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Abstract

We present a new and simple approach to deviation inequalities for
non-product measures, Le., for dependent random variables. Our method
is based on coupling. We illustrate our abstract results with chains with
complete connections and Gibbsian random fields, both at high and low
temperature.
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1 Introduction

By now, deviation and concentration inequalities for product measures have be­
come· a standard and powerful tool in many areas of probability and statistics, .
such as density estimation [5], geometric probability [20], etc. A recent mono­
graph about this area is [11] where the reader can find much more information.
Deviation inequalities for dependent, strongly mixing random variables were
obtained for instance in [18, 17]. Later, in the context of dynamical systems
Collet et al. [3] obtained an exponential deviation inequality using spectral
analysis of the transfer operator. In [10], C. Kiilske obtained an exponential
deviation inequality in the context of Gibbs random fields in the Dobrushin
uniqueness regime. Therein the main input is Theorem 8.20 in [7] which al­
lows to estimate uniformly the terms appearing in the martingale difference
decomposition in terms of the Dobrushin matrix. Besides exponential devia­
tion inequalities, moment inequalities have been obtained in, e.g., [2, 4, 5, 17].
In the dependent case, we also mention that K. Marton [13, 14, 15] obtained
concentration inequalities based on "distance-divergence" inequalities and cou­
pling (with a different approach than ours). In particular, she obtains in [14]
results for a class of Gibbs random fields under a strong mixing condition close
to Dobrushin-Shlosman condition. Let us notice that this method of "distance­
divergence" inequalities inherently implies exponential deviation inequalities for
Lipschitz functions (wrt to Hamming distance for instance).

In the present paper, we obtain abstract deviation inequalities using a cou­
pling approach. We prove an upper bound for the probability of deviation from
the mean for a general function of n variables, taking values in a finite alphabet,
in term of a "coupling matrix" D. This matrix expresses how "well" one can
couple in the far "future" if the "past" is given. If the coupling matrix can be
uniformly controlled in the realization then an exponential deviation inequality
follows. If the coupling matrix cannot be controlled uniformly in the realization
then typically upper bounds for the moments are derived.

As a first application of our abstract inequalities, we obtain an exponential
deviation inequality for Gibbsian random fields in a "high" temperature regime
complementary to the Dobrushin uniqueness regime, and for chains with com­
plete connections with a summable continuity rate. A second application is in
the context of the low-temperature Ising model where we obtain upper bounds
for the moments of a general local function. This is a typical situation where
the coupling matrix cannot be controlled uniformly in the realization. Our de­
viation inequalities are new and yield various non-trivial applications which will
the subject of a forthcoming paper.

The paper is organized as follows. In Section 2, we state and prove our
abstract inequalities, first in the context of random processes, and next in the
context of random fields. Section 3 deals with the examples of high-temperature
Gibbs measures, chains with complete connections, and finally of the low tem­
perature Ising model.
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2 Main results

Let A be a finite set. Let 9 : An -t ~ be a function of n-variables. An element a
of the set AN is an infinite sequence drawn from A, Le., a = (a1, a2, ... ,ai, ... )
where ai E A. With a slight abuse of notation, we also consider 9 as a function
on AN which does not depend on ak, for all k > n. The variation of 9 at site i
is defined as

6ig := sup Ig(a) - g(a')I·
Uj=uj,'Vj#i

A deviation inequality is an estimate for the probability of deviation of the
function 9 from its expectation, Le., an estimate for

P{g -lEg;::: t} (1)

for all n ;::: 1 and all t > 0, within a certain class of probability measures 1P'.
For example, an exponential deviation inequality is obtained by estimating the
expectation

IE [eA(g-E9)]

for any>.. E ~, and using the exponential Chebychev inequality.
However, there are natural examples where the exponential deviation in­

equality does not hold (see the example of the low-temperature Ising model
below). In that case we are interested in bounding moments of the form

