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ABSTRACT

Assuming there are always sufficient data waiting to be
transmitted, adaptive modulation and coding (AMC) at the
physical layer have been traditionally designed separately
from higher layers. However, this assumption is not al-
ways valid when queuing effects are taken into account at
the data link layer. In this paper, we analyze the perfor-
mance of a wireless system with finite-length queuing and
AMC. We characterize the queuing service processinduced
by AMC, and derive the recursion of the queue state. We
then construct a finite state Markov chain (FSMC) with a
state pair containing both the queue and the queue server
state, and compute its stationary distribution. The latter
enables us to derive closed-form expressions for the packet
loss rate and the average throughput. Guided by our per-
formance analysis, we also introduce a cross-layer design,
which optimizes the target packet error ratein AMC at the
physical layer, to minimize the packet loss rate and maxi-
mi ze the average throughput, when combined with a finite-
length queue at the data link layer.

I. INTRODUCTION

To enhance the spectral efficiency while adhering to
a target error performance over wireless channels, adap-
tive modulation and coding (AMC) have been widely used
to match transmission parameters to time-varying channel
conditions; see e.g., [1] and references therein.

However, existing AMC schemes rely on the salient as-
sumption that data are continuously available at the trans-
mitter: whatever modulation-coding modes are chosen at
the physical layer to match the wireless channel, there
are sufficient data waiting to be transmitted in the queues
(buffers) at the data link layer. However, in practical com-
munication systems with randomly arriving data streams,
the queues may be empty from time to time, even though
thewireless channel can accommodate transmissions. This
leads to a dynamic behavior of the queue, the impact of
which on AMC has not been investigated so far.

On the other hand, the service process of the queue feed-
ing an AMC module, is no longer deterministic, which is
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Fig. 1. The overal system diagram

not the case with non-adaptive modulations. Indeed, the
service process is affected by the wireless medium, and
depends on how the AMC module adapts its parameters to
channel variations. Furthermore, the queue length (buffer
size) isfinite in practice. When the buffer is full and over-
flow occurs, excess packets have to be dropped. The effect
of overflow also needs to be taken into account when ana-
lyzing the overall system performance.

The interaction of queuing with AMC provides interest-
ing design problems. Consider for instance the packet loss
rate of the end-to-end system, that is defined as the ratio
of the number of incorrectly received packets at the desti-
nation over those transmitted from the source. The packet
loss rate is affected by both the queuing overflow, and the
packet reception error.

In this paper, we analyze jointly finite-length queuing
and AMC. We first characterize the queuing service pro-
cess dictated by AMC, and derive the queue state recur-
son. Then, we construct a finite state Markov chain
(FSMC) with a state pair containing both the queue and
the queue server state, and compute its stationary distribu-
tion. The latter enables usto obtain the packet loss rate and
the average throughput, in closed-form. Based on the per-
formance analysis, we develop a cross-layer design, which
optimizes the target packet error rate of AMC at the physi-
cal layer, to minimize the system packet loss rate and maxi-
mize the average throughput, when combined with afinite-
length queue at the datalink layer.
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[l. MODELING
A. System and Channel Models

Fig. 1(a) illustrates an end-to-end connection between
a server (source) and a subscriber (destination), which in-
cludes awireless link with a single-transmit and a single-
receive antenna. We focus on the downlink here, although
our results are applicable to the uplink aswell. Asdepicted
in Fig. 1(b), afinite-length queue (buffer) is implemented
at the transmitter, and operatesin afirst-in-first-out (FIFO)
mode. The queue feedsthe AMC controller at the transmit-
ter. The AMC selector isimplemented at the receiver. The
layer structure of the proposed system is shown in Fig. 2.
The processing unit at the datalink layer is apacket, which
comprises multiple information bits. On the other hand,
the processing unit at the physical layer is a frame, which
consists of multiple transmitted symbols. The packet and
frame structures will be detailed soon.

