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Abstract

Advances in computing and communication over wired and wireless networks have
resulted in many pervasive distributed computing environments. Many of these envi-
ronments deal with different distributed sources of voluminous data, multiple compute
nodes, and distributed user community. Analyzing and monitoring these distributed
data sources require a data mining technology designed for distributed applications.
The field of distributed data mining (DDM) deals with this problem—mining dis-
tributed data by paying careful attention to the distributed resources. The goal of
this paper is to maintain and distribute a bibliography of DDM-related publications.
We hope that DDM researchers and practitioners find this service useful. We welcome
every help from the community in maintaining the bibliography.

∗The authors acknowledge supports from the NASA (NRA) NAS2-37143 and the United States National
Science Foundation CAREER award IIS-0093353.
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