IE [(g -lEg)2PJ

to control the probability (1).
In this section, we use a combination of the classical martingale decompo­

sition of 9 - lEg and optimal coupling to perform a further telescoping which
is adequate for the dependent case. This will lead us to a "coupling matrix"
depending on the realization a E AN. This matrix quantifies how "good" future
symbols can be coupled if past symbols are given according to a. Typically, we
have in mind applications to Gibbsian random fields. In that framework, the
elements of the coupling matrix can be controlled uniformly in a in the "high­
temperature regime". This uniform control leads naturally to an exponential
deviation inequality. At low temperature we can only control the coupling ma­
trix for "good" configurations, but not uniformly. Therefore the exponential
deviation fails and instead we will obtain Rosenthal-type inequalities for the
moments of 9 - lEg; see e.g. [17] for the case of sums of random variables. De­
vroye inequality [4] is an example of such an inequality for the second moment
(in the Li.d. case).

2.1 The coupling matrix D

We now present our method. For i = 1, 2, ... ,n, let :Fi be the sigma-field
generated by the random variables al,'" ,ai, and Fo be the trivial sigma-field
{0,O}. We write

n

g(al,"" an) -IEg(a1, ... , ern) = L Vi(a)
i=l

3
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where
1;i(a) := lE[gIFi] (a) -lE[g!Fi-I](a) =

I lP'(d7Ji+1 ... d7Jnl a1' ... ,ai) g(aI' ... ,ai, 7Ji+1, ... ,7Jn)

-I lP'(d7Ji'" d7JnlaI, ... ,ai-I) g(aI, ... ,ai-I, 7Ji, 7Ji+1,"" 7Jn) =

I lP'(d7Ji+I ... d7Jnl a1,'" ,ai) g(a1,'" ,ai, 7Ji+1, , 7Jn)

-IlP'(d7Jila I ... ,ai-I)! lP'(d7Ji+1 ... d7Jnl a I ... ,ai-I7Ji) g(aI' ,ai-I, 7Ji, 7Ji+I,' .. ,7Jn) :5

maxI lP'(d7Ji+I'" d7Jnl a1,"" ai = a) g(aI, ... ,ai-I, a, 7Ji+1,"" 7Jn)
aEA

- minI lP'(d7Ji+I ... d7Jnl aI, . .. ,ai = (3) g(aI, ... ,ai-I, (3, 7Ji+1, ... ,7Jn) .
,BEA

(3)

Denote by lP'i,a,,B = 1P'~~:,B the optimal coupling of the conditional distribu­
tions lP'(d7J~i+1h ... ai = a) and lP'(d7J~i+1laI ... ai = (3), and introduce the
(infinite) upper-triangular matrix D = D(j defined for i,j EN by

D ., . - D(j .- max 1P'(j {,.,.(I).J.. ,.,.(2) }
~,t+J - i,i+j'- a,,BEA i,a,,B vi+j T vi+j . (4)

Notice that if the ai's are mutually independent, then D is the identity matrix
because the conditional distributions lP'(d7J~i+IlaI ... ai = a) and
lP'(d7J>i+1la1'" ai = (3) are equal. Hence we have a perfect coupling in this case.

We proceed with the following simple telescoping identity:

n-i
_. ~r7I2 9-.~ vi,i+j .

j=O

We have the following implications:

aB-Jj = a;~j :::} \7U+jg = 0
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(5)

(6)

(7)

(1)...J. (2) 12 r
O'i+j r O'i+j =} "Vi,i+jg :::; ui+jg.

Therefore using (3) and (4) we arrive at the inequalities

n-i
Vi :::; Yi - Xi :::; L Di,i+jOi+jg = (Dog)i

j=O

where og denotes the column vector with coordinates Ojg, for j = 1, ... , n, and
o for j > n.

2.2 Uniform decay of D: exponential deviation inequality

Let Di,j := SUPUEAN Df,j' We assume that

IIDOOII~ := sup IIDooxll~ < 00.
xEl z(N),llxllz=l

We then have the following theorem.

