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Abstract

We use linear and superficial quadratic variations to identify a bijec-
tive space deformation that makes a non-stationary Gaussian random field
stationary.
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tions; space deformation; stationary reducibility

1 Introduction

In spatial statistics we are often concerned with non-stationary phenomena.
For most applications dealing with a non-stationary Gaussian random field, the
first step in classical approaches consists of removing expectation, dividing the
residual by the standard deviation and modelling the residual as a stationary
process. That is to say, the random field Y = {Y(z,%9) : (z,y) € G C R?}
(where GG stands for Geographical space) under study is of the form

Y(z,y) = p(z,y) +o(z,y)Z(z,y),

where pu(z,y) = EY (z,y), o(z,y)? = BE(Y (z,y) — p(z,y))? and Z(x,y) is a re-
duced (centred and standardised) stationary Gaussian random field. Then the
non-stationarity of the random field Y is simply understood as non-stationarity
of both the first order moment p(z,y) and the standard deviation o(z,y). Nev-
ertheless, Z can also be non-stationary. In this case, Sampson and Guttorp 11|
propose a transformation of the index space G with a bijective space deforma-
tion. Formally, it consists of modelling Z(x,y) as

Z(x,y) = 6(®(x,y)), (1)
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where ¢ is stationary and ® = (®1,®y) : G — D (where D stands for Deformed
space) is a bijective deformation. Equivalently, the correlation function r of Z
is

’)"(.I,y,.’l?’,y’) =R (¢($’ayl) - ¢(*Tay)) ) (2)

where R is a stationary correlation function in R?.

In this paper, we consider a reduced Gaussian random field Z indexed by
G = [0,1]? satisfying (1)-(2) and we suppose that the stationary correlation R
is known. Our concern is the functional estimation of the space deformation ®
using a set of suitable linear and superficial quadratic variations of Z.

The quadratic variations are first introduced by Lévy [8] who shows that
if Z is the standard Wiener process on [0, 1], then almost surely its quadratic
variation on [0, 1] converges to 1. Baxter |2] and further Gladyshev [3] generalise
this result to a large class of Gaussian processes. Guyon and Leon [5] introduce
the H-variations for stationary Gaussian processes, a generalisation of these
quadratic variations. They study the convergence in distribution of the H-
variations, suitably normalised.

For Gaussian process Z with stationary increments, Istas and Lang [6] define
general quadratic variations, substituting a general discrete difference operator
to the simple difference Z(k/n) — Z((k — 1)/n). They use these quadratic
variations to estimate the Holder index of a process.

For non-stationary Gaussian processes, with increments stationary or not,
Perrin [9] gives a general result concerning the functional asymptotic normality
of the process of the quadratic variations which corresponds to the linear inter-
polation of the points (p/n, V,(p/n)), p =1,2,... ,n, with V,,(p/n) the discrete
quadratic variations at points p/n. This result is applied to the estimation of a
time deformation for non-stationary models of the form Z(z) = §(®(z)), = €
[0, 1].

The generalisation of quadratic variations for stationary Gaussian fields is
studied in Guyon [4] and Leon and Ortega [7|. Another generalisation for non-
stationary Gaussian processes and quadratic variations along curves is done in
Adler and Pyke [1]. Guyon [4] shows that some stationary random fields can be
identified in mean square sense using different families of variations. Using some
of these families allows us, in this paper, to generalise the result of [9] to the
estimation of a space deformation for non-stationary models of the form (1)-(2).

The paper is structured as follows. Section 2 sets up notations, assump-
tions, definitions and describes the superficial and the linear quadratic varia-
tions. In Section 3, we study the pointwise mean square (Ly) convergence of
these quadratic variations. Finally in Section 4, we propose an estimator of
® which converges in Lo to ®. This estimator is defined with the help of the
superficial and the linear quadratic variations.

2 Linear and Superficial quadratic variations

Let Z = {Z(z,y), (z,y) € [0,1]?} be a real-valued reduced Gaussian random
field with correlation r satisfying (2).



For any differentiable function f : (z,y) € [0,1]> — R, we denote using
f(m,m) the p1, po-partial derivative of f with respect to z and y. Assume for
the stationary correlation function R

(A1) R(u,v) satisfies when u — 0 and v — 0 :
R(u,v) =1 — alu| — Blv| + O(uv), where @ >0 and > 0.