We assume that multiple transmission modes are avail-
able, with each mode representing a pair of a specific
modulation format, and a forward error correcting (FEC)
code, asin the HIPERLAN/2, and the IEEE 802.11a stan-
dards. Based on channel state information (CSl) estimated
at the receiver, the AMC selector determines the modula-
tion coding pair (mode), which is sent back to the transmit-
ter via a feedback channel, for the AMC controller to up-
date the transmission mode. Coherent demodulation and
maximum-likelihood (ML) decoding are employed at the
receiver. The decoded bit streams are mapped to pack-
ets, which are pushed upwards to layers above the physical
layer.

We consider the following group of transmission modes:
TM: Convolutionally coded M,,-ary rectangular or square
QAM modes, adopted from the HIPERLAN/2 and IEEE
802.11a standards [3], which are listed under Table |, in a
rate ascending order.

Although we will focus on TM in this paper, other trans-
mission modes can be similarly constructed.

At the physical layer, we deal with frame by frametrans-
missions, where each frame contains a fixed number of
symbols (Ng). Given a fixed symbol rate as in [3], the
frame duration (7' seconds) is constant, and representsthe
time-unit throughout this paper. Each frame at the physi-
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Fig. 3. The packet and frame structures

cal layer may contain one or more packets from the data
link layer. The packet and frame structures are depicted in
Fig. 3. Each packet contains a fixed number of bits (/Vy),
which include packet header, payload, and cyclic redun-
dancy check (CRC) bits. After modulation and coding with
mode n of rate R,, (bits/symbol), each packet is mapped to
asymbol-block containing N,/ R,, symbols. Multiple such
blocks, together with N, pilot symbols and control parts,
congtitute one frame to be transmitted at the physical layer,
as in the HIPERLAN/2, and the IEEE 802.11a standards
[3]. If mode n isused, it follows that the number of sym-
bols per frameis Ny = N, + N,N,/R,,, which implies
that IV, (the number of packets per frame) depends on the
chosen mode.

At thedatalink layer, the queue hasfinite-length (capac-
ity) of K packets. For analytical convenience, the arrival
process upon the queue is modeled as Poisson distributed
with rate \T'y packets/time-unit, asin [2].

We next list the assumptions adopted in this paper:

A1l: The channel is frequency flat, and remains invariant
per frame, but is allowed to vary from frame to frame.
This corresponds to a block fading channel model, which
is suitable for slowly-varying fading channels. As aconse-
gquence, AMC is adjusted on aframe-by-frame basis [4].
A2: Perfect channel state information (CSl) is available at
the receiver using training-based channel estimation. The
corresponding mode selection isfed back to the transmitter
without error and latency, asin [1].

A3: When the queue is full, arriving packets are dropped
and are not recovered by end-to-end (server-to-subscriber)
or link-layer retransmissions, asin video transmissionsvia
UDP (user datagram protocol) [10].

A4: Error detection based on CRC is perfect, and the serial
number as well as CRC parity bits in each packet are not
included in the throughput calculation.

AS5: If apacket is received incorrectly at the receiver after
error detection, we drop it, and declare packet loss [10].

For flat fading channels adhering to A1, the channel
quality can be captured by a single parameter, namely the
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TABLEI
TRANSMISSION MODES IN TM WITH CONVOLUTIONALLY CODED MODULATION

Model | Mode2 | Mode3 | Mode4 | Mode5 |

Modulation BPSK | QPSK | QPSK | 16-QAM | 64-QAM
Coding rate R, 1/2 1/2 3/4 3/4 3/4
R, (bitssym.) 0.50 1.00 1.50 3.00 450

an, 274.7229 | 90.2514 | 67.6181 | 53.3987 | 35.3508
In 7.9932 3.4998 | 1.6883 | 0.3756 0.0900
Ypr (dB) -1.5331 | 1.0942 | 3.9722 | 10.2488 | 15.9784

(The generator polynomia of the mother codeis g = [133,171].)

