30.7 25.2

Percentage employed a 78.6 95.3 98.8
Percentage on aid

a
0.00 1.4 0.00

Average years of education a 7.7 7.9 7.6
Percentage black

a
0.00 0.48 1.9

Percentage white 12.5 3.8 8.3
Percentage Puerto Rican

a
20.8 2.4 3.4

Percentage Mexican a 62.5 91.0* 82.2
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Table 4. Method of job acquisiti on by average backgrou nd characte ristics and social-n etwork structure
and composition by race/ethnicit y and genderÐ continued

Not working Personal contact( s) Other method(s)

Mexican females
Backgroun d character istics

Average age (years) 30.8 32.7* 31.8
Married (yes/no) 62.9 71.6 65.0
Kids in the househo ld (yes/no) 100.0 98.5 100.0
Average years of education 7.5 *6.6* 8.3

Network structure
Number of relations 5.3 5.2 5.2
Number of distinct individu als 3.6 3.7 3.6
Number of multiple ties 1.4 1.3 1.3

Network composition
Percentage with partner a 75.1 71.1 74.4
Percentage with no friends 16.3 9.8 18.4
Percentage of kin support a 22.4 **29.3 15.5
Percentage employed

a
46.5 75.6** 72.0**

Percentage on aid a 15.4 1.9** 2.8**
Average years of education

a
8.2 **7.5 10.7**

Percentage black a 2.6 0.62 3.2
Percentage white

a
9.5 5.6 14.5

Percentage Puerto Rican a 8.4 9.0 6.5
Percentage Mexican

a
71.6 *80.5 66.7

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Notes: Percentag es are unweighted; two-tailed t-tests; * 5 p , 0.10; ** 5 p , 0.05; asterisks to the left

show contrasts with those who found their current job through other method(s) ; and asterisks to the right
show contrasts with those who are not working. All t-tests are computed within each ethnic/ racial and
gender group.

a To control for possible selection bias caused by non-resp onse to this set of network question s, these
computation s were restricte d to those who named at least one friend.

important to note that several groups deviate

from this pattern. In particular, whites,

Puerto Rican women and Mexican men who

found their job through a personal contact

have rates of educational attainment that are

no different from those of their counterparts

who found work through other methods.

Surprisingly, none of the other individual-

background characteristics consistently vary

by method of job-® nding. We might expect

that older workers are more likely to ® nd

work through a personal contact since they

have had more time to accumulate contacts

over the life-course. However, this does not

appear to be true. Similarly, we might expect

workers who are married to have access to a

greater number of contacts through their

spouse, increasing the likelihood of ® nding

work through word-of-mouth. Again, this

does not appear to be the case except for

Puerto Rican women.

As for differences across the dimensions

of social networks, the general pattern is that

the network structures of those individuals

who found their job through word-of-mouth

do not dramatically differ from those individ-

uals who found their job through other meth-

ods. Given previous research on the

importance of weak ties in matching job-

seekers with job vacancies, one would expect

to see some differences in network range and

depth. Perhaps this is an artefact of survey

question wording and the three name genera-

tors used to tap respondents’ social networks.

As noted above, these three name generators

are likely to elicit the names of close friends

and family rather than names of acquain-

tances or friends-of-friends.

 at PENNSYLVANIA STATE UNIV on September 15, 2016usj.sagepub.comDownloaded from 

http://usj.sagepub.com/


SOCIAL NETWORKS AND EMPLOYMENT 1919

While there is not much variation in net-

work structure, there are differences in net-

work composition between those who found

their job through word-of-mouth and those

who did not. Much of this variation is within

the non-white groups, especially females.

One of the more surprising results is that

black women who found their job through a

friend or relative have networks with much

higher rates of welfare receipt and of unem-

ployment. They also have lower rates of

educational attainment than do black women

who found their job through some other

method. There is also a difference in the

percentage of a respondent’ s network that is

on public aid between black men who found

their job through word-of-mouth and those

who did not. Perhaps these differences re¯ ect

the tendency of employers to recruit through

informal referrals for unskilled jobs which

are more likely to be ® lled by people who

have lower levels of education, and who are

embedded in networks composed of less-

educated welfare recipients who are not

working. It is also possible that welfare

recipients and other non-workers pass on to

friends and relatives job information

acquired through unemploym ent of® ces and

welfare agencies.

Another important factor that may explain

why some workers ® nd jobs through word-

of-mouth and others do not is the percentage

of kin in the respondent’ s support network.