THEOREM 1. If (6) is valid, then for all n E N and all functions 9 : An -t JR.,
we have the inequality

lP' {g -lEg 2': t} :::; e-IIDOOII~ lIogll~ .

PROOF. We have the following lemma which appears in [5].

LEMMA 1. Suppose:F is a sigma-field and Zl, Z2, V are random variables such
that

2. lE(VI:F) = 0

3. Zl and Z2 are:F-measurable

Then, for all >. E JR., we have

lE(e>.v IF) :::; eAZ (Z2- Z1)2/s . (8)

We apply this lemma with V = Vi, :F = :Fi-1, Zl = Xi -lE[gl:Fi-1], Z2 =
Yi -lE[gl:Fi- 1]. Remember the inequality

Yi - Xi :::; (Dog)i .

We obtain
(9)

Therefore, by successive conditioning, and the exponential Chebychev inequal­
ity,

lP' {g -lEg ~ t} :::; e-AtlE ( eA2:f=l Vi)
< e-AtlE (lE(eAVnIFn_1)e>'2:f';/Vi)

< ... :::; e-AteA21lDootigllVS :::; e->'teA21IDooll~ IltigllVs. (10)
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Now choose the optimal >. = 4t/(IIDOOII~ IloglI~) to obtain the result. 0

From (7) we deduce

2.3 Non-uniform decay of D: moment inequalities

If the dependence on a of the elements of the coupling matrix cannot be con­
trolled uniformly, then in many cases we can still control the moments of the
coupling matrix. To this aim, we introduce the (non-random, Le., not depend­
ing on a) matrices

(11)

for all pEN.

A typical example of non-uniformity which we will encounter, for instance
in the low-temperature Ising model, is an estimate of the following form:

(12)

where '¢i,i+j does not depend on a, and where f i are unbounded functions of
a with a distribution independent of i. The idea is that the matrix elements
Di,i+j "start to decay" when j ~ fi(a). The "good" configurations a are those
for which fi(a) is "small".

In the particular case when (12) holds, in principle one still can have an
exponential deviation inequality provided one is able to bound

However, in the examples given below, the tail of the fi will be exponential or
stretched exponential. Henceforth, we cannot deduce an exponential deviation
inequality from these estimates.

We now prove an inequality for the variance of 9 which is a generalization
of an inequality derived in [4J in the LLd. case.

THEOREM 2. For all n E N, all functions 9 : An -+ lR we have the inequality

(13)

PROOF. We start again from the decomposition (2). Recall the fact that
lE [Vi IFj J = 0 for all i > j, from which it follows that lE [ViljJ = 0 for i =F j.

6



Using (5) and Cauchy-Schwarz inequality we obtain

n

lE [(g - lEg) 2J = lE L v?
i=l

n n n

= L L L lE (Di,kDi,l) 5kg519
i=l k=ll=l

n n nil

< L LL lE (Dl,k) '2lE (Dl,l) '2 5kg5lg
i=l k=ll=l

= IIV(2)5gll~

< IIV(2) II~ 115gl!~.

o

REMARK 1. In the i.i.d. case, the coupling matrix D is the identity matrix.
Hence inequality (13) reduces to

which the analogue of Devroye inequality !4J.
In case (12) holds, we have the following proposition.

PROPOSITION 1. Assume that there exists E > 0 such that lE(f6+E) < 00, and
assume moreover that 11~112 < 00. Then IIV(2) 112 < 00.

1 1
PROOF. Let Pi,i+j := lE(.1{fi 2: j})'2 = lP'(fo 2: j)'2, where we used that the

distribution of f i is independent of i by assumption. It suffices to prove that
1!P112 < 00. Since

IIPII~ s IIPl!lllPIIoe
it suffices to prove that IIPlIl, IIPlloo < 00. We have

(14)

where CE > O. We have for the other norm:

IIPlll = s~p L !Pi,jl = s~p L I~,jl (15)
J J i~j

= s~p LlP'(fi 2: j - i)~ = s~p LlP'(fo 2: j - i)~
J i~j J i~j

< CElE(f~+f).
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o

Notice that this proposition can also be proved using Young's inequality
since P is a convolution operator.