(A2) RZ9(u,v), RO (u,v), RO?) (u,v) exist and are uniformly bounded in
{(w,0) 7 O}, {(u,0)  wo # 0}, {(u,0) v £ 0.
For instance, the stationary exponential model R(u,v) = exp(—a|u| — §|v])

satisfies (A1)-(A2).
We consider the following smoothness assumption for the deformation ®

(B1) & has uniformly bounded second derivatives in [0, 1]2.

We restrict to bijective deformations ® = (®1,®y) such that ®; and @4 satisfy
the following assumptions for all (z,y) € [0,1]?

B2) " (z,9) > 0,80 (z,9) > 0,8 (z,y) > 0,88 (z,4) > 0.

Moreover, it is reasonable to assume that the Jacobian determinant of ® is
strictly positive in [0, 1]2. In particular, it follows from (B2) that for all (z,y) €
[0,1]% we have
0,1 0,1
"V (z,y) o (z,y)

o'V (z,y) @ (z,y)

01
(B3) a= sup 1 < inf () =b.

1 \rJ/ —2 \mJJ
(z,9)€[0,1]2 (I)l (.’I}, U) (z,9)€[0,1]2 @gl’ﬂ)(.’ﬂ, U)

It is easy to see (cf. [10]) that if (®, R) is a solution to (2), then any other
solution (@, R) is of the form ®(z) = B®(z,y) + b and R(u) = R(B~'u), where
B is a regular square matrix and b is a vector in R?. Thus, without loss of
generality, we may impose that

®(0) = 0. (3)

Bijections ® = (®q,®,) such that ®¢(z,y) = F(z) and ®y(z,y) = G(y)
for all (x,y) € [0,1]?, where F and G are two twice continuously differentiable
strictly increasing functions in [0,1], as are F~! and G, satisfy (B1)-(B3)
with @ = 0 and b = oc. More generally, twice continuously differentiable bi-
jections ® = (@1, ®3) in [0,1]?, as are !, with strictly positive first partial
derivatives and where ®; does not depend on y (respectively ®5 does not de-

pend on z) satisfy (B1)-(B3) with a = 0 (respectively b = 0o). Bijections of

the form
T azT + ey + ey
—
<y> <d1$+d2y+d3wy>’



wherec; >0,¢c9 > 0,¢c3>0,dy >0,dy >0,ds > 0and (CQ+C3)(d] +d3) < c1doy,
satisfy (B1)-(B3). These deformations transform lines onto lines and reduce to
linear transformations when ¢3 = d3 = 0. In this case Z is already a stationary

. . L= d
process with correlation function R(u,v) = R((u,v)M) where M = < i] d] ) .
2o a9

Let n and m be two positive integers, I, ,, the product partition of [0, 1]?
with mesh 1/n in z and mesh 1/m in y. We call A = ™ the geometry of
IL,m. Note that X is a parameter under our control. We degne the rectangular
increment Z(A) = Z(2',y') — Z(2',y) — Z(x,y') + Z(x,y) for the rectangle
A =[(z,y), (', ¢)], with 0 <z <z’ <1and 0 <y <y’ <1. Then we define
for k=0,1,... ,n—1and y € [0,1]

m—1 m— 1

)1/m), (k +1)/n, (lm(y A

Agy = [(k/n, |m(y A )] +1)/m)],

m

where |u] denotes the greatest integer smaller than or equal to u, and u A v
denotes the minimum of » and ». We define A, ; in a symmetric way for
1=0,1,... ,m—1and z € [0,1]

n

Ay =t A "))t fm), (e A ™)) 4 1)/, (14 1) /m)]

—1
n
We also consider the following one-dimensional Horizontal and Vertical incre-
ments for k=0,1,... , n—1landl=0,1,... ,m—1

Z(AY =2 (%0) -7 <%0> and Z(A)) = Z <0, l“%) -7 <0, %) :

We define for all (z,y) € [0,1]? two superficial quadratic variations, H, \(z,y)
(in z at fixed level y) and Vi, x(z,y) (in y at fixed level z) as follows

[nz|—1 |my|—1
Hn,)\(may) = Z (Z(Ak,y))Q and Vm,)\(may) = Z (Z(Aaz,l))Q
k=0 =0

We also define two linear quadratic variations hy,(z), = € [0,1], and vy,(y),
y € [0, 1], as follows

[nz|—1 [my]|—1
2 2
hn (%) = (Z(Ah)" and v(y) = D (Z(A])"
k=0 1=0
When [nz| = 0 (respectively |my| = 0) we set Hy x(z,y) = 0 and h,(z) =0
(respectively Vi, A(z,y) = 0 and v, (y) = 0).

