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The Relative Influence of Published
Teaching Evaluations and Other

Instructor Attributes on Course Choice

Wendy Bryce Wilhelm

One hundred and twenty-seven undergraduate business
majors at a regional northwestern university completed a
series of hypothetical choice tasks in which they were asked to
choose between two courses that varied with respect to the
instructor’s course evaluations, grading leniency, the
course’s worth/usefulness, and the assigned workload. Data
analysis revealed that while evaluations exert a significant
influence on choice, course worth and grading leniency are
the most important determinants of course choice. Share of
preference simulations indicated that students are twice as
likely to choose a course with an instructor who receives
excellent, as opposed to average, course evaluations, all else
being equal. However, students are willing to put up with
poor course evaluations or a heavy workload if they believe
that they will gain a great deal of useful knowledge. The arti-
cle concludes with a call for more research on the decision
process relating to course choice.
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Research on the validity and utility of student evaluations
of teaching (SET) has been ongoing since they were first
administered in 1926 at the University of Washington
(d’Apollonia and Abrami 1997). The question of whether
SET are a valid measure of teaching effectiveness and issues
relating to their use in faculty evaluation and promotion deci-
sions has generated well over 2,000 separate pieces of aca-
demic research and commentary (Wilson 1998).

While research on the validity and use of SET by adminis-
trators and faculty is plentiful, little research has been done on
how students perceive and use SET. One study found that stu-
dents believe SET are important and should affect faculty
advancement decisions (Ahmadi, Helms, and Raiszadeh
2001). Some call for more research on how students view the

process of completing course evaluations and note that “stu-
dents must accept the necessity of acting responsibly in rating
their instructors” (Ory and Ryan 2001, p. 41).

However, few studies have addressed the issue of how stu-
dents might use SET to select courses, even though one of the
stated objectives of gathering evaluation data is to improve
students’ course selection decisions (Marsh and Roche 1997;
McKeachie 1997). A growing number of universities publish
SET online, and anecdotal data suggest that student demand
for, and usage of, this easily accessible information is high
(Haskell 1997c; Nana Lowell, e-mail message to author, Feb-
ruary 26, 2003; Tarleton 2003). Recent attempts to deny stu-
dent access to SET by faculty and administrators at the Uni-
versity of Wisconsin and the University of Idaho have failed
in the courtroom (Haskell 1997c, note 55), although some
question the legality of releasing SET to the public on the
grounds that the publication of student “anecdotal data” may
libel or defame a faculty member (Haskell 1997v).1 In sum, it
appears that an increasing number of students on U.S. cam-
puses are, or soon will be, able to easily access past teaching
evaluations for courses in which they are considering enroll-
ing, despite attempts by some groups to restrict availability.

The decision process that students engage in when select-
ing a course is frequently a complex one characterized by
high involvement and perceived risk, particularly when the
decision context requires a choice among courses or course
sections within a major field of study (Babad, Darley, and
Kaplowitz 1999). Research directed at increasing our under-
standing of this process may contribute to the development of
tools that can improve course selection decisions (e.g.,
computer-assisted course selection software). Such improve-
ments in course choice may, in turn, increase students’ satis-
faction levels with the college experience and influence the
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range of occupational opportunities available to them upon
graduation.

The conjoint study discussed in this article explores how
business students might use SET and other beliefs or percep-
tions about instructors to make course-selection decisions in
their major. Students were exposed to a series of hypothetical
choice tasks where they were asked to choose between two
sections of a course that varied with respect to the instructor’s
SET ratings, the instructor’s perceived grading leniency, per-
ceived course worth or the usefulness of the knowledge pro-
vided by the instructor, and the perceptions regarding
assigned workload.

LITERATURE REVIEW AND
RESEARCH QUESTIONS

Validity and Reliability of SET

To date, there has been little agreement among researchers
about how to measure teaching effectiveness or on whether
current measures accurately reflect an instructor’s ability to
teach (Greenwald 1997; Theall and Franklin 2001). Some
suggest that SET may measure student satisfaction (Cahn
1987) or instructor popularity (Wilson 1998), rather than an
instructor’s ability to help students learn. There appears to be
some agreement that student rating forms should be multidi-
mensional, and studies using structural equation modeling
and/or factor analysis have identified up to 28 dimensions of
teaching effectiveness (Feldman 1989; Marks 2000; Marsh
and Bailey 1993). These dimensions include instructor liking/
concern, perceived learning, workload/difficulty, expected
grade, course organization and planning, and course worth
(i.e., utility of knowledge gained, relevance to major).

Other researchers have focused on issues of measurement
reliability, reporting that many extraneous factors can influ-
ence or bias SET. These include the time of day evaluations
are administered (Nichols and Soper 1972), class size and sta-
tus (required versus elective; Braskamp and Ory 1994;
McKeachie 1997), pedagogical style (Davis, Shekhar, and
Van Auken 2000), the instructor’s grading leniency (Bacon
and Novotny 2002; Greenwald and Gillmore 1997), and the
sex and rank of the instructor (Freeman 1994; Marsh and
Hocevar 1991). There is considerable overlap between the
“dimensions” identified above and these “influences,” mak-
ing it difficult to distinguish between them (see Marks [2000]
and Ory and Ryan [2001] for a discussion of this point). Table
1 summarizes the research findings on key factors that have
been found to influence student course evaluations.

Factors Influencing Course Choice

The trend toward giving students greater access to instruc-
tors’SET increases the need for more research on the validity
and reliability issues raised above. Of equal importance is the
need for more research on how students would or do use these

published evaluations to choose courses and the relative
importance of SET compared to other factors. In this study,
interest centers on how instructor factors, like SET or per-
ceived grading leniency, affect course choice. Thus, the
choice situation of most interest here is when the student has
the option of selecting among several sections of a required
course in his or her major that are taught by different instruc-
tors, thereby controlling for differences in subject matter and
personal interest (e.g., a required marketing research course
versus an elective advertising course). Other possible influ-
ence factors related to course choice, such as time of day,
were held constant in this study.