received signal-to-noise ratio (SNR) ~. Since the chan-
nel varies from frame to frame, we adopt the genera
Nakagami-m model to describe ~ statistically [7]. There-
ceived SNR ~ per frame is thus a random variable with a
Gamma probability density function (pdf):

m.m—1
(),
Y

7 (m) @

py(7) =
where 5 := E{~v} isthe average received SNR, I'(m) :=
Jo t™ L exp(—t)dt is the Gamma function, and m is
the Nakagami fading parameter (m > 1/2). We choose
the Nakagami-m channel model because it encompasses a
large class of fading channels; e.g., itincludesthe Rayleigh
channel as aspecia casewhenm = 1 [7].

B. Adaptive Modulation and Coding

The objective of AMC is to maximize the data rate by
adjusting transmission parameters to the available CSl,
while maintaining a prescribed packet error rate P,. Let
N denote the total number of transmission modes avail-
able (N = 5 for TM). Asin [1], we assume constant
power transmission, and partition the entire SNR range
into N + 1 non-overlapping consecutive intervals, with
boundary points denoted as {fyn}anol. In this case,

mode n ischosen, when~ € [y, Yn+1)- 2
To avoid deep channel fades, no data are sent when ~y <
v < 71, which corresponds to the mode n = 0 with rate
Ry = 0 bitg/symbol. The design objective for AMC isto
determine the boundary points {v,,} 7.

For simplicity, we approximate the packet error rate
(PER) in the presence of additive white Gaussian noise

(AWGN), as[4, eg. (5)]:

if 0<v <,

3
ity >, O

1
PER,(y) ~<
") {an exp (=gn7),

where n isthe mode index, v isthe received SNR, and the
mode-dependent parameters a,,, g,, and -,,, are obtained
by fitting (3) to the exact PER. With packet length NV, =
1,080, the fitting parameters for transmission modes TM

areprovided in Table | [4]. Based on (1) and (2), the mode
n will be chosen with probability [1, eg. (34)]:

Tn+1 '(m, ™) — T'(m, ™zt
Pr(n) = [ o)y =

whereT'(m, z) := [ t™ ! exp(—t)dt isthe complemen-
tary incomplete Gamma function. Let PER,, be the aver-
age PER corresponding to mode n. In practice, we have
Yn > Ypn, and thus obtain PER,, as (c.f. [1, eq.(37)]):

. 1 Tn+1
PER,, = 0 /7 an €xp(—gn)py (7)dy
apm™
~ Pr(m)D(m)ym

I‘(m, bn’}’n) - F(m7 bn%ﬂ-l)
()™ ’

where b, := m/y + g, n = 1,..., N. The average PER
of AMC is computed as the ratio of the average number of
packetsin error over the total average number of transmit-
ted packets[1]:

ZnNzl R,Pr(n)PER,

PER = 4
a1 RaPr(n) @
We want to find the thresholds {%}5:01, so that the pre-

scribed Py is achieved for each mode: PER,, = Py, which
naturally leads to PER = P, based on (4). Given P,, 7,
and m, the following threshold searching algorithm deter-
mines {v, }"*}', and guarantees that PER,, is exactly P:
Step 1: Setn = N,and Y41 = +00.

Step 2: For each n, search for the unique ~,, € [0, vy,+1]
that satisfies: PER,, = P, .

Step 3. If n > 1, set n = n — 1, and go to Step 2; other-
wise, go to Step 4.

Step 4: Set 9 = 0.

The SNR region [, vn+1) corresponding to transmis-
sion mode n congtitutes the channel state indexed by n. To
describe the transition of these channel states, werely on a
FSMC model, which we develop next.

C. Finite Sate Markov Chain Channel Model

Assuming slow fading conditions so that transition hap-
pens only between adjacent states, the probability of tran-
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sition exceeding two consecutive statesis zero [9]; i.e.,

P,=0, |l-nl>2.