3 Asymptotic properties

In this section, we are concerned with asymptotic properties of the quadratic
variations defined in the previous section. Because of the symmetry in the
definitions of H,, (z,y) and Vj, x(z,y) (respectively h,(x) and vy, (y)), we focus
our attention on Hy x(z,y) and hy,(x).



3.1 Convergence of the means
3.1.1 Superficial quadratic variations
Denote using QT the set of the strictly positive rational numbers. Define for all

(z,y) € [0,1]?> and any A € QF

o T
) = 4 (B0a() - 22000 + 5 [ o0 ),
Jo
y
Vale,y) = 4 (m [0l 9z )do + @1 (@) - @(x,m)) .
Jo
We first establish the following lemma

Lemma 3.1 Assume (B1)-(B3). Then for all (z,y) € [0,1]> such that
(z +1/n,y + 1/m) € [0,1]? and any X €]a, b[NQT

O (x+1/n,y) > O1(z,y + 1/m) and Po(z,y + 1/m) > Oo(z + 1/n,y),

as n — oo and m — 0.

Proof. Under assumption (B1), a Taylor expansion of order one with Lagrange
remainder gives for all (z,y) € [0,1]? such that (z + 1/n,y + 1/m) € [0,1]?

1 1 1
(2 +1/n.y) — @1 (w,y + 1/m) = —0{"V(z,) — —2"V(z,5) + O <—> ,

n m m
where O(.) is uniform in both z and y. Then from (B2) and (B3) we obtain

"z, )(A—a) + 0O (%) .

1
m m

Thus, for any X €]a, b[NQ1, ®1(z + 1/n,y) — ®1(z,y + 1/m) > 0 as m — oc.
Under assumptions (B1)-(B3), we obtain for all (z,y) € [0,1]? such that

(z +1/n,y +1/m) € [0,1]?
(0,1) 1 1 1
7 (z,y) <X5> +O<m>a

where O(.) is uniform in both z and y. Thus, for any X €]a, b[NQ", ®y(z,y +
1/m) — ®o(x + 1/n,y) >0 as n — oc.

S|

Qo(z,y +1/m) — Po(z + 1/n,y) >

[
Theorem 3.1 Assume (A1) and (B1)-(B3). Then for all (z,y) € [0,1]?
and any X €]a, b[NQ*

(1) lim E(Hpx(z,y)) = Hx(z,y) and (i) lim E(Vpa(z,y)) = Va(z,v).

n—oo m—o0



Proof.

—1
(i)Wesety’:y/\m

for all y € [0,1] and

A= (k/na Lmy,J/m) ) B = ((k + 1)/”? Lmy’J/m) ;
C = (k/n,(lmy'] +1)/m), D= ((k+1)/n,(lmy'| +1)/m),

for k = 0,1,...,n — 1. We have for all (z,y) € [0,1]>: E(Hp(z,y)) =
[nz|—1

> E(Z(Apy))? with

k=0

E(Z(Aky))* = 4+2{R (®(D) — ®(A)) + R(®(B) — &(C)) — R(P(B) — B(A))
—R(®(C) — ©(A)) - R(®(D) — ®(B)) — R(®(D) — ®(C))}-

From (A1), (B2) and Lemma (3.1) we get as n — oo and m — oo

= 2a(®1(D) — ®1(A4) — ©1(B) + ¢1(C))
+ 26(22(D) — P2(A) + P2(B) — 92(C))
+ O ((®1(D) — 1(A))(P2(D) — Po(A))) -

E (Z(Aky))?