Student evaluations of teaching (SET). With the exception
of one recent study (Babad, Darley, and Kaplowitz 1999),
studies on the relationship between SET and course selection
among similar courses or section selection in multisection
courses (most relevant for the present study on instructor
influences) were conducted in the 1970s and 1980s (Coleman
and McKeachie 1981; Leventhal, Abrami, and Perry 1976;
Leventhal et al. 1975; Martin 1989). Findings from this ear-
lier program of research indicate that (1) SET are primarily a
measure of instructor liking and reputation (wit, enthusiasm,
personality, expertise, approachability); (2) sections with
higher SET ratings are more frequently selected, even if the
workload in those sections is believed to be heavier; and (3)
instructor reputation is more important in section selection
than other course factors, especially for those students with
lower educational aspirations. Most of these studies were
with freshmen, precluding an assessment of how the relative
importance of SET in course choice might change as students
progress through college.

A more recent study by Babad, Darley, and Kaplowitz
(1999) corroborated these earlier findings. The authors also
found that instructor reputation and liking become less
important in course selection decisions as students progress
from 100- to 400-level courses, while perceived course worth
(the usefulness of the knowledge gained from an instructor)
becomes more important, an interesting developmental trend.
Taken together, SET as a measure of instructor popularity or
reputation appear to have a significant influence on course
selection, but their relative importance may decrease as stu-
dents begin taking advanced courses in their major.

Research Question 1: Do published student evaluations for
courses have a significant influence on business students’
course choices when they must choose between sections of a
required course in their major that are taught by different
instructors?

Perceived course workload and grading leniency. It is rea-
sonable to expect that those factors or attributes that influence
SET also influence students’ course choices. Course work-
load and grading leniency can have a significant positive or
negative influence on SET (see Table 1), although evidence
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for the size and direction of their effects on course selection is
inconclusive (Babad, Darley, and Kaplowitz 1999; Coleman
and McKeachie 1981; Takeshita and Maeda 1999). For exam-
ple, Takeshita and Maeda (1999), in an empirical study
designed to evaluate a university Web-based course selection
and registration system, found that when it came to the selec-
tion of courses, students chose those courses “whose instruc-
tors are popular for one reason or another and whose credits
are easier to obtain” (p. 997), suggesting that workload is neg-
atively related to course choice. On the other hand, Babad,
Darley, and Kaplowitz (1999) found that grading leniency
and workload exerted relatively little influence on course
selection regardless of course level (e.g., 100, 400). Further-
more, perceived workload and grading leniency were posi-
tively related to course choice for some students and courses,
and negatively associated with course choice in other cases.
These two instructor attributes are included in the present
study due to their strong influence on SET, the current contro-
versy surrounding the direction of that influence, and the
inconclusive evidence concerning their effects on course
choice.

Perceived course worth. This instructor attribute is defined
as the perceived usefulness or relevance of the knowledge
gained in a course from a particular instructor. For business
students, course worth typically refers to the “real-world” ori-
entation of the instructor’s lectures and assignments, and
many students perceive “theory as the antithesis of reality”
(Bacon and Novotny 2002, p. 7). Research with business stu-
dents suggests that perceived course worth or relevance has
an important influence on SET and students’satisfaction with
a course, and that worth is a function of instructor-controlled
course components such as the type of assignments, number
of guest lecturers by practitioners, and the amount of lecture
material focusing on real-world examples and applications
(Bacon and Novotny 2002; Karns 1993; Kelley, Conant, and
Smart 1991). This emphasis on relevance is understandable,
since many students begin the 2-year business program in
their junior year, at a time when they are becoming more seri-
ous about the courses they take and how well a course pre-
pares them for the career they envision. Babad, Darley, and
Kaplowitz (1999) reported a similar developmental trend
across all majors, that is, course worth is a more important
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TABLE 1
SUMMARY OF RESEARCH ON FACTORS THAT INFLUENCE STUDENT EVALUATIONS OF TEACHING (SET)

Factor Influence (size/direction) on SET References

Instructor liking/enthusiasm Strong positive influence Marks (2000); Radmacher and Martin (2001); Williams
and Ceci (1997); Wilson (1998)

Course workload/difficulty Strong positive or negative influence; workload
inversely related to grading leniency and
expected grade

Bacon and Novotny (2002); D’Apollonia and Abrami
(1997); Greenwald and Gillmore (1997); Marks
(2000); Marsh and Roche (1997)

Grading leniency Strong positive influence (but may be moderated
by other factors such as workload, undergrade/
graduate status, and motivation level)

Bacon and Novotny (2002); Greenwald and Gillmore
(1997); Marsh and Roche (1997); McKeachie (1997)

Course worth/relevance Strong positive influence Bacon and Novotny (2002); Feldman (1989); Marsh
and Bailey (1993)

Expected grade Strong positive influence Archibold (1998); Barnoski and Sockloff (1976);
Greenwald and Gillmore (1997)

Pedagogical style Mixed findings but may have moderate influence
on SET

Davis, Shekhar, and Van Auken (2000)

Sex of instructor Weak influence (female students rated lower than
male students)

Feldman (1992); Freeman (1994); Theall and Franklin
(2001)

Rank and experience of
instructor

Moderate positive or negative influence Clayson (1999); Marsh and Hocevar (1991); Pohlmann
(1975)

Class size Weak negative influence Avi-Itzhak (1982); Braskamp and Ory (1994);
McKeachie (1997)

Course status: required
versus elective

Elective courses rated more favorably Costin, Greenough, and Menges (1971); Feldman
(1978); McKeachie (1997)

Time of day course meets
(p.m. ratings lower than
a.m. ratings)

Weak influence Nichols and Soper (1972)
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factor in course selection for 300- and 400-level courses,
relative to lower level courses.

Relative influence of the four instructor attributes. This
review of previous research supports the thesis that SET,
workload, grading leniency, and course worth are key instruc-
tor attributes influencing section selection, with each exerting
a separate and unique influence on course selection (Babad,
Darley, and Kaplowitz 1999; Coleman and McKeachie
1981). Some uncertainty remains, however, regarding the
direction and relative influence that each of these factors has
on course selection. Since there does seem to be agreement in
the literature that SET capture some aspect of instructor lik-
ing or popularity, the latter factor is not included as a separate
instructor attribute in the present study.