()

The adjacent-state transition probability can be determined
by [9, eg. (10) and (12)]:

Nn+1Tf
Pr(n) ’

F

_ NuTy
n,TL*l - Pr(n)’

(6)

Pn,n+l =

where N,, is the cross-rate of mode n (either upward or
downward). IV,, can be estimated as[8, eg. (17)]:

n T () () o

where f; denotes the mobility-induced Doppler spread.
The probability of staying at the same state n is.

1-— Pn,n+1 — Pn,n—l, if 0<n< N,
Pn,n =q1- P()’l, if n= , (8)
I—PN7N_1, if n=N.

In summary, we model the channel as a FSMC with an
(N 4+ 1) x (N + 1) state transition matrix:

Poo Foa 0 e 0
Py Py Pio 0
0 -+ Pn-oin-—2 Pnoan-1 Pynon
o - 0 Py n-1 Py N

9)
I1l. FINITE-LENGTH QUEUING WITH AMC

We first characterize the queuing service process dic-
tated by AMC, and specify the queue state recursion. Then,
we construct an enlarged FSMC with a state pair contain-
ing both the queue and the queue server state, and compute
its stationary distribution. The latter enables us to obtain
the packet loss rate and the average throughput.

A. The Queuing Service Process based on AMC

Different from non-adaptive modulations, AMC dictates
a dynamic, rather than deterministic, service process for
the queue, with a variable number of packets transmit-
ted per time unit. Let ¢ index the time units, and C;
(packets/time-unit) denote the number of packets transmit-
ted using AMC at time ¢. Corresponding to each transmis-
sion mode n, let ¢,, denote the number of packets transmit-
ted per time-unit. We then have:
CyeC, (20)

C:= {60,61,...,61\/},

where ¢,, takes positive integer values (see also Fig. 3).
Suppose for therate R = 1 transmission mode (e.g., Mode

Number of Arrival Pakcets : At At
Queue State: Ut Uta Ut
L | J
Time Index : t-1 t
Queuing Server State : Ct1 Ct

Fig. 4. The recursive queuing model

2inTM), atotd of b packets are accommodated per frame.
We then have ¢,, = bR,,, where b is up to the designer’s
choice.

As specified by (10), the AMC module yields a queue
server with atotal of N + 1 states {c,, }Y_, with the ser-
vice process C; representing the evolution of server states.
Since the AMC mode n is chosen when the channel enters
the state n, we model the service process C; as a FSMC
with transition matrix given by (9).

B. Queue Sate Recursion

Having modeled the queuing service process, we now
focus on the queue itself. Let U; denote the queue state
(the number of packets in the queue) at the end of time-
unit ¢, or, at the beginning of time-unit ¢ + 1, as shown
in Fig. 4. Let A, denote the number of packets arriving
at timet. Itisclearthat U, € U := {0,1,...,K}, and
A e A:={0,1,...,00}. Weassume that A; is Poisson
distributed with parameter X7’y [2, pp. 164]:

(ATf)* exp(=ATy)

P(At:a):{ = a0, gy

0, otherwise,

and ensemble-average E{A;} = A\Ty.

We assume that the transmitter first moves packets out
of the queue at the beginning of time ¢, based on the
server state C;. Arriving packets are placed into the queue
throughout the time dot ¢. After moving C; packets out of
the queue, the number of packets left in the queueis.

Ly = max{0,U;—1 — C}. (12

The number of free slots in the queue at the beginning of
timet isthus:

Ft =K — Lt =K — maX{O, Ut—l - Ct} (13)

Let us now focus on the packets arriving at time ¢. If
Ay < F;, dl arrivals enter the queue, and the queue state
becomesU; = L;+A;. Ontheother hand, if A; > F;, only
F} packetsenter the queue, and theremaining A, — F; pack-
ets are dropped. The corresponding queue state becomes
U, = K. Therecursion of the queue state can therefore be

summarized as follows:
Ut = HliIl{K, maX{O, Ut,1 - Ct} + At} (14)

To anayze the system performance, we need to find the
stationary distribution of the queue state. Notice that the
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recursion of queue state U, is affected by the server state
C;. Tofind the stationary distribution, we will construct an
enlarged FSM C with astate pair containing both the queue
and the server states, similar to the approach taken by [6].