Puerto Rican and Mexican women who

found their current job through a personal

contact report much higher levels of kin sup-

port than those who found their current job

through other methods. In contrast, black

women who found their current job through a

personal contact report much lower levels of

kin support than those who found their cur-

rent job through other methods. Kin net-

works appear to operate differently for black,

Puerto Rican and Mexican women in terms

of informal job-search.

As for the ethnic and racial composition of

social networks, the overall pattern suggests

that homogeneous ethnic networks are better

at matching job-seekers with job vacancies.

This is especially true for Mexican women

who appear to be situated in ethnic-based

networks that facilitate the word-of-mouth

job-® nding process. However, it is less clear

whether blacks are at a disadvantage in

® nding jobs through word-of-mouth as a

result of being embedded in mostly black

networks. In Chicago’ s inner city, the lack of

a relationship between black network compo-

sition and ® nding a job through word-

of-mouth appears to be the result of very

little variation in the racial networks of

blacks.

To determine whether social networks

impact the chances of ® nding work through

word-of-mouth, a multivariate analysis was

conducted and is presented in Table 5. These

models estimate the independent effects of

network structure and composition on ® nding

a job through word-of-mouth for inner-city

residents from low-poverty areas. The most

substantive ® ndings of this analysis are sum-

marised in Table 6.

The dependent variable in the analysis is

whether a respondent found his/her current

job through word-of-mouth, through some

other method(s), or is not working . Since this

measure is unordered and catagorical, the

assumptions necessary for ordinary least

squares regression are necessarily violatedÐ

for example, it is unreasonable to assume

that the distribution of error terms is normal.

As a result, a multinom ial logistic (or logit)

regression is the primary method used.

The multiple polytom ous logistic

regression model for an unordered categori-

cal dependent variable with M categories is a

series of M -1 equations, one for each inde-

pendent odds, with each equation consisting

of an intercept and K predictors. In the cur-

rent analysis, M equals respondents who are

not working, respondents who found their

job through a personal contact and respon-

dents who found their job through other

methods. Similarly, K equals a set of individ-

ual background characteristics, as well as

measures of social network structure and

characteristics. Assuming that the last, or

M th, category of the dependent variable is

the reference category, the equations are of

the general form (Demaris, 1992; p. 66):
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Table 5. Multinom ial logit regressio n estimates of netw ork structure and composition
on use of personal contacts for ® nding current job by race/ethnicity and gender (standar d

errors in parenthe ses)

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Black
Backgrou nd characte ristics

Age (years) 2 0.047** 2 0.020
(0.014) (0.016)

Male 2 0.187 0.844**
(0.237) (0.251)

Married 2 0.336 0.519**
(0.246) (0.256)

Kids in househol d 0.069 0.161
(0.290) (0.319)

Education (years) 2 0.424** 2 0.252**
(0.061) (0.066)

Network structure
Number of relation s 2 0.099 2 0.036

(0.133) (0.138)
Number of distinct individu als 0.044 0.063

(0.135) (0.139)
Number of multiple ties 0.045 2 0.052

(0.170) (0.180)

Network composition
Percentag e with partner 2 0.004 2 0.001

(0.003) (0.003)
Percentag e of kin support 2 0.006 2 0.011**

(0.005) (0.006)
Percentag e employed 2 0.009** 2 0.003

(0.004) (0.004)
Percentag e on aid 0.020** 0.015**

(0.005) (0.006)
Average years of educatio n 0.021 2 0.009

(0.043) (0.046)
Percentag e black 2 0.0003 0.001

(0.006) (0.007)
Percentag e white 2 0.012 2 0.021

(0.017) (0.021)
Percentag e Puerto Rican Ð Ð
Percentag e Mexican Ð Ð

Constant 7.548** 2.928**
(1.012) (1.099)

N 698
Chi-Squared 236.24* *

White
Backgrou nd characte ristics

Age (years) 2 0.015 0.036
(0.033) (0.039)

Male 2 2.705** 2 0.197
(0.685) (0.474)

Married 2 0.703 0.958*
(0.469) (0.550)
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Table 5. Multinom ial logit regressio n estimates of netw ork structure and composition
on use of personal contacts for ® nding current job by race/ethnicity and gender (standar d

errors in parenth eses)Ð continued

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Kids in househol d 2 0.289 2 0.669
(0.854) (0.736)

Education (years) 2 0.174 0.033
(0.109) (0.100)

Network structure
Number of relation s 2 0.305 0.110

(0.292) (0.293)
Number of distinct individu als 0.020 2 0.154

(0.302) (0.283)
Number of multiple ties 0.960** 2 0.194

(0.407) (0.381)