Research Question 2: What is the relative importance of the fol-
lowing factors in choice of a required business course: (1)
SET, (2) perceived course workload, (3) perceived grading
leniency, and (4) perceived course worth?

Ideal product configuration and trade-offs. The third
research question focuses on what the ideal combination of
instructor attribute levels looks like to students and what
kinds of trade-offs students are willing to make in their selec-
tion decisions. Are students willing to accept a heavier work-
load if they know that the knowledge gained from this
instructor will be useful to their major? Are students willing
to choose a course with low SET if they know that the instruc-
tor is a lenient grader, well known for giving all As and Bs?

Research Question 3: What does the “ideal” course look like to
business students, in terms of the preferred level of each
attribute? What kinds of trade-offs are students willing to
make between levels of each attribute?

METHOD

Research Design

Students’ stated preferences for course options were eval-
uated using conjoint analysis. Conjoint analysis has become
one of the most popular multivariate techniques—with both
marketing academics and marketing research practitioners—
for understanding how consumers develop preferences for
products because of its ability to realistically model many
choice processes (Carroll and Green 1995; Green and Krieger
2002; Orme 2002). It is based on the premise that consumers
evaluate the overall utility of a hypothetical product (e.g., uni-
versity course) by combining the separate amounts of utility
provided by each attribute (e.g., SET, perceived workload). It
thus portrays consumers’ decisions realistically as trade-offs
among multiattribute products (e.g., “I am willing to choose a

section/course that receives excellent student ratings, even if I
believe the course workload will be heavy”).

A questionnaire is used to obtain a respondent’s overall
evaluations of a set of product concepts that are prespecified
in terms of levels of different attributes. External validity is
enhanced to the extent that the product attributes reflect
important attributes consumers consider in their decision-
making process. As a decompositional model, conjoint anal-
ysis then “decomposes” the respondent’s overall evaluations
to uncover the utility value or importance weight he or she
places on each attribute and attribute level (Green and
Srinivasan 1990). Since the goal of the present study is to
understand what attributes influence student preference for
hypothetical course “products,” conjoint analysis was
selected as the most appropriate means of addressing the
research questions.

Use of choice-based conjoint (CBC) analysis. A particular
type of conjoint analysis, experimental choice or “choice-
based conjoint” (CBC) analysis, was developed in the 1980s
in response to industry desires to consider explicit competi-
tive contexts (Carroll and Green 1995). More recently, the use
of CBC analysis by marketing research practitioners has
experienced significant growth (relative to ratings-based con-
joint analysis) as “more companies want to understand how
people make choices [italics added]” (Vence 2003, p. 4).
Rather than rate each product concept/profile one at a time on
a measure of attractiveness or likelihood of purchase (“ratings-
based” conjoint), respondents are asked to choose, that is,
make a preference judgment, between a series of two or more
competitive product profiles. This approach to measuring
preferences combines discrete choice responses, a logit
model that is applied to these responses, and a fractional fac-
torial design in order to minimize the number of choices
respondents have to make. Unlike more traditional conjoint
software, CBC analysis produces aggregate part-worths or
utilities for each attribute and level; it does not generate a set
of individual utilities for each respondent. This is a shortcom-
ing of the technique if the researcher’s goal is to study differ-
ences in preference structures across market segments, but it
is also an advantage vis-à-vis ratings-based conjoint if exam-
ining potential two-way interactions between attributes is of
interest.

The popularity of CBC analysis, relative to other ratings-
based conjoint approaches, is due to a number of factors: (1) the
realism of the choice task for both high- and low-involvement
products, that is, consumers make choices among products all
the time (Green and Krieger 2002); (2) the fact that interac-
tions among product attributes can be estimated without the
necessity of defining the interaction terms a priori (Chrzan
and Orme 2000); (3) the development of a strong theoretical
foundation for CBC analysis, based on a multinomial logit
model of choice (Louviere, Hensher, and Swait 2000;
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Louviere and Woodworth 1983); and (4) recent empirical
studies that demonstrate the superior predictive accuracy of
choice-based analysis relative to ratings- or rankings-based
conjoint approaches (Vriens, Oppewal, and Wedel 1998). For
these reasons, the present study used Sawtooth Software’s
CBC System to conduct a full-profile conjoint analysis study
(see Carroll and Green [1995] and Deal [2002] for a review of
this company’s products). A Web-based survey was used to
collect the choice data.

Selection of attributes: Pilot study. The selection of the
appropriate product attributes to include in the choice task is
important to a study’s external validity. For that reason, a pilot
study with 60 business majors was conducted to confirm the
importance of the attributes identified by previous research as
being potentially the most important in course choice (Table
1) and to uncover any other attributes that the subject popula-
tion deemed important. Students were given extra credit to
identify key instructor attributes they considered when decid-
ing among sections of a required course in their major (open-
end) and to complete a conjoint task with the attributes
selected on the basis of prior research. Students also provided
feedback on (1) the importance of each of the attributes
included in the choice task (1 to 5 scale), (2) the importance of
any additional attributes they identified (1 to 5 scale), (3) the
ease of understanding the instructions and questions, (4) sat-
isfaction with the visual layout and suggestions for change,
and (5) any problems with accessing and moving through the
Web questionnaire.

The five conjoint attributes included in the pilot study
were published course evaluations, grading leniency, course
workload, whether the instructor provides useful knowledge
relevant to the student’s major (course worth), and instructor
sex and rank. The latter attribute included four levels (Male/
Female × Lecturer/Tenure-Track Professor) so that the main
effects of sex and rank could be isolated. Students do use SET,
where available, to evaluate courses, and instructors and
respondents in this study were told to assume that published
course evaluations for all courses were available on the Web
(students are aware that the university is in the midst of imple-
menting this policy). Note that grading leniency, workload,
and course worth refer to student perceptions and beliefs
associated with these attributes, regardless of the source of
these beliefs (e.g., word-of-mouth communications, syllabus
information). While previous research has found that sex and
rank exert a relatively small influence on SET (see Table 1),
the sex/rank attribute was included in the present study
because informal discussions with business students suggest
that sex and rank are important considerations when choosing
among business courses. The days and times a course meets
are also very important in course choice, but since the focus of
the present study is on instructor attributes, respondents were
asked to assume that the class schedules for all course options
presented were equally convenient.