C. Queuing Analysis

Let (Ui—1,C:) denote the pair of queue and server
states, and P, c),(v,q) denote the transition probability
from (U1 = u,Cy = ¢) to (Uy = v,Cyy1 = d), where
(u,c) €U x C,and (v,d) € U x C. We organize the state
transition probability matrix in ablock form:

Ajo -+ Aok
P= : , (15)
Ako Ak K
where the sub-matrix A,, ,, is defined as:
P(u,co),(v,co) P(u,co),(v,cN)
P(u7cN),(v,c0) o P(u,cN),(v,cN)

We next simplify P, ) (»,q) &S

Pu,e),(v,d)

= P(Ut =, Ct+1 = d‘Ut_l = u, Ct = C)

= P(Ct+1 = d\Ct = C)P(Ut = U’Ut_l = u, Ct = C)

= c,d'P(Ut = U|Ut—1 =u, Cy = C) > (17)
where the second equality follows from the fact that Cy. 1
only depends on C;. As explained in Section IlI-A,
P(Cy41 = d|Cy = ¢) can be found from the entries of
P.in(9). Based on (14), one can easily verify that:
P(Ut = ’U’Ut_l = u, Ct = C) =

{P(At =v—max{0,u—c}), If0<v<K,

(18)

1— Z PlUy=v|Ui—1 =u,Cr=c¢), ifo=K
0<v<K

Combining (16), (17), and (18), we obtain P in (15).

In [5], we prove that the stationary distribution of the
FSMC (U1, Cy) exists and is unique. Let this stationary
distribution be:

PU=u,C=c):= tlim PUi—1 =u,Cy=c¢). (19)

For notational convenience, let 7(, .y := P(U = u,C =
¢), and define the row vector:
™ :[7'((0700), ce 7”(0701\7)’ ce 77T(K,co)> ce ?W(K,CN)]' (20)

The stationary distribution of (U;_1, C) can then be com-
puted from the equality (see also [2, pp. 259]):

> T =1,
ueU,ceC

which implies that = is the left eigenvector of P corre-
sponding to the eigen-value 1.

7w = 7P, (21)

D. System Performance

We are now ready to evaluate the system performance
with a finite-length queue and AMC. Let P; denote the
packet dropping (overflow or blocking) probability upon
gueuing. A packet from the source is correctly received
by the subscriber, only if it is not dropped from the queue
(with probability 1 — P), and it is correctly received
through the wireless channel (with probability 1 — F).
Hence, the overall packet loss rate, defined as the ratio of
the number of incorrectly received packets at the destina
tion over those transmitted from the source, is:

E=1-(1-r)01-hR). (22)
The average throughput can then be evaluated as:
n=E{A}(1-¢) = (A\Ty)-(1 - Py)-(1-F). (23)

Hence, to evaluate the system performance in terms of
packet loss rate and average throughput, we need P;.

Let D, denote the number of packets dropped at time ¢.
From (13), we express D; as.

Dy = max{0, A; — K + max{0,U;_1 — C}}, (24)

which depends on A;, U;_1, and C;. We are interested in
finding the stationary behavior of Dy, ast — oo. Let us
define (U, C) := tlirgo(Ut_l, Ct), where the existence of
a stationary distribution for the state pair (U;—1, C;) was
established in Section 111-C. Since Poisson processes have
independent increments [2], i.e., A; is independent of ¢,
the limiting stationary distribution of A; existsast — oc.
Letting A := tlggo A;, we have:

P(A=a)=P(A; = a), (25)
and E{A} = E{A;} = \T;. Based on (24), the stationary
distribution of D, exists and is given by:

D := tlim D; = max{0, A— K+max{0,U—-C}}. (26)