We now turn to higher moment estimates. We have the following theorem.

THEOREM 3. There exists a constant C > 0 such that for all n E N, all
functions 9 : An -+ JR, for any pEN, we have

PROOF. We start from (2) and get

IE [(g -IEg)2PJ = L'" LIE (l'i1 .. , l'i2P ) •

il i2p

This sum can be estimated by applying the martingale version of the Marcinkiewicz­
Zygmund inequality [19, Theorem 3.3.6] since IE[ViIFj] = 0 for all i > j. This
gives

IE [(g -IEg)2pJ ~ CP p2p IE[(L Vi2)PJ
i

where the constant CPp2p can be deduced from the proof of Theorem 3.3.6 in
[19].

We now estimate the rhs by using (5):

IE [(L Vi2)PJ

= I>··LIE (Vi~ .. ·Vi;)
il i p

< L'" LIE [(DOg);l ... (Dog);p]
il i p

~ ;f;.i~. k~.E (nD,.JA..) (n 'i.g ,..g)
p

< L L L II (Vi~1))~;~rOjrgOkr9)
il,.'ip jl'··jp kl,,·kpr=l

= IIV(2p)ogll~p:S Ilv(2P) II~P lIogll~P

where in the fourth step we used the inequality

2p
IE(h' .. lzp) ~ II(IEUi

2p )) $
i=l

which follows from Holder inequality. D

In the situation when (12) holds, we have the following proposition.

8
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PROPOSITION 2. Let pEN. Assume that there exists € > 0 such that
IE(.e~P+€) < 00, and that there exist a constant c > 0 and 0 < a $; 1 such
that 'l/Ji,i+j < e-cjU for all i EN. Then IIP(P) 112 < 00.

PROOF. The proof follows the line of the proof of Proposition 1. Now let
1 1

~,i+j = 1P'(.ei 2: j)2ii = 1P'(.e0 2: j)2ii. It suffices to show that IIPI12 < 00. In
turn, it is sufficient to prove that IlPlioo < 00 and IIPIII < 00. Let €' > 0 to be
fixed later on. We have

IIPlloo = l:/~;l(Hel) 1P'(.e0 2: j)fp r2~;1 (He') (18)
j

.1.. 2p-l

'" (~PP-l)(1+") P(lo ::, j)) " (~rl-'') " ~ C;~ IE(I;'*')';;

where in the last step we have chosen €' = €/(2p -1) and where C~,p > o. 0

Using Theorem 3, Proposition 2 and Chebychev inequality, we immediately
obtain the following deviation inequality:

IP' {Ig - IEgl > t} $; Kp "O~~~P

for all t > 0, where Kp := 2(P(2p - 1))PIIP(2p)ll~p.

REMARK 2. The assumption on 'l/J in the proposition is far from being optimal.
However, it will be satisfied in all examples below.

2.4 Random fields

We now present the extension of our previous results to random fields. This
requires mainly notational changes. We work with lattice spin systems. The
configuration space is n = {-, +}Zd, endowed with the product topology. We
could of course take any finite set A instead of {-, +}. For A C Zd and CT, TJ E n
we denote CTATJAc the configuration coinciding with CT (resp. TJ) on A (resp. AC

).

For CT E n and x E Zd, CT:Z; denotes the configuration obtained from CT by flipping
the spin at x. A local function 9 : n - R is such that there exists a finite subset
A C Zd such that for all CT,TJ,W, g(CTAWAc) = g(CTATJAc),

We denote o:z;g = suPu Ig(CT:z;) - g(CT)1 the variation of gat x. og denotes the
map Zd - lR. : x 1--+ oxg.