Based on the conjoint results and other findings from the
pilot study, modifications were made to the instructions and
layout of the survey instrument, and one of the attributes (sex
and rank of professor) was dropped from further consider-
ation due to its statistically insignificant effect on course
choice. The data revealed no new attributes, and there was a
general consensus that the four instructor attributes displayed
in Table 2 are the most important ones in choice of a required
course section.

Each of the attributes used in the main study had three lev-
els: low, moderate, and high (see Table 2). These levels reflect
the differences students perceive to exist among instructors of
the same course, based on initial expectations and feedback
from the pilot study. The present research site, like many
other universities, permits instructor decision-making auton-
omy regarding section/course structure, grading policy, text-
book used, and workload assigned. While the subject matter
is similar across sections of a required business course, this
autonomy produces a range of attribute levels (low to high) on
the attributes of interest in this study. The attribute levels
included in Table 2 reflect this reality. The same number of
levels was used for all attributes to effect a balanced design
(an unequal number of attribute levels can bias estimation of
importance weights [Johnson 1996]).

Experimental design and dependent measure. Rather than
having each respondent evaluate all possible pairs of product
concepts (a practically impossible cognitive task), a frac-
tional factorial, randomized experimental design is typically
used to select an optimal set of concepts to present to each
respondent. The particular randomized design approach used
in the present study is the balanced overlap method. This
experimental design employs random sampling with replace-
ment for choosing concepts, permitting some level overlap
within the same task (i.e., respondents may have to choose
between two courses that have the same workload but differ
with respect to grading leniency, etc.). This overlap increases
the statistical power of the design/test when testing for attrib-
ute interactions by minimizing any potential Type II errors
associated with a fractional factorial design (Chrzan and
Orme 2000; Vriens, Oppewal, and Wedel 1998). Another one
of the strengths of the conjoint software employed, Sawtooth’s
CBC System, is its ability to develop conjoint questionnaires/
designs that are nearly orthogonal, using a randomized
design to develop a unique set of questions/concepts for each
respondent. Such designs are slightly less efficient than truly
orthogonal designs, but they have the offsetting advantage
that all two-way interactions between attributes/levels can be
measured—an important consideration in the present study.

The experimental design included eight different pairs of
product concepts, or eight randomized choice tasks, that were
unique to each respondent. Two fixed-choice tasks were also
included in the design, that is, the two products presented in
each fixed task were the same for all respondents. One of
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these fixed tasks was placed first in the questionnaire and was
treated as a “practice” question to allow respondents to gain
some familiarity with this type of choice question; respon-
dent data for this first task were not used in data analysis. The
remaining fixed-choice task, inserted in the middle of the ran-
domized choice tasks, was used as a holdout task to provide
an indication of how well the utility data generated from the
randomized tasks predict choices not used in their estimation.

For each choice task, two different product concepts, rep-
resenting different course options, were presented side by
side, and respondents were asked to indicate which one they
would choose if they had to register for one of them tomor-
row.2 The actual instructions to the respondents and an exam-
ple of a choice task can be seen in Figure 1. Within each
choice task, the presentation order of the attributes was ran-
domized; in other words, the value taken by the course evalu-
ation attribute was not always presented first, as it is in Figure
1. Following the 10 choice tasks, respondents completed sev-
eral demographic and attitudinal questions. The survey con-
cluded with an open-ended question soliciting respondents’
comments about their personal approach to making course
choices.

Ordinary least squares (OLS) were used to test the effi-
ciency of the conjoint experimental design, that is, the preci-
sion with which the part-worths for each attribute and level
can be estimated. This randomized experimental design had a
median statistical efficiency of about 98% relative to a gener-
alized orthogonal design.3 Furthermore, there was little dif-
ference between the standard errors for each main effect (.07
to .08), suggesting that heterogeneity of variance is not a
problem.

Sample and Procedure

The target population for this study consisted of business
majors at a regional 4-year university in the Northwest (N =
927). Faculty members within the College of Business were
asked to give their students extra credit and/or encourage

them to participate in the study during the spring quarter of
2002. All faculty members were given the same instruction
sheet to read to their students. Once respondents accessed the
study (at their convenience, outside of class), the first page
was devoted to general instructions explaining the purpose of
the study and how the findings might be used by faculty and
administrators to develop tools to assist students in their
course selection decisions. One hundred and twenty-seven
students completed the survey, or 14% of the total business
school enrollment that quarter.

RESULTS

Sample Characteristics

The sample consisted of juniors and seniors with a median
age of 22 (business majors must be at least 3rd-year students).
Sixty percent were female students. Major percentages were
as follows: 32% Marketing, 26% Finance, 14% Accounting,
10% Management, 7% Management Information Systems
(MIS), 3% Economics, and 10% Other (e.g., no major
declared, International Business, Production Management).
These percentages approximate the major percentages in the
larger business school population, with the exception of the
Management and Other categories, which typically represent
18% and 2% of majors, respectively.

Analysis of Conjoint Data: Logit Model

Multinomial logit (MNL) analysis was used to analyze the
choice data. Logit was chosen because the form of the
dependent and independent variables is categorical and
because its structure mimics the nonlinear nature of the
impact of marketing effects on choice.4 Like multiple regres-
sion and discriminant analysis, logit seeks “weights” for
attribute levels (or for combinations of them, if interactions
are included in addition to main effects) that maximize the
likelihood of the observed pattern of respondent choices,
using probabilities derived from these weights.5 Those
weights are analogous to “preference scores” or “part-worth
utilities” in conjoint analysis and are computed so that when
the weights corresponding to the attribute levels in each con-
cept are added up, the sums for each concept are related to
respondents’ choices among concepts (see Ben-Akiva and
Lerman 1985; Johnson 1996).