Network composition
Percentag e with partner 0.002 2 0.006

(0.007) (0.007)
Percentag e of kin support 0.074** 2 0.007

(0.023) (0.023)
Percentag e employed 2 0.010 0.021**

(0.007) (0.009)
Percentag e on aid 0.011 0.017

(0.011) (0.013)
Average years of educatio n 2 0.0004 2 0.128*

(0.071) (0.078)
Percentag e black 2 0.021 0.005

(0.014) (0.015)
Percentag e white 0.003 2 0.00001

(0.010) (0.011)
Percentag e Puerto Rican 0.007 2 0.0003

(0.013) (0.015)
Percentag e Mexican 2 0.027* 0.007

(0.016) (0.016)

Constant 2.916 2 2.119
(1.991) (2.137)

N 198
Chi-squar ed 108.76* *

Puerto Rican
Backgrou nd characte ristics

Age (years) 2 0.502* 2 0.040
(0.031) (0.034)

Male 2 2.045** 0.274
(0.418) (0.394)

American-b orn 2 0.834* 2 0.941**
(0.426) (0.469)

Married 0.038 0.585
(0.368) (0.428)

Kids in househol d 0.058 0.026
(0.834) (0.868)

Education (years) 2 0.357** 2 0.145*
(0.076) (0.079)
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Table 5. Multinom ial logit regressio n estimates of netw ork structure and composition
on use of personal contacts for ® nding current job by race/ethnicity and gender (standar d

errors in parenth eses)Ð continued

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Network structure
Number of relation s 2 0.070 2 0.139

(0.270) (0.275)
Number of distinct individu als 0.044 0.219

(0.262) (0.269)
Number of multiple ties 0.076 0.336

(0.345) (0.356)

Network composition
Percentag e with partner 2 0.002 0.006

(0.005) (0.006)
Percentag e of kin support 0.012* 0.012

(0.007) (0.008)
Percentag e employed 0.002 0.014**

(0.005) (0.006)
Percentag e on aid 0.026** 0.019*

(0.009) (0.011)
Average years of educatio n 2 0.061 2 0.078*

(0.044) (0.045)
Percentag e black 2 0.002 2 0.034

(0.015) (0.025)
Percentag e white 2 0.009 2 0.015

(0.010) (0.012)
Percentag e Puerto Rican 2 0.002 2 0.010

(0.006) (0.007)
Percentag e Mexican 0.011 2 0.0008

(0.010) (0.011)

Constant 6.670** 1.438
(1.812) (1.891)

N 320
Chi-squar ed 169.89

Mexican
Backgrou nd characte ristics

Age (years) 2 0.016 2 0.010
(0.028) (0.024)

Male 2 2.443** 2 0.335
(0.491) (0.328)

American-b orn 2 0.812 2 1.005*
(0.575) (0.516)

Married 2 0.063 0.414
(0.423) (0.384)

Kids in househol d 17.646* * 2 0.107
(1.131) (0.900)

Education (years) 0.039 2 0.032
(0.059) (0.050)

Network structure
Number of relation s 2 0.385 2 0.134

(0.357) (0.265)
Number of distinct individu als 0.562 0.222

(0.366) (0.272)
Number of multiple ties 0.538 0.256

(0.454) (0.360)
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Table 5. Multinom ial logit regressio n estimates of netw ork structure and composition
on use of personal contacts for ® nding current job by race/ethnicity and gender (standar d

errors in parenth eses)Ð continued

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Network composition
Percentag e with partner 0.001 2 0.010*

(0.006) (0.005)
Percentag e of kin support 0.003 0.010**

(0.007) (0.005)
Percentag e employed 2 0.013** 0.003

(0.006) (0.006)
Percentag e on aid 0.045** 0.022

(0.022) (0.024)
Average years of educatio n 2 0.024 2 0.005

(0.046) (0.040)
Percentag e black 2 0.027 2 0.023

(0.023) (0.028)
Percentag e white 0.004 0.002

(0.011) (0.010)
Percentag e Puerto Rican 0.013 0.013

(0.013) (0.012)
Percentag e Mexican 0.003 0.010

(0.008) (0.007)

Constant 2 16.757 0.069
Ð (1.456)

N 319
Chi-squar ed 148.13* *

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Note : two-tailed t-tests; * 5 p , 0.10; ** 5 p , 0.05.

logO 1 5 a 1 1 b 1
1X1 1 b 1

2X2 1 ¼ 1 b 1
kXk,

logO 2 5 a 2 1 b 2
1X1 1 b 2

2X2 1 ¼ 1 b 2
kXk,

logOm 2 1 5 a m 2 1 1 b m 2 1
1 X1 1 b m 2 1

2 X2 1
¼ 1 b m 2 1

k X
k
.