We introduce the spiraling enumeration r : Zd _ N illustrated in the figure
for the case d = 2.

We will use the abbreviation ($; x) = {y E Zd : r(y) $; r(x)} and similarly
we introduce the abbreviations « x). By definition F 5,x denotes the sigma-field
generated by CT(y), Y $; x and F<o denotes the trivial sigma-field.

For any local function 9 : n - lR., we have the analog decomposition as in
(2):

9 - IE(g) = l: Vx

xEZd

9
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....;....

....: .: : : .
· .....: -: : ; .· . . .· .· .. : ;. : : : .· .· , ..· ....;------t .
? 8 9 :10

..6..J 2

where

s ~ 3 ." , .

......... . .. . . . .. . . . . . . .

+FETJEETF ....:....

(20)

Vx := JE [gl.r<xJ - JE[gl.r<xJ .
The analog of the coupling matrix is the following matrix indexed by lattice
sites x, y E 7l,d

where JP~,+,_ denotes the optimal coupling between the conditional measures
lP(·IO"<x,+.,) and lP(·IO"<x,-.J

We first consider the case of uniform decay of D. In that case, the expo­
nential deviation inequality of Theorem 1 holds with the norm of .e2(7l,d), i.e.,
Ilogll~ = L:xEZd (oxg)2.

THEOREM l' Assume that

Dr::y := sup Dx,y(O")
q

(21)

is a bounded operator in .e2(Zd). Then for all local functions 9 we have the
following inequality

(22)

In the non-uniform case, the moment inequalities of Theorems 2 and 3
extend immediately as follows. The analog of (12) is

(23)

where 'ljJ(n) decays at least as a stretched exponential, i.e., there exist C, c > 0
and 0 < Q' :::; 1, such that 'ljJ(n) :::; Ce-cn" for all n ~ 1. We assume that the
distribution of .ex is independent of x. We extend the matrix V defined in (11)
by putting

V(P) := JE(DP )l/px,y x,y

10



for x, y E 7ld •

THEOREM 2' For all local functions g, for any pEN, we have

The analog of Propositions 1 and 2 is the following:

PROPOSITION 2' Let pEN. Assume (23) is satisfied and that there exists
f > 0 such that JE(t'~dp+€) < 00. Then II'V(2p)112 < 00.

REMARK 3. It is immediate to extend the previous inequalities to integrable
functions 9 belonging to the closure of the set of local functions with the norm
Illglll := lIogl12. Notice that Theorem l' implies that such functions are LP(JID) for
any pEN.

2.5 Existence of the coupling by bounding the variation

We continue with random fields and state a proposition which says that if we
have an estimate of the form

for some matrix D, then there exists a coupling with coupling matrix b such
that its matrix elements decay at least as fast as the matrix elements of D. We
formulate the proposition more abstractly:

PROPOSITION 3. Suppose that JID and Q are probability measures on nand
9 : n -t IR such that we have the estimate

IJEp[g] - JEIQ[g] I :::; :L p(x)oxg
xEZd

for some "weights" p : tld -t 1R+. Suppose r.p : tld -t lR+ is such that

:L p(x)r.p(x) < 00.

xEZd

Then there exists a coupling p, of JID and Q such that

:L P,{X1(x) =I X 2(x)} r.p(x) :::; :L r.p(x)p(x) < 00.

xEZd xEZd

PROOF. Let Bn := [-n, n]d n 7ld. Define the "cost" function

C':f:((j, (j') := :L l(jx - (j~1 r.p(x).
XEBn

(24)

Denote by JlDn, resp. Qn, the joint distribution of {(jx,x E Bn} under JID, resp.
Q. Consider the class of functions

get:= {gl 9 E FBn , Ig((j) - g((j')I:::; :L r.p(x)ff{(jx =I (j~}, V(j,(j' En}.
xEZd

11



It is obvious from the definition that 9 E gct, if, and only if, 9 is :FB",­
measurable and

(8xg)(cr) ~ cp(x) Vx E Bn, Vcr En.