Under assumption (B1), a Taylor expansion of order one with Lagrange re-
mainder for both ®; and @9 gives

E (Z(Aky))”
- (& 20) o (& D) o ().

where O(.) is uniform in both & and y. In addition, a Taylor expansion of order
0 gives
k ! k 1
@(1071) <_a LmUJ> = @go’l) (—ﬂ/> + O <_> )
k ! k 1
am (E10) _ gk 9o (1)
[nz|—1

o) (K a1 (k 1

Since @g ’0)(., y) and @50’])(., y) are Riemann integrable in [0, 1] for all y € [0, 1],
we get for all (z,y) € [0,1]? and for any X €]a,b[NQ*T

Thus

4
n

l

E (Hpx(2,y)) =
k

lim 2 (H, 1 (r.y)) = 4 (m%(m,y) om0 +5 [ <1>§“’”<u,y>du) (6

n—o0

(i) We get for all (z,y) € [0, 1]?

4 Lyl =1 (1,0) [ (0,1) [ 1
E (Vi a(w,y)) = — > [ Ap2y =) +ady (z— ) )+ 0~ ),

=0



so that for any X\ €]a, b[NQ"

m— o0

lim E (Vya(z,y) = (m/ Y (2, v)dv + (4 (3, y) '1)1(.'17,0))).

3.1.2 Linear quadratic variations

Define for all (z,y) € [0,1]2

h(z) =2 (a®y(x,0) + BP2(2,0)) and v(y) = 2 (a®P1(0,y) + SP2(0,y)) .

Theorem 3.2 Assume (A1) and (B1)-(B2). Then for all (z,y) € [0,1]?

(i) lim E (hy(z)) = h(z) and (ii) lim E (v,(y)) = v(y).

n—o0 m— o0

Proof.

[nz|—1
(i) For all z € [0,1]: E E(Z(Af1))”. From (A1) and (B1)-

k=0
(B2) we have as n — oo

1 (Z(A0))" = 209, (AF) + 269, (AF) + 0 (@, () @ (AF))

A Taylor expansion of order one for both ®; and ®, gives

2 2 k k 1
B (2af)" = 2 (00" (£0) + 500" (L0} ) 0 (). @)

where O(.) is uniform in k. Therefore, we get for all z € [0, 1]

Bl =2 3 (aat? (£0) + ot (50)) vo (1) o

@51’0)(.,0) and @;1’0)(.,0) being Riemann integrable in [0,1], it follows from 3

that the right-hand side on (8) converges to 2 (a®;(x,0) + fPy(z,0)) asn — oc.
A similar treatment holds for ().

O

3.2 L, convergence of the variations
3.2.1 Superficial quadratic variations

Theorem 3.3 Assume (A1)-(A2) and (B1)-(B3). Then for all (x,y) €
[0,1)% and any X €]a, b[NQT

(i) lim Hy,x(z,y) 2 Hy(z,y) and (ii) lim Vi a(z,y) 2 Vi(z,y).
n—o00 m—0o0



Proof. We have to prove that the variance var (H, \(z,y)) converges to 0 as
n — oo. For (k, k') €{0,1,... ,n—1}2? and y € [0, 1] set

Ck,k’(y) = E (Z(Ak’y)Z(Akl’y)) . (9)

lnz]—1 [nz|—1
Then var (Hy \(z,y)) = 2 Z Z ¢k i (y), this equality coming from, for
k=0  k'=0
(&1,&9,&3,&4) a centred Gaussian vector

E(&1628364) = E(&1&)E(384) + E(&1&3)E(&6a) + E(&184)E(6263).  (10)
Therefore

[nz|—1 [nz|—1
var (Hop(#,9)) =2 Y Grly) +4 Y D i) (11)
k=0 k=0 k'>k

Since the derivatives of ® are uniformly bounded in [0,1]?, we get from (4)
cek(y) = O (nil), where O(.) is uniform in both &k and y. It follows that the
first term on the right-hand side of (11) converges to 0 as n — oo. It remains
to prove that the second term converges to 0 as well. We have for any y in [0, 1]

ity (k+1 myl+7 E+d my|+5
cwlp) = 30 (e, (B0 ] 27 [l 2T,
n m n m
i.j,i'j'€40,1}
For any differentiable function g : (z,y,2,y') € [0,1]* —— R, we denote using
g(P1:P2:23:04) the py, po, ps, pa-partial derivative of g with respect to z, y, ' and /.
Let A be a bound for all the quantities |r(P1P2:23:24) (2 4. 2! /)| p1+pa+pa+ps =
2, in the range (z,y) # (2, y’). Under assumption (A2), using for r(z,y,z’,y')
a Taylor series expansion of order 1, it can easily be shown that k' # k implies

ol <M (543 40
kR = 2 XN

It follows that the second term on the right-hand side of (11) converges to 0 as
n — oc. Therefore, the left-hand side of (11) converges to 0.
O