The superscripts on the parameter estimates

serve to distingu ish the effects of the ® rst

oddsÐ i.e. not workingÐ from those that

relate to the secondÐ i.e. found job through

personal contact. An equation could be writ-

ten for the third dependent oddsÐ i.e. the

odds of ® nding work through other methods;

however, there is no need to estimate the

third equation from the data since its par-

ameter estimates are just the differences

between the parameters in the ® rst two equa-

tions. All equations were estimated using

maximum-likelihood procedures, and the

contrast (or reference) group for all models is

employed respondents who found their job

through other methods.
7

Overall, these models indicate that job-

® nding through word-of-mouth operates dif-

ferently for members of different racial and

ethnic groups, depending on various individ-

ual background characteristics, as well as on

measures of network composition . The most

in¯ uential background characteristics include

sex, immigration status and education.

Taking each in turn, black males are

signi® cantly more likely to ® nd work

through word-of-mouth, while Puerto Rican

and Mexican men are signi® cantly less likely

to ® nd work through friends and relatives.

For whites, however, the respondent’ s sex

did not substantially in¯ uence the informal

job-® nding process.
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Table 6. Summary of results for major determ inants of job ® nding via word-of- mouth by race
and ethnicity

Black White Puerto Rican Mexican

Backgroun d character istics
Sex (male) 1 N/S Ð Ð
American-b orn $ $ Ð N/S
Education (years) Ð N/S Ð N/S

Social network characte ristics
Percentage of kin support Ð N/S N/S 1
Percentage on aid 1 N/S 1 N/S
Percentage employed N/S 1 1 N/S

N/S 5 no signi® cant effect on ® nding current job via word-of-mouth.
1 5 increases the likeliho od of ® nding current job via word-of-mouth.
Ð 5 decreases the likelihoo d of ® nding current job via word-of- mouth.
$ 5 relation ship not investig ated.

As for the impact of immigration and edu-

cation, Puerto Rican immigrants are

signi® cantly more likely to ® nd work

through personal contacts than are native-

born Puerto Ricans, whereas Mexican immi-

grants are no more likely than native-born

Mexicans to ® nd work through word-of-

mouth. More importantly, higher levels of

education signi® cantly reduce the likelihood

of ® nding a job through word-of-mouth for

blacks and Puerto Ricans, while having no

effect on whites and Mexicans.

As for the three measures of network

structure, none is a very good predictor of

who ® nds jobs through word-of-mouth, even

though non-whites, particularly males, tend

to have more constricted networks.8 How-

ever, several measures of network compo-

sition are related to ® nding work through

personal contacts, and a number of these

measures operate differently for each racial

and ethnic group. The most notable ® ndings

are as follows:

Ð The percentage of kin support signi® cantly

increases the likelihood of ® nding a job

through word-of-mouth for Mexicans, but

has the opposite effect for blacks.

Ð The percentage of a respondent’ s social

network that is receiving public aid

signi® cantly increases the rate of informal

job-® nding for blacks and Puerto Ricans,

but not for whites and Mexicans.

Ð The percentage of friends who are

employed signi® cantly increases the

chances of ® nding a job through friends

and relatives for whites and Puerto Ricans,

but not for blacks and Mexicans.

It is worth noting that the computations

that appear in Table 5 were also performed in

a separate analysis restricted only to African-

American cases from high-poverty areas (see

Table A1 in the Appendix). In general, the

parameter estimates from this analysis are

consistent with those from the analysis of

blacks in low-poverty areas.
9

Another analy-

sis was performed that included black

respondents from low- and high-poverty

areas with neighbourhood poverty as an

independent variable (see Table A2 in the

Appendix). The most notable ® nding from

this pooled analysis is that neighbourhood

poverty did not signi® cantly affect the likeli-

hood of ® nding a job through word-of-

mouth. However, the direction of this

coef® cient suggests that there is a positive

relationship between neighbourhood poverty

and ® nding work through word-of-mouth.

Moreover, when the social network indica-

tors are omitted from the model presented in

Table A1, the neighbourhood poverty

coef® cient becomes statistically signi® cant,

while remaining positive. Unfortunately, it is

unclear whether this re¯ ects the sorting of
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low-skilled workers into poor neighbour-

hoods who are more likely to compete for

jobs ® lled through word-of-mouth or whether

neighbourhood poverty actually fosters infor-

mal job-brokering activity.

Lastly, the question of whether there is a

relationship between not working and social

networks can also be addressed with the

preceding analysis. In general, those respon-

dents who are not working tend to be

younger, are less likely to be married and

have fewer years of education than either

those who found their job through personal

contacts or those who used some other meth-

od(s).