Therefore, if (24) holds, then for all 9 E gct,

IlEp[g] -lEQ[g]1 ~ 2: p(x)oxg ~ 2: p(x)cp(x).
xEZd xEZd

Hence, by the Kantorovich-Rubinstein duality theorem [16], there exists a cou­
pling fln of lP'nand Qn such that

Pn(C!f:(cr,cr')) =Pn (2: cp(x).l{X1(x) -::/=X2(Xn) ~ 2: cp(x)p(x).
XEB", xEZd

By compactness (in the weak topology), there exists a subsequence along which
P-n converges weakly to some probability measure p. For any k ~ n, we have

Pn (2: cp(x)1{X1(x) -::/= X2(Xn) ~
xEBk

Pn (2: cp(x)1{X1(x) -::/= X2(Xn) ~ L cp(x)p(x).
xEB", xEZd

Therefore, taking the limit n ~ 00 along the above subsequence yields

We now take the limit k ~ 00 and use monotonicity to conclude that

o

We shall illustrate below this proposition with the example of Gibbs random
fields at high-temperature under the Dobrushin uniqueness condition.

3 Examples

3.1 High-temperature Gibbs measures

For the sake of convenience, we briefly recall a few facts about Gibbs measures.
We refer to [7] for details.

A finite range potential (with range R) is a family of functions U(A, cr)
indexed by finite subsets A of Zd such that the value of U(A, cr) depends only

12



on aA and such that U(A,a) = 0 if diam(A) > R. If R = 1 then the potential
is nearest-neighbor.

The associated finite volume Hamiltonian with boundary condition 'fJ is then
given by

H1(a) = L U(A,aA'fJAc).
AnA:;C0

The specification is then defined as

e-H1(lT)
/'A(al'fJ) = Z1) .

A

We then say that lP' is Gibbs measure with potential U if /'A (171,) is a version of
the conditional probability lP'(aAIFAc).

Before we state our result, we need some notions from [6]. What we mean by
"high temperature" will be an estimate on the variation of single-site conditional
probabilities, which will imply a uniform estimate for disagreement percolation.
Let

P:r: := 2sup 1lP'(ax = +laZd\x) -lP'(a~ = +la~d\x)l·
IT,o-'

From [6, Theorem 7.1] it follows that there exists a coupling r~,+,_ of the
conditional distributions lP'(·la<x,+x) and lP'(·\a<x, -x) such that under this
coupling

1. For x > Y, the event X 1 (y) ¥ X 2 (y) coincides with the event that there
exists a path /' C Zd \ « x) from x to Y such that, for all z E /"

X 1(z) =1= X 2(z). We denote this event by "x-y".

2. The distribution of 1{X1(y) =1= X 2(y)} for y E Zd \ (~x) under lP'~,+,_ is
dominated by the product measure

Let Pc = Pc(d) be the critical percolation threshold for site-percolation on Zd.
It then follows from statements 1 & 2 above that, if

(25)

then we have the uniform estimate

lP'~,+,_ {X1(y) =1= X 2(y)} $; II vPII(x-y) ~ e-c\:r:-yl. (26)
yEZd\(S:r:)

Then we can apply Theorem l' to obtain

THEOREM 4. Let U be a nearest-neighbor potential such that (25) holds. Then
for the coupling matrix (20) we have the uniform estimate

D (a) < e-C1:r:-ylx,y _

13



for some C > O. Hence we have the following exponential deviation inequality:
for any local function 9 and for all t > 0

lP' {g ....., JEg ~ t} :5 e-IIDoolI~ lIogll~ •

REMARK 4. Theorem 4 can easily be extended to any finite range potential.