In this study, both main and interaction effects models
were developed. Logit analysis of the choice data produced
no statistically significant two-way interaction terms. The
main effects model was also more robust. The addition of
two-way interaction terms did not significantly increase the
overall explanatory power of the main effects model, as deter-
mined by a chi-square test between the main effects model
and several models including some or all of the interaction
terms.
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TABLE 2
ATTRIBUTES AND ATTRIBUTE

LEVELS USED IN CONJOINT TASK

Course
Worth

(utility of
knowledge

Course Grading Course provided by
Evaluation Leniency Workload professor)

Poor Very easy to get an A or B Light Low
Average Moderately easy/difficult Moderate Moderate

to get an A or B
Excellent Very difficult to get an A or B Heavy High
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Research Questions 1 and 2: Relative
Attribute and Attribute Level Importance

The first research question asks whether published course
evaluations have a significant influence on students’selection
of a particular section of a required course. The part-worth
utilities derived from the logit analysis for each instructor
attribute were used to calculate the relative importance of
each in course choice. These importance weights and their
statistical significance levels are reported in Table 3 and show
that course evaluations do have a statistically significant
influence on choice.

Research Question 2, concerning the relative importance
of each factor or attribute, is also addressed in Table 3. The
relative importance of an attribute indicates how much differ-
ence a particular attribute can make in the total utility of a
“product,” such as a course; the difference is the range in the
attribute’s utility values (see note below Table 3). When
choosing between sections of a course, course worth or use-
fulness has the greatest influence on course choice, with a rel-
ative importance of 38%, followed by grading leniency at
31%, and course evaluations at 24%. We can also say that
published course evaluation information is approximately

two thirds as important in influencing choice as information
about course worth (importances are ratio data). Course
workload, while statistically significant, is the least important
consideration in course selection with a relative importance
of 7%.

Research Question 3: Share of Preference
for Different Course Configurations

This question asks about the attribute configuration of the
“ideal” or most preferred course, and the kinds of trade-offs
students would be willing to make between attribute levels.
Table 4 contains the average utility values for each attribute
level. The most preferred course configuration (the one with
the greatest total utility) is one in which the instructor pro-
vides a great deal of useful knowledge, is a lenient grader,
receives excellent student course evaluations, and assigns a
moderate workload.

Trade-offs among attribute levels can be calculated from
the average utilities presented in Table 4 (see note below
Table 4). A more readily interpretable approach to the ques-
tion of trade-offs, however, uses these part-worth utilities to
simulate specific market conditions in which a given set of
course configurations, or “products,” are available to choose
from. Such simulations produce share-of-preference data for
the set of course products specified, where share of prefer-
ence is defined as what percentage of the respondents would
prefer or choose each course, given the set of product courses
specified. In this study, Sawtooth Software’s Market Simula-
tor, with a randomized first-choice simulation method, was
used to obtain share-of-preference data.6

Tables 5 and 6 present the shares of preference for various
hypothetical course products. All else being equal, students
are about twice as likely (58% vs. 32%) to choose a course/
section with an instructor who receives excellent, as opposed
to average, course evaluations (Table 5). However, students
are willing to put up with poor course evaluations or a heavy
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If these were the only course section options available for a particular required course in your business concentration, which would you choose?
Choose by clicking one of the buttons below.

Each of the two sections offered has the following attributes (assume class size and the day/time each section is offered are the same for both
sections):

Section A Section B

Professor and course receive average
student ratings, as published on the Web

Professor and course receive excellent
student ratings, as published on the Web

Very difficult to get an A or B in this professor’s course Very easy to get an A or B in this professor’s course

Light workload assigned by professor Heavy workload assigned by professor

Professor provides little useful
knowledge relevant to my major

Professor provides a great deal of useful
knowledge relevant to my major

FIGURE 1: Example of Choice Task

TABLE 3
RELATIVE ATTRIBUTE IMPORTANCES

Relative
Attribute Importances (%) χ2 (p Value)

Course worth 38 109.3 (<.01)
Grading leniency 31 108.7 (<.01)
Course evaluations 24 39.3 (<.01)
Course workload 7 20.2 (<.01)

NOTE: The relative importance of each attribute was calculated by
computing the difference between the largest and smallest part-worth
for each attribute, summing the differences and normalizing to 100.
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workload if they believe that they will gain a great deal of use-
ful knowledge, as indicated by the share-of-preference data in
Table 6 for the two course products that provide a “great deal”
of knowledge (26% and 20%). In fact, students are 4 times as
likely to choose a course with a heavy workload that provides
a “great deal “ of knowledge (20%) than to choose a course
with a light workload that provides “some” knowledge (5%),
all else being equal. Another simulation run, comparing
instructors who are hard graders with those who are lenient,
indicated that students are 10 times more likely to choose a
course with a lenient grader, all else being equal.

Other Findings: Differences
between Business Majors

The logit and market simulation analyses discussed above
were rerun with each major. There were no significant differ-
ences in the pattern of findings as reported here, with one
exception. For marketing majors (n = 40), course workload,
with a relative importance of 2% (compared with 7% for the
overall sample), does not have a statistically significant influ-
ence on course choice. The small subgroup size of 40 makes
any conclusions based on this finding tentative at best,
however.

DISCUSSION AND IMPLICATIONS

Student Use of SET in Course Choice

Findings from the present study, consistent with extant
research (e.g., Coleman and McKeachie 1981; Leventhal
et al. 1975), indicate that published SET information would
play a significant role in students’ course selection decisions,
if such data were publicly available. The fact that evaluations
are ranked third in importance behind course worth and grad-
ing leniency could be due to several factors. First, given that
this information is not currently available at the university

where this study was conducted, students may not have been
able to gauge how important published evaluations would be
in assisting with their course selection decisions. Second, the
respondents were juniors and seniors enrolled in 300- and
400-level courses in their major, and previous research indi-
cates that instructor attributes such as likability and enthusi-
asm typically captured in SET become less important as stu-
dents progress to more advanced courses (Babad, Darley, and
Kaplowitz 1999).