As for network differences, non-working

females tend to have more constricted social

networks, except for Mexican women; how-

ever, non-working male respondents are situ-

ated in social networks similar to those in

which working male respondents are situ-

ated. Not surprisingly, unemployed respon-

dents have social networks with less human

capital. That is, their networks have less

education, lower rates of employm ent and

are more likely to be on public aid. Unfortu-

nately, it is unclear whether these network

differences cause respondents to be discon-

nected from the labour market or whether not

working causes these network differences.

Discussion

Overall, these ® ndings suggest that there are

modest, yet important, racial and ethnic dif-

ferences in the structure and composition of

social networks among inner-city residents

from low-poverty areas in Chicago. While it

does not appear that any particular group is

excluded from employm ent opportunities

that are largely ® lled through word-of-

mouth, there are ethnic differences in the rate

of ® nding a job through word-of-mouth, as

well as ethnic and racial differences in the

way that social networks operate in the

labour market.

One important difference is the role that

sex plays in the informal job-® nding process

for different racial and ethnic groups.

Employed black men seem to be more

dependent on ® nding jobs through informal

methods than are employed men in any other

group. This may re¯ ect dif® culties some

black men experience ® nding jobs through

formal means, either because of discrimi-

nation or the perception among black men

that they are at a disadvantage when using

formal job-search methods. The greater

dependence of black men on personal con-

tacts to broker job-seekers and job vacancies

may explain why there is a perception that

black economic progress depends more on

who you know than what you know (Patter-

son, 1998).

Nevertheless, higher levels of education

actually decrease informal job-® nding for

blacks, as well as for Puerto Ricans. As

noted above, this is consistent with the more

general ® nding in the social-network litera-

ture that there is an inverse relationship

between socioeconomic status and the likeli-

hood of ® nding jobs through personal con-

tacts. It is surprising, however, that higher

levels of education do not substantially

reduce informal job-® nding for whites or

Mexicans. This seems to suggest that white

and Mexican workers are able to secure posi-

tions that are ® lled through word-of-mouth

even when their educational attainment rises.

A likely explanation for these differences is

that white and Mexican workers with higher

levels of education who live in low-poverty

areas of the inner city are situated in net-

works of social relations that provide greater

access to informal employm ent information.

Another important ® nding is the higher

rate of word-of-mouth job-® nding among

Puerto Ricans and Mexicans. This is likely to

re¯ ect the lower average rate of educational

attainment of both Spanish-speaking groups,

making them more likely to compete for

unskilled positions that employers largely ® ll

through word-of-mouth (Holzer, 1996).

Moreover, the vast majority of the respon-

dents in the UPFLS sample are immigrants

and have limited English-language skills.

This may reduce their ability to use more

formal job-search methods, while increasing

their dependence on personal contacts for

job-® nding. This appears to be the case for
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Puerto Ricans, but not for Mexicans. Perhaps

there is a greater sense of obligat ion among

Puerto Rican immigrants to assist other com-

patriots in the job market (Waldinger, 1996).

Moreover, Puerto Rican immigrants (com-

pared with Mexican immigrants) may be

more likely to work in small ethnic immi-

grant enterprises which have been found to

rely heavily on informal recruitment prac-

tices (Waldinger, 1986).

Perhaps more surprising is the ® nding that

blacks and Puerto Ricans who are employed

are more likely to ® nd work through a per-

sonal contact when more of their friends are

on welfare. Again, this may re¯ ect the fact

that welfare recipients have access to job

information from local welfare of® ces. It

may also suggest that participating in such

networks makes it harder to ® nd jobs through

more formal means or that the jobs for which

these individuals are competing are ® lled

through informal recruitment practices.

While networks with greater percentages

of friends who receive welfare are positively

associated with ® nding a job through word-

of-mouth among employed blacks and Puerto

Ricans, the percentage of kin support tends

to have the opposite effect for employed

blacks. Following Stack’ s (1974) argument

that relying on extended kin networks is a

survival strategy for many poor black women

and that these relationships often are over-

burdened by the level of need (Hannerz,

1969; Rainwater, 1970), it is possible that

families of black women who bear much of

the responsibility for childrearing and house-

work, as well as for traditional work, may

not feel much of an obligat ion to help rela-

tives to ® nd jobs.

The dynamic between kin-based networks

and ® nding a job through word-of-mouth

seems to work very differently for Mexicans.

That is, the more kin-based ties in a Mexican

respondent’ s social-support network, the

more likely s/he is to have found a job

through word-of-mouth. Perhaps there is a

greater sense of obligat ion among this group

to assist family members in the job-search

process.