Theorem 4 was obtained in [10] in the Dobrushin uniqueness regime using
a different approach. The high-temperature condition which we use here is
sometimes less restrictive than Dobrushin uniqueness condition, but sometimes
it is more restrictive. However, Dobrushin uniqueness condition is not limited
to finite range potentials. We now apply Proposition 3 to show that in the
Dobrushin uniqueness regime, there does exist a coupling of lP'(·Ia<x,+.,) and
lP'(·la<x,_.,) such that the elements of the associated coupling matrix decay at
least as fast as the elements of the Dobrushin matrix. The Dobrushin uniqueness
condition is based on the matrix

CX,y := 2 sup !lP'(ax = +laZd\x) -lP'(ax = +la~d\x)l·
(7,17' :UZd\y=U~d\y

This condition is defined by requiring that

sup L Cx,y < 1
XEZdyEZd

and the Dobrushin matrix is then defined as

,6.x,y := L C::,y .
n~O

We now have the following proposition:

PROPOSITION 4. Assume that the Dobrushin uniqueness condition holds. For
any cp : Zd -t jR+ such that for any x E Zd,

then there exists a coupling r~,+,_ oflP'(·la<x,+:,,) and lP'(·la<x,_.,) such that

L cp(y) r~~,_ {X}(y) =I X2(y)} < 00.

yEZd

PROOF. From [10, Lemma 1], we have the estimate

II lP'(dryla<x,+.,)g(ry) - I lP'(dryla<x,_,,,)g(ry) I :5 L (:lx,y + ,6.y,x)5yg
yEZd

(where :1x,y denotes the Kronecker symbol).

14



We can apply Proposition 3 to conclude the proof. 0

As an example we mention that if the potential is finite-range and translation­
invariant and satisfies the Dobrushin uniqueness condition, we have for large
enough Ix - yl

fj" < e-clx-yly,x _

and hence there exists a coupling JP>~;:;,_ such that

JP>~;:;,_ {X1(y) -# X 2 (y)} :5 e-c'lx-yl

for all c' < c and large enough Ix - yi.
Unhappily, we are not able to construct explicitly such a coupling.

3.2 Chains with complete connections

Here we deal with a class of chains with complete connections and use a cou­
pling estimate proved in [9]. Let A be a finite set (the alphabet). A chain
with complete connections (OJ)jEZ, aj E A, distributed according to IP' has the
property that the sequence defined as

Cn := sup sup IlP'k((jkla~~) -lP'k(akla~=~~~~-l)1
kEZ u,~EAz

converges to 0 as n tend to 00. This sequence is called the continuity rate of
the chain. We further assume that the continuity rate is summable, Le.

Lcn < 00.

n

We also assume the following non-nullness condition to hold:

inf inf IP'k(akla~~) =: '13 > O.
kEZuEAZ

(27)

(28)

For this class of chain with complete connections we have the following
exponential deviation inequality.

THEOREM 5. Assume that (aj)jEZ is a chain with complete connections such
that (27) and (28) hold. Then there exists a constant C > 0 such that for all
n E N, all functions 9 : An -t R and all t > 0, we have the estimate

PROOF. The theorem will be proved if the assumption of Theorem 1, Le. (6),
is satisfied by our class of chains with complete connections. But the proof of
the main theorem in [9] contains an estimate which immediately implies that

supD?,?+. < (1- 'I3)j
iEN l,l J -

which obviously implies (6) since '13 > O. 0

15



3.3 The low-temperature Ising model

It is clear that for the Ising model in the phase coexistence region, no ex­
ponential deviation inequalities can hold. Indeed, this would contradict the
surface-order large deviations for the magnetization in that regime (see e.g. [8]
and reference therein). Nevertheless, we shall show that we can control the
moments of all local functions.