There is also the question of how students perceive the
information content and credibility of teaching evaluations as
defined in this study and published by most universities.
Respondents were told that these evaluations represent base
rate and consensus information derived from past student
evaluations of teachers on ratings scales (e.g., 1 = poor, 3 =
excellent). Comments by respondents7 suggest that students
may downgrade the credibility or usefulness of published
course evaluations. As the student comments in parentheses
after this sentence indicate, student do not trust the validity of
the SET because they feel that the “other” students who com-
plete them are very different from themselves or the typical
student (e.g., “I don’t trust course ratings because who knows
what the students are like that did them?” and “Only ‘A’ stu-
dents fill them out”; Borgida and Nisbett 1977); these atypi-
cal students do not provide useful informatino about the
course and/or professor. Others failed to understand statisti-
cal inference and the predictive utility of large samples, giv-
ing more weight to a single individual’s opinion of a teacher
(“I’d rather talk to someone who has taken the class”; Tversky
and Kahneman 1971). Still others mentioned that, consistent
with previous research, SET only measure how “nice” or
“popular” an instructor is and that they fail to give much
information about other instructor or course attributes. Thus,
one possible explanation for the lower importance weight
assigned to SET is the perception that such information has
low diagnostic value, that is, it does not provide very reliable
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TABLE 4
RANKING OF ATTRIBUTE LEVELS BASED ON AVERAGE UTILITY VALUES

Course Attributes (utilities)

Course Worth Grading Leniency Course Evaluations Course Workload

Rank (average utility value) (average utility value) (average utility value) (average utility value)

1 A great deal of useful knowledge Very easy to get an A or B Excellent Moderate
(71.83) (50.88) (43.56) (11.01)

2 Some useful knowledge Moderately easy to get an A or B Average Light
(5.86) (22.58) (9.91) (7.09)

3 Little useful knowledge Very difficult to get an A or B Poor Heavy
(–77.69) (–73.46) (–53.47) (–18.10)

NOTE: Values are arbitrarily scaled to sum to 0 within each attribute, so some utilities must receive a negative value. This does not mean that this
level is unattractive; it does mean that attributes with positive utilities are preferred over those with negative utilities. Utilities are interval data; we
can say that the increase in preference from an instructor who is a hard grader to one who is an easy grader is less than the increase in preference
from an instructor/course who provides little useful knowledge to one who provides a great deal. However, we cannot directly compare values
between attributes to say that two different attribute levels with the same utility value (e.g., moderate workload and average course evaluations)
are equally preferred.
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information about a particular course (Dick, Chakrvarti, and
Biehal 1990).8

The Importance of Perceived
Course Worth in Course Choice

The fact that this attribute was found to be the most impor-
tant factor in course choice for 3rd- and 4th-year business stu-
dents is consistent with the business literature (e.g., Karns
1993; Kelley, Conant, and Smart 1991) and underlines the
value these students place on gaining knowledge that is rele-
vant to their major and career.9 Surprisingly, students in this
study consistently chose the course that would provide a
“great deal” of useful knowledge even if the perceived work-
load was heavy and the instructor was believed to be a hard
grader. While many may think of course worth as a function
of the subject matter, it is clear from this study and previous

research that students believe that the instructor plays a sig-
nificant role in determining how relevant or useful the course
is through his or her teaching effectiveness and pedagogical
approach (Bacon and Novotny 2002; Karns 1993; Kelley,
Conant, and Smart 1991).

This raises the interesting question of whether students are
capable of assessing course worth. Students who may never
have worked in the field for which they are preparing may not
know how to distinguish “useful” from “useless” knowledge.10

This possibility is given some credence by studies demon-
strating that students’ self-perceptions of academic perfor-
mance are at variance with their actual learning and perfor-
mance in a course, particularly for poorer performing
students (Kennedy, Lawton, and Plumlee 2002; Moreland,
Miller, and Laucka 1981). Judgments about course worth,
therefore, may be biased and unreliable, and based on possi-
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TABLE 5
THE EFFECT OF COURSE EVALUATIONS ON SHARE OF

PREFERENCE FOR HYPOTHETICAL COURSE “PRODUCTS”

Course “Products”

Good Evaluations, Poor Evaluations, Average
Course Attributes Average on Other Attributes Average on All Attributes on Other Attributes

Course worth Some useful knowledge Some useful knowledge Some useful knowledge

Grading leniency Moderately easy grader Moderately easy grader Moderately easy grader

Course evaluations Excellent Average Poor

Course workload Moderate Moderate Moderate

Share of preference 58% 32% 10%

NOTE: Share of preference represents that percentage of the respondents who would prefer or choose each course “product,” assuming these
are the only three choices available. Shares of preference are ratio data.

TABLE 6
SHARE OF PREFERENCE FOR SIX HYPOTHETICAL COURSE “PRODUCTS”

Course “Products”

High Course Good
Worth and Poor Good Evaluations

High Course Evaluations Evaluations Evaluations and Little Work
Worth but but Hard to but but Low but Hard to

Course Attribute Average Low Evaluations Get Good Grades Easy Course Course Worth Get Good Grades

Course worth Some useful
knowledge

Great deal of
useful
knowledge

Great deal of useful
knowledge

Some useful
knowledge

Little useful
knowledge

Some useful
knowledge

Grading leniency Moderately easy
grader

Moderately easy
grader

Very hard grader Very easy grader Moderately easy
grader

Very hard grader

Course evaluations Average Poor Excellent Poor Excellent Excellent

Course workload Moderate Moderate Heavy Light Moderate Light

Share of preference 27% 26% 20% 15% 7% 5%

NOTE: Share of preference represents that percentage of the respondents who would prefer or choose each course “product,” assuming these
are the only six choices available. Shares of preference are ratio data.
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bly erroneous inferences. For example, business students
may consider instructors who emphasize theory over applica-
tion and real-world examples as providing relatively less use-
ful knowledge. Similarly, students may positively associate
course worth with instructors who possess extensive industry
experience or who frequently use guest speakers in the
classroom.