Using (26), the ensemble-average number of packets dropped
per time-unit can be calculated as:

D

acAueld,ceC
-P(A=a)-P(U=u,C=c), (27)
wherethe equality follows becausethe arrival processisin-

dependent of the queue and the queue server states. Based
on (25) and (27), we can compute P; as.

iy 2 De _ E{D} _ E{D}
T—o0 Z;{zl A E{A} )\Tf

E{D} = max{0,a—K+ max{0,u — c}}

Py (28)
where the time average dropping probability equalsits en-
semble counterpart [5]. With Py, Py, and ATy available,
we can now compute £ and n from (22) and (23), respec-
tively.
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V. CROSS-LAYER DESIGN

Given certain parameters fy, 7, and m, it is desirable
to optimize system performance metrics (such as £ and 1),
through optimizing Py, K, A, and T, subject to practical
congtraints. As asimple example, we here fix (K, A, 1),
and only optimize P, in AMC to minimize &, which also
maximizes n as shown in (23).

Notice that P, affects ¢ in (22) in two different ways. It
directly controls the packet error rate over wirelesslinks at
the physical layer, and aso indirectly affects the packet
dropping probability P; at the data link layer. Hence,
a simple approach is to numericaly find the optimal Fy
among all possible choices, as we detail next:

Step 1: Compute (FPy) from (22) for each Py € P, where
P isthe set of possible target PER values, eg., P = { P :
0< Py < 1}.

Step 2: Determine the optima P as:

PSP = argmin £(P) .
PyeP

(29)

These steps are repeated, each time the system parameters
fa, 7, m, K, A\, Ty are updated.

Notice that £(Fy) in Step 1 is affected by parameters at
the data link layer, namely K and A, through P;. Thus,
the optimal Py*" at the physical layer in Step 2 takes into
account the data link layer characteristics. This simple ex-
ample offersindeed a cross-layer design paradigm. Aswe
will confirm by numerical results, such designs improve
the system performance relative to the case where P is set
“blindly” at the physical layer without taking into account

upper layers.

V. NUMERICAL RESULTS

In this section, we present numerical resultsfor TM. We
assume that the frame length is 7y = 2 (ms) and b = 2.
We fix the set of reference parameters as follows: average
SNR % = 15 (dB); Doppler frequency f; = 10 (H2), i.e,
faTy = 0.02; Nakagami fading parameter m = 1; queue
length K = 50 (packets), and Poisson arrival rate \T'y = 2
(packets/time-unit).

We plot ¢ asafunction of Py in Fig. 5. For each curve,
we modify only one parameter from the reference parame-
ters. We consider the following parameters:

1. Poisson arrival rate ATy = 1.6 (packets/time-unit);
2. Nakagami parameter m = 1.1;

3. queue length K = 100 (packets);

4. Doppler frequency f; = 5 (Hz), i.e., f47y = 0.01.

Comparing the curvesin Fig. 5, we infer that:

1. Reducing the arrival data rate via decreasing \ leads to
small P, and thuslowers¢;

2. Improving channdl quality via increasing m reduces
packet reception errors; so, £ decreases,

3. Increasing queue length K decreases P;, which de-
creases¢; and

10 T T T
—4— SNR=15, fdTf =0.02, m=1, K=50, ATf =2

—6- SNR=15, fdTf =0.02, m=1, K=50, ATf =1.6
—=— SNR=15, fdTf =0.02, m=1.1, K=50, ATf =2
—— SNR=15, fdTf =0.02, m=1, K=100, ATf =2
—E- SNR=15, fdTf =0.01, m=1, K=50, ATf =2

Packet Loss Rate &

10°

Target Packet Error Rate PO

Fig. 5. Packet lossrate vs. target packet error rate

4. A lower Doppler frequency f,; leads to longer fading-
duration, which increases €.

On each curve in Fig. 5, the minimum value of € is
depicted by star; the corresponding P, is the solution of
our cross layer designin (29).
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