While these results are important, they

should not overshadow the more general

® nding that social-network composition and

structure do not capture much of the vari-

ation in ® nding jobs through word-of-mouth.

There are two explanations that may account

for this outcome. As noted above, the ques-

tions which were used to generate the social-

network indicators are likely to elicit strong

ties, whereas job information is more likely

to come through acquaintances. It is also

possible that ® nding jobs through word-of-

mouth, as well as social mobility in general,

has more to do with luck, such as being in

the right place at the right time, than with

patterns of social relations (Jencks et al.,

1972).

Before contemplating the implications of

these ® ndings, it is important to discuss

whether these results can be used to make

inferences about networks and labour force

participation outside Chicago’ s inner city.

First, Chicago’ s notorious reputation as one

of America’ s most racially segregated cities,

if not the most segregated, may in¯ uence

these results. If we assume that some compo-

nent of network composition is a product of

local geography, then these data are likely to

underestimate the degree of ethnic and racial

integration in egocentric networks. This

seems likely given the low level of variation

in the ethnic and racial composition of re-

spondents’ networks. Perhaps in other cities

with less segregation there is more interac-

tion between ethnic and racial groups. If we

assume that intraracial relationships are more

often than not weak ties, and job information

transmitted between individuals from differ-

ent ethnic or racial groups is better at con-

necting job-seekers with job vacancies, then

the labour market returns to these types of

relationship are likely to be underestimated

in the current analysis.

Secondly, ® nding a job through word-of-

mouth is probably in¯ uenced by local labour

market conditions. At the time the UPFLS

data were collected, Chicago’ s unemploy-

ment rate was three percentage points higher

than the national average and had been con-

sistently higher since the mid 1970s. Under

these conditions, employers will probably be
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able to ® nd workers without enduring costly

recruitment methods. This would suggest

that employers would take advantage of cost-

less recruitment methods, such as word-of-

mouth. Moreover, the likelihood that workers

will utilise employment information that they

receive through informal channels is

increased, given the overall lack of employ-

ment opportunities in the local economy.

Therefore, it would not be surprising if some

of the network effects presented in this

analysis were reduced or eliminated under

tighter labour market conditions.

Implications and Limitations

These ® ndings suggest that residents of poor

urban communities face a labour market that

is organised, in part, by their networks of

social relations. These networks can either

limit or expand employment opportunities.

As a constraint, the lack of social ties which

broker employment opportunities presents a

structural barrier in the labour market which

can be overcome, according to these

® ndings, through increased educational

attainment. Higher levels of education, par-

ticularly among blacks and Puerto Ricans,

create more access to jobs found through

formal search methods, and reduce the need

for informal job-brokers in the labour mar-

ket.

In addition, these ® ndings suggest that a

critical factor in explaining differences in

word-of-mouth job-® nding among these

racial and ethnic groups is the percentage of

employed friends. For whites and Puerto

Ricans, the percentage of employed friends

does signi® cantly increase access to employ-

ment through word-of-mouth; however, for

blacks and Mexicans, the percentage of

employed friends has no effect on the infor-

mal job-® nding process. This suggests that

employers do not trust the referrals of

employed friends of blacks and Mexicans

and/or employed friends of blacks and Mexi-

cans are unable and/or unwilling to broker

jobs. In either case, these results indicate that

higher-status friends are an advantage in the

job-® nding process for some groups, but not

for others.

Since blacks do not seem to bene® t from

higher-status friends in the job-® nding pro-

cess, attempts to situate inner-city residents,

particularly blacks, in networks of gainfully

employed individuals will probably increase

employment, perhaps through a process of

socialisation, but will have no effect on job-

® nding via word-of-mouth. As a result, these

® ndings indicate that mentoring programmes,

as well as dispersal strategies, including Sec-

tion 8 vouchers and mixed-income housing

programmes, that target black inner-city resi-

dents, will not be able to achieve one of their

primary objectives: reconnecting hard-to-

employ inner-city workers to critical infor-

mal job networks.

At a more general level, these results sug-

gest that more contacts are not necessarily an

advantage in the informal job-® nding pro-

cess. Moreover, there seems to be an inverse

relationship between the socioeconomic

status of personal contacts and ® nding work

through word-of-mouth. Unfortunately, the

limitations of the data prevent any conclusive

statements about the effect of tie-strength on

informal job-® nding.