Clearly, students will not be able to identify a course that is
in their best educational interests if they are unable to accu-
rately assess course worth. Just as clearly, an instructor’s ped-
agogical approach can influence students’ perceptions of
course worth (and therefore teaching evaluations; see Table
1). This is not to suggest that instructors restructure their
courses to fit students’ definitions of relevance or usefulness
(see Armstrong [1995] for an interesting discussion of this
point) but rather that faculty members become more
proactive in educating and communicating to students why
and how the knowledge gained in their courses is useful. Of
course, there is the possibility that students’ perceptions are
correct in some instances and that business instructors may
need to improve their course content to meet student needs
and employer demands for usefulness and relevance. Peer
evaluations of an instructor and course by academic col-
leagues, and in some cases by business practitioners, may
provide valuable input to instructors concerned with
improving course worth.

The Inverted-U Relationship between
Perceived Workload and Course Choice

While student perceptions about workload had a statisti-
cally significant influence on course choice, this attribute was
approximately five times less important in determining
course choice than course worth and four times less important
than grading leniency (Table 3). This relatively weak influ-
ence of perceived workload on course selection is consistent
with previous research that has examined the effect of per-
ceived workload on course choice (Babad, Darley, and
Kaplowitz 1999; Coleman and McKeachie 1981). Of more
interest is the finding that the “ideal” or most preferred course
includes a moderate workload (Table 4). Preference for a
moderate workload over a light one indicates that, up to a cer-
tain point, perceived workload and course worth may be posi-
tively related in students’ minds. Several student comments
lend support to this premise, for example, “If I hear that an
instructor assigns a lot of work, I usually figure I will learn a
lot of good stuff” and “How much work isn’t as important as
the kind of work the prof assigns; I like projects that make me
apply the course material to the real world.”

This inverted-U relationship between workload and
course choice runs counter to previous SET studies that have
reported either a positive (Bacon and Novotny 2002;
d’Apollonia and Abrami 1997) or negative (Greenwald and
Gillmore 1997) relationship between course workload and
SET. However, the existence of a possible nonlinear relation-

ship could not be explored in these studies, either because the
authors chose to conduct correlational analyses, which
assume linearity (e.g., Greenwald and Gillmore 1997) or
because the workload factor included in the study had only
two levels (low, high) (Bacon and Novotny 2002). The use of
a three-level workload attribute in the present study affords
more insight into students’ workload preferences and sug-
gests that the reported effects of workload on course selection
or SET may depend on how a study is designed, that is, where
the factor levels or workload scenarios fall on the inverted-U
curve and how students interpret “heavy” and “light.”11

Overall, these are encouraging findings for instructors
who have felt pressured to lighten the workload in their
courses in order to improve teaching evaluations and/or
increase enrollment. If the workload is not too excessive, stu-
dents perceive a positive relationship between workload and
learning outcomes, as long as the assignments are believed to
be useful and relevant to their major and career goals. On the
other hand, the strong, positive relationship found between
perceptions of an instructor’s grading leniency and course
choice suggests that a lenient grader who assigns a moderate
workload will be preferred over a hard grader who assigns the
same amount of work.12

STUDY LIMITATIONS

One limitation of the study is the problem with the inde-
pendence of the SET attribute. While existing research does
support the premise that SET primarily measure instructor
popularity or student satisfaction, and respondents in this
study mentioned this as well, future research needs to clarify
for respondents exactly what the SET measure is meant to
represent. Second, while the findings provide information
about students’ use of SET in course choice relative to other
sources of information, the research design does not allow an
assessment of the actual or absolute degree to which students
would use SET in choosing courses. To ascertain the absolute
importance of SET as an information source, the survey
would need to include a measure of students’prior knowledge
about the instructor. A third limitation relates to the
generalizability of the findings: respondents attended one
university, were primarily 3rd- and 4th-year students, and the
reward for completing the survey (extra credit in most cases)
created a self-selection bias. The hypothetical nature of the
choice task also precludes any direct link between the find-
ings reported here and the published SET field research using
actual courses and teaching evaluations (e.g., Greenwald and
Gillmore 1997).

While the choice-based conjoint analysis approach used in
this study is an appropriate one given the study objectives, the
part-worths or conjoint utilities derived from the data are at
the aggregate level, precluding extensive segmentation analy-
ses that directly test for segment differences in attribute and
attribute-level importances. This is important given recent
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findings demonstrating the moderating influence that indi-
vidual-difference factors have on course choice and SET
(e.g., Babad, Darley, and Kaplowitz 1999; Bacon and
Novotny 2002). Recent software and hardware advances now
make it possible to generate individual-level utilities from
aggregate choice data using Hierarchical Bayes (Green and
Krieger 2002), but this software was not available to the
author during the time period when this research was
conducted.

SUGGESTIONS FOR FUTURE RESEARCH

Need for Research on the
SET–Course Choice Relationship

Clearly there is a need for more research on how SET
influence course choice. This study focused on the role of
official SET data in the choice process, given the trend toward
publishing them online. Further research is needed to deter-
mine actual usage of online evaluations in course choice on
campuses where these data are available; a search for usage
statistics in preparation for this article yielded only anecdotal
information. A replication of this study on campuses where
official SET ratings are publicly available may change the rel-
ative importance of such evaluations, relative to the other
attributes included here. Any such replication should also
examine individual differences that may moderate the SET–
course choice relationship, such as motivation, year in
school, gender, and so on. As affordable Hierarchical Bayes
(HB) software becomes more widespread, researchers will be
able to combine CBC analysis and HB (CBC/HB) to model
course preference functions for different student segments.

A second issue related to the SET–course choice relation-
ship concerns the format of the SET information used in this
study and reported by most universities: mean evaluation rat-
ings (e.g., 1 = poor, 3 = excellent) from past students. Find-
ings from previous research on the effects of concrete versus
abstract information suggest that student guides containing
student testimonials and other concrete information may
exert a greater influence on course choice than the base rate
and consensus information provided by average ratings
(Babad, Darley, and Kaplowitz 1999; Borgida and Nisbett
1977; Dick, Chakrvarti, and Biehal 1990). Thus, an interest-
ing question for future research is how the relative impor-
tance of SET in course choice may be influenced by the for-
mat in which they are presented. If faculty and administrators
want to encourage students to use this information when
selecting courses, it will be important to communicate the rat-
ings in a format that is credible, understandable, and requires
relatively low cognitive effort.