3.2.2 Linear quadratic variations

Theorem 3.4 Assume (A1)-(A2) and (B1)-(B2). Then for all (x,y) €
[0,1)?
(i) lim ho(z) 2 h(z) and (i) lim om(y) 2 v(y).

n—o0 n—oo

Proof. We have to prove that var (h,(x)), converges to 0 as n — oo. For
(k, k") €{0,1,... ,n—1}? set

drw = E (Z(A)Z(A])) (12)



then due to (10)

var (hp(z)) = 2

[nz|—1 |n ne|—
= k

x| —1 [nz|—1 [nz|—1
N odew =2 dig+4 > > din.  (13)
k=0

k=0 = k=0 k'>k

o

Since the derivatives of @ are uniformly bounded in [0,1]%, we get from (7)
dir = O (nil), where O(.) is uniform in k. It follows that the first term on the
right-hand side of (13) converges to 0 as n — co. It remains to prove that the
second term converges to () as well. We have

dk,k’: Z (1)Z+JT< ZEO,#,O).

i,j€{0,1}

Under assumption (A2), a Taylor series expansion or order 1 gives for k' # k

3A
‘dk,k" < —5-
n

It follows that the second term on the right-hand side of (13) converges to 0 as
n — oc. Therefore, the left-hand side of (13) converges to 0.
O

4 Estimator of the space deformation

Using the fact that A, the geometry of the rectangular partition Il ,,, is a
parameter under our control, the superficial quadratic variations, Hp \(z,y)
and V, x(z,y), for two distinct A’s, together with the linear quadratic variations,
hy(z) and v, (z), provide a useful tool for identifying the space deformation ®
in model (1)-(2). Let us define for all (z,y) € [0,1]? and any two distinct values
A1 and Ay of A in Ja, b[NQT

. AMVon e (2,9) — XeVaina (2,9) + 2(A1 — A2)hn ()

(I)l,n(xay) = 4a(>\] — )\2)
_ ()\1Hn,)\1(.’1},0) — )\QHn’)\Z(.'I},O))
4()‘.()\1 - )\2) ’
By o(0y) — MHp p (2,y) — AoHy z, (2, y) +2(A — Xo)vn(y)
A 4ﬁ(>\] — )\2)
(>\1V)\2n,)\2 (Oa U) - >\2V)\1n,)\1 (Oa U))
48(M — A2) '

Here is our main theorem

Theorem 4.1 Assume (A1)-(A2) and (B1)-(B3). Then &, = (&1, )
converges in Lo to ® as n — oo.



Proof. In the sequel, all the convergences are in Ly. It follows from Theorem
3.3-(i) that for any (A1, \2) €a, b[2NQT

lim (A Hy, (7,y) — AeHpx, (7,9)) = 48(A1 — A2)(P2(z,y) — @2(0,y)). (14)

n—0o0

Due to (3) we deduce by setting y = 0

lim (>\1Hn,)\1 (x, 0) - )\2Hn’)‘2 (.I, 0)) = 4ﬁ(>\] - )\2)(1)2(.’13, 0)

n—oo

Using Theorem 3.4- (i) we then have

Jim (2(A1 = A9)ha () — (A Hnx, (2,0) — Ao Hn x, (2,0)))
= 4()‘.()\1 - )\2)(1)1(.’1}, 0) (15)
Similarly, we have from Theorem 3.3-(%i)
i (Vi (2.9)/ M Vi (2.)/A2)
=4da(1/A = 1/2) (1 (2, y) — ®1(2,0)). (16)
Due to (3) we deduce by setting z =0
i Vi, 0.)/A1 = Vinaa 0.9)/A2) = 4a(1 /A = 1/2)1(0,y).

Using Theorem 3.4-(4i) we then have

mlgnoo (2(1/)\1 - 1/>\2)7)m(y) - (Vm,)\l (Oa U)/Al - Vm,)\Q (Oa U)/AQ))
=4B(1/A1 — 1/X2)@2(0,y). (17)

Therefore, from (15) and (16) and from (14) and (17) we obtain ®,, = (&, ,,, ®3.,,)
as an estimator which converges to ® in Ly as n — oc.
O
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