Before concluding, it is important to men-

tion the limitations of the data used in this

paper. First, the need to restrict the sample to

low-poverty areas in order to control for the

impact of neighbourhood poverty, while

allowing for racial and ethnic comparisons,

limits our understanding of how concentrated

poverty alters networks for different ethnic

groups. Secondly, the data used in this analy-

sis are restricted to parents between the ages

of 18 and 47; this restriction limits the gener-

alisable nature of the ® ndings. Thirdly, the

social-network indicators are largely treated

as exogenous variables in this analysis when,

in reality, they are the product of numerous

selection processes as well as the life-cycle.

Fourth ly, the measure of whether respon-

dents found jobs through a friend or relative

is quite crude and is likely to underestimate

the actual rate of ® nding jobs through word-

of-mouth.

Given these shortcomings, future research
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should improve on the present effort by using

data that overcome a number of these limita-

tions. Just as important, however, is the need

to use data collected from num erous locales

which will allow for the incorporation of

regional economic indicators that may

in¯ uence the rate of ® nding jobs through

word-of-mouth. Such research should also

try to measure changes in social networks as

a result of mounting urban dislocations and

how these changes affect mobility patterns.

While quantitative research may help to

address these needs, qualitative methods

could help to generate hypotheses that

explain some of the current ® ndings, and in

turn, could help to generate new hypotheses.

Efforts to address these issues will contribute

to our very limited understanding of how

social networks mediate economic oppor-

tunity, while also enhancing our general

understanding of the social organisation of

poor urban communities.

Notes

1. The role of social networks in explanat ions
of urban joblessne ss is also closely related to
the spatial mismatch hypothesis (for a
review of this literatur e, see Holzer, 1991).
This theory states that if discrim ination in
housing markets lim its the residenti al loca-
tion of black owners, then it should discour-
age them from searching for and acceptin g
jobs at workplaces far from black neigh-
bourhoo ds. This is thought to restrict black
employm ent, particul arly among inner-ci ty
resident s, by increasin g commuting expenses
and travel times. Housing markets may also
constrai n the employment opportunities of
inner-ci ty residents by clustering individu als
with sim ilar socioecon omic characte ristics
into various communities. If we assum e that
informal job information ¯ ows through
neighbo urhood ties, then the sorting of indi-
viduals and groups into differen t neighbo ur-
hoods may disadvan tage resident s of poorer
areas since they may not be as likely to
interact with individu als who have stable
work historie s and can help them ® nd a job.

2. Inform al job-sear ch has been found to
account for 90 per cent of the black±white
differen ce in the probabi lity of youth
employm ent (Holzer, 1987).

3. For a more detailed account of the theoreti -

cal assum ptions of how social networks
operate in labour markets see Lin’ s (1990)
discussio n of the linkage between social
resource s and instrum ental action.

4. It is important to note that the survey
research literatur e does not consisten tly
show that whites, as compared with blacks,
are as likely to ® nd work through word-of-
mouth. For exam ple, Corcoran et al. (1980)
found that black responde nts from the 1978
Panel Study of Incom e Dynam ics were more
likely than whites to have found their jobs
through an informal referral . But Holzer’ s
® nding that black youth are less likely to
® nd work through a personal contact is sup-
ported by a study of Boston youth that ran-
dom ly sampled 1200 respondents from three
poverty neighbo urhoods and found that 51
per cent of whites and 41 per cent of blacks
acquired their jobs through word-of-mouth
(cited in Granovett er, 1995, p. 140). Unfor-
tunately , it is impossible to tell whether
these differen ces represen t actual racial vari-
ation in ® nding work through word-of-
mouth or are a result of the respond ents’
age, local labour market conditio ns and/or
question naire wording.

5. These categori es are slightly peculiar in that
they incorporate both racial and ethnic con-
structs. The decision to separate the His-
panic category into Puerto Rican and
Mexican, while aggregat ing white and black
cases (without distingu ishing ethnic cate-
gories within these groups) , is rooted in an
attem pt to represen t ethnic differen ces, while
maintaining a suf® cient number of cases in
each category .

6. Since the most isolated individu alsÐ i.e.
those that named no friendsÐ did not
respond to the network-com position ques-
tions, the total number of friends is con-
trolled for in these tables to account for
possible selection bias (see Marsden and
Hurlbert, 1987).

7. Since there are signi® cant interacti ons
between race, ethnicit y and several social-
network indicato rs, separate equation s were
computed for each racial and ethnic group.
The social-ne twork measures where intro-
duced into each model separatel y, monitor-
ing changes in the other coef® cients. While
the measures of social netw orks show a
modest correlat ion, the results do not dra-
matically change when each variable is
introduced separate ly. However, the absence
of Puerto Rican and Mexican friends in
black respond ents’ social netw orks creates
collinear ity problem s in the model for
blacks. To resolve this estim ation problem ,
the percenta ge Puerto Rican and percenta ge
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Mexican variable s are omitted in these
models.