Need for Research on Course Choice
and the Decision-Making Process

In light of the recent trend toward publishing SET online
for use by students in selecting courses, more research is

needed on the decision-making process preceding selection
of a particular course. A greater understanding of the factors
students consider and the heuristics they use to make course
choices will allow administrators to develop tools to assist
them in making optimal educational choices:

Course selection (CS) decisions are too important to be made
haphazardly, and college educators know that optimal CS
contributes to better education, that relevant information
must be provided to students in a style that will be acceptable
and helpful to them. However, CS decision-making processes
have not been studied intensively, and solid scientifically
based information that will guide modes of practice are still
lacking. (Babad, Darley, and Kaplowitz 1999, p. 167)

While the present study identifies and assesses the relative
importance of several key instructor attributes, we know very
little about how students form perceptions about an instruc-
tor’s likability, workload, course worth, and grading leniency
or how accurate these perceptions are. What sources of infor-
mation do students use to assess course worth, for example?
How important is word-of-mouth communication relative to
other, more objective sources of information like course syl-
labi or SET? Is the decision process a compensatory one, or
do students have a number of choice heuristics or decision
rules they use? Several older studies have addressed the ques-
tion of information source–using survey research, finding
that “friends” are the chief source of information about
instructors (e.g., Kerin, Harvey, and Crandall 1975; Martin
1989). However, a more qualitative approach that examines
the motivations and rationales underlying course choice
might offer some additional insights.

The question of how to assist business students in making
course choices that optimize their educational experience has
not been addressed empirically to the author’s knowledge,
other than the rare case study describing a self-help method or
tool (e.g., “the course selection matrix chart”; Irving, Gorrell,
and Johnson 1990). It may be instructive to review and apply
the extensive literature on career choice to the study of course
choice in the major, given the similar context or circum-
stances in which both decisions are typically made. For
example, Gati (1986), in a review of the major issues in career
decision making facing students when they graduate, identi-
fied four problems that could just as easily apply to the course
choice context: (1) the unavailability of good information
about alternative career options, (2) a lack of resources (time,
effort) to collect all the information necessary for an informed
decision, (3) the cognitive limitations of the decision maker,
and (4) the lack of a framework for identifying and processing
the relevant information. Gati (1986) and Gati and Asher
(2001) have proposed a practical model of career choice
based on Tversky’s (1972) elimination-by-aspects theory of
choice that offers a promising framework for the study and
improvement of the course choice process. Such a model
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(assuming empirical validation) could provide the conceptual
foundation for the design of a Web-based application to assist
students in making course choices,13 similar to existing
computer-assisted career guidance systems.

CONCLUSION

The present study identifies several key instructor attrib-
utes that are important in course choice for business majors
and underscores the potentially important role that published,
online SET may play in choice as they become available on
more campuses. However, there is clearly a need for addi-
tional research aimed at improving our understanding of how
students make course choices, with the goal of improving stu-
dents’ ability to select courses that will enhance their educa-
tional experience and further their educational objectives.

NOTES

1. See Haskell (1997a, 1997b, 1997d) for a review of a large body of
legal rulings related to academic freedom and the use of student evaluations
of teaching (SET) as evaluation tools by administrators. He views the current
use of SET as an infringement on academic freedom.

2. A “none” option was not included in the present study because stu-
dents do not typically have the option of not completing a particular required
course in their major.

3. Given the design, the sample size (Respondents × Tasks) (800), and
the number of concepts per task (2), ordinary least squares were used to make
an approximation of the standard error associated with each main effect. This
is then compared to the standard error for the “ideal” situation when the
design is precisely orthogonal. The square of the ratio of the actual to the ideal
standard error for each main effect gives the relative efficiency for this design.

4. Choice is a two-level nominally scaled variable, rather than an inter-
val or ratio-scaled variable; hence the nonlinear or discontinuous nature of
the relationship between marketing efforts and choice.

5. Sawtooths Software choice-based conjoint (CBC) software was used
to conduct the logit analysis.

6. The randomized first-choice method (RFC) (Huber, Orme, and Miller
1999) was used to estimate shares of preference. It assumes the respondent
will choose that product with the highest overall utility (“first-choice rule”),
but it adds unique random error to the utilities. Each respondent is sampled
many times to stabilize the share estimates. RFC also corrects for product
similarity due to correlated sums of errors among products defined on many
of the same attributes. The appropriateness of this method for the present
study was validated with the holdout (fixed) task; RFC correctly estimated
actual choice or preference within 3 percentage points.

7. Recall that there was an open-ended question at the end of the survey
that asked respondents to describe their personal approach to selecting
courses.

8. SET are also abstract, pallid data, relative to evaluations received
directly from a fellow student. This may reduce the accessibility of the SET
information in memory, which would then deflate the relative importance of
the SET attribute at the time of choice (Dick, Chakrvarti, and Biehal 1990).

9. Responses to the open-ended question about personal approaches to
course choice revealed that respondents interpreted “knowledge relevant to
my major” as “knowledge that prepares me for the real world,” rather than
knowledge that would allow them to do better in a more advanced course in
their major.

10. I am thankful to a reviewer of the article for raising this issue.
11. I am thankful to a reviewer of the article for suggesting this reason for

the discrepancies between findings from this study and those reported in pre-
vious research. Bacon and Novotny (2002) did allude to the possibility of a
nonlinear relationship between workload and SET in their article: “Workload
preference is not a linear function but is instead curvilinear with some ideal
point” (pp. 12-13).

12. This finding runs counter to the developmental study conducted by
Babad, Darley, and Kaplowitz (1999) across many different college majors
who found that perceptions of an instructor’s grading leniency become less
important in course selection as students progress to more advanced courses
(these authors did not report results at the individual major level). It may be
that business majors are concerned about their grades because they believe
that potential employers use grade point average as a hiring criterion, a possi-
bility that would be interesting to explore in future research.

13. The only published example of such a web application for course
choice (to the author’s knowledge) was published in an information technol-
ogy journal and did not address the theoretical basis for including or exclud-
ing certain course and instructor attributes (Takeshita and Maeda 1999).
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