We consider the low-temperature plus phase of the Ising model on Zd, d ~ 2.
This is a probability measure lP't on lattice spin configurations a E n, defined

as the weak limit as A i Zd of the following finite volume measures:

lP't~(O"/\) = exp (/3 L axay+ /3 Lax) / Zt,~ (29)
<xy>E/\ <xy>,xE8/\, yfl./\

where /3 E R+, and Zt,~ is the partition function. In (29) < xy > denotes
nearest neighbor bonds and 8A the inner boundary, i.e. the set of those x E A
having at least one neighbor y rf. A. The existence of the limit A i Zd of lP't~ is
by a standard and well-known monotonicity argument, see e.g. [7].

For any 17 En, A c Zd we denote by lP'x,~ the corresponding finite volume
measure with boundary condition 17:

Later on we will have to choose /3 large enough.
We can now formulate our result on moments of arbitrary local functions.

We shall show that we can apply Theorem 2' and Proposition 2'.

THEOREM 6. Let lP' = lP't be the plus phase of the low-temperature Ising model
defined above. There exists /30 > /3e, such that for all /3 > /30, for al PEN,
there exists a constant Cp E (0, 00) such that for all local functions g, we have

Consequently, for all t > 0, we have the deviation inequalities

lP' [lg - JEgl > t] :5 Cp 116iz~;P .

PROOF. The theorem follows from Theorem 2' and Proposition 2' if we obtain
the bound (23) with good decay properties for the tail of the distribution of lx.
This is the content of the following proposition. 0

PROPOSITION 5. Let lP' = lP't be the plus phase of the low-temperature Ising
model. There exists /30 > /3e such that for all /3 > 130, the inequality (23) holds
together with the estimate

16



for all n E Nand
, I QI

lP'{.eo 2: n} ~ G e-cn

for some c, c', G, G' > 0 and 0 < a ~ 1.

PROOF. We shall make a coupling of the conditional measures lP'(·la<x,+.,)
and lP'(-la<x,-x)' This coupling already appeared in [1] (see also [6]). Both
conditional measures are a distribution of a random field wy, y rt (~ x).
We start with the first site Yl > x according to the order induced by r.
We generate Xl(Yl) and X 2(yI) as a realization of the optimal coupling be­
tween lP'(aY1 = ·Ia<x,+x) and lP'(aY1 = ·Ia<x,-x)' Given that we have gener­
ated Xl(Y), X 2(Y), ... ,Xl (Yn) ,X 2(Yn) for Y = Yl,· .. , Yn, we generate Xl(Yn+l),
X 2(Yn+l) for the smallest Yn+l > Yn as a realization of the optimal coupling
between

By the Markov property of lP' we have the following: if there exists a contour
separating Y from x such that for all sites z belonging to that contour we have
Xl(z) = X 2(z), then Xl(y) = X 2(y). The complement of this event (of having
such a contour) is contained in the event that there exists a path of disagreement
from x to Y, i.e., a path 'Y C tld \ « x) such that for all z E 'Y, Xl(z) =f. X2(Z).
Denote that event by Exy • Clearly its probability is bounded from above by the
probability of the same event in the product coupling. In turn the event E xy is
contained in the event Ety that there exists a path 'Y from x to Y in tld \ « x)
such that for all z E 'Y, (Xl (Z),X2(Z)) =f. (+,+). In [12] the probability of that
event in the product coupling is precisely estimated from above by

(30)

for some G, C > 0, where .ex (a) is an unbounded function of a with tail estimate

for some G', c' > 0 and 0 < a < 1. For the reader's convenience, we briefly
comment on these estimates. The ideas is that the conditional measure lP'('I~<x)

resembles the original unconditioned plus phase (in tl d \ (~ x)) provided ~
contains "enough" pluses. "Containing enough pluses" is exactly quantified by
the random variable .ex(~): (.ex(~) ~ n) is the event that for all self-avoiding
path 'Y of length at least n, the magnetization along 'Y,

1
m,(~) := -IIL ~z

'Y zE,

is close "enough to one". If this is the case then under the conditional measure
we still have a Peierls' estimate, which produces the exponential term in (30).
We refer to [12] for more details. 0
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