8. The analysis of racial and ethnic differen ces
across dimensions of network structure and
composition , including the indepen dent
effects of race and ethnicity on various mea-
sures of social netw orks, is availabl e from
the author upon request.

9. A modi® ed version of the model that appears
in Table A1 was calculate d to estim ate the
effect of public housing on ® nding a job
through word-of- mouth (not show n in
tables). Since very few public housing ten-
ants in the UPFLS sample are non-black
males in low-poverty areas, this analysis was
restricted to black women in high-po verty
areas. Similarly, since almost all of these
respond ents had children in the househo ld
and most reported no white friends, these
variable s were omitted. As expected , public
housing signi ® cantly increase d the likeliho od
of not working. However, for employed
respond ents, public housing signi® cantly
increased the likeliho od of ® nding work
through word-of-mouth. These results are
availabl e from the author upon request.
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Appendix

Table A1. Multinom ial logit regressio n estim ates of network structur e and composition
on use of personal contacts for ® nding current job for blacks in high-poverty areas

(standar d errors in parenthe ses)

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Backgroun d character istics
Age (years) 2 0.092** 2 0.027

(0.030) (0.038)
Male 2 1.313** 0.389

(0.503) (0.557)
Married 2 0.802 2 0.061

(0.510) (0.611)
Kids in househol d 0.755 0.094

(0.627) (0.716)
Education (years) 2 0.589** 2 0.348**

(0.124) (0.145)

Network structure
Number of relations 2 0.211 2 0.341

(0.329) (0.525)
Number of distinct individu als 0.005 0.468

(0.329) (0.531)
Number of multiple ties 0.090 0.253

(0.411) (0.597)

Network composition
Percentage with partner 0.007 0.003

(0.006) (0.008)
Percentage of kin support 2 0.004 2 0.001

(0.009) (0.013)
Percentage employed 2 0.018** 2 0.005

(0.008) (0.011)
Percentage on aid 0.005 0.001

(0.010) (0.013)
Average years of educatio n 2 0.036 0.116

(0.069) (0.090)
Percentage black 0.022** 2 0.011

(0.011) (0.013)
Percentage white 0.025 2 0.009

(0.035) (0.034)
Percentage Puerto Rican Ð Ð
Percentage Mexican Ð Ð

Constan t 11.103** 3.849
(2.069) (2.396)

N 247
Chi-squared 107.8**

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Note: two-tailed t-tests; * 5 p , 0.10; ** 5 p , 0.05.
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Table A2. Multinom ial logit regressio n estim ates of network structur e and composition
on use of personal contacts for ® nding current job for blacks from low- and high-po verty
areas with neighbourhood poverty as an independ ent variable (standard errors in

parenthe ses)

Contrast group: Found current
found current job Not job through
through other method(s) working personal contact( s)

Backgroun d character istics
Age (years) 2 0.052** 2 0.026*

(0.012) (0.014)
Male 2 0.422** 0.692**

(0.203) (0.212)
Married 2 0.450** 0.354*

(0.205) (0.217)
Kids in househol d 0.150 0.036

(0.253) (0.268)
Education (years) 2 0.443** 2 0.250**

(0.052) (0.056)

Network structure
Number of relations 2 0.057 2 0.084

(0.114) (0.133)
Number of distinct individu als 2 0.010 0.125

(0.114) (0.132)
Number of multiple ties 2 0.002 2 0.019

(0.146) (0.168)

Network composition
Percentage with partner 2 0.001 0.001

(0.003) (0.003)
Percentage of kin support 2 0.005 2 0.010**

(0.004) (0.004)
Percentage employed 2 0.011** 2 0.004

(0.003) (0.004)
Percentage on aid 0.013** 0.009*

(0.004) (0.005)
Average years of educatio n 0.026 0.051

(0.034) (0.039)
Percentage black 0.004 2 0.004

(0.005) (0.006)
Percentage white 2 0.002 2 0.007

(0.015) (0.014)
Percentage Puerto Rican Ð Ð
Percentage Mexican Ð Ð
Neighborhood poverty 3.002** 0.977

(0.713) (0.861)

Constan t 6.823** 2.759**
(0.905) (0.994)

N 1026
Chi-squared 389.91* *

Sources: Urban Poverty and Family Life Survey (1987) and US Census (1979).
Note: two-tailed t-tests; * 5 p , 0.10; ** 5 p , 0.05.
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