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Chapter 1Preface \Living organism are consummate problem solvers.They exhibit a versatility that puts the best computerprograms to shame." John H. Holland [1]The material of this bibliography has been extracted from the genetic algorithm bibliography [2], whichwhen this report was compiled contained 11251 items and which has been collected from several sourcesof genetic algorithm literature including Usenet newsgroup comp.ai.genetic and the bibliographies[3, 4, 5, 6]. The following index periodicals have been used systematically� A: International Aerospace Abstracts: Jan. 1995 { Mar. 1998� ACM: ACM Guide to Computing Literature: 1979 { 1993/4� BA: Biological Abstracts: July 1996 - Aug. 1998� CA: Computer Abstracts: Jan. 1993 { Feb. 1995� CCA: Computer & Control Abstracts: Jan. 1992 { Apr. 1998 (except May -95)� ChA: Chemical Abstracts: Jan. 1997 - Dec. 1998� CTI: Current Technology Index Jan./Feb. 1993 { Jan./Feb. 1994� DAI: Dissertation Abstracts International: Vol. 53 No. 1 { Vol. 56 No. 10 (Apr. 1996)� EEA: Electrical & Electronics Abstracts: Jan. 1991 { Apr. 1998� EI A: The Engineering Index Annual: 1987 { 1992� EI M: The Engineering Index Monthly: Jan. 1993 { Apr. 1998 (except May 1997)� N: Scienti�c and Technical Aerospace Reports: Jan. 1993 - Dec. 1995 (except Oct. 1995)� P: Index to Scienti�c & Technical Proceedings: Jan. 1986 { May 1998 (except Nov. 1994)� PA: Physics Abstracts: Jan. 1997 { Sep. 19981.1 Your contributions erroneous or missing?The bibliography database is updated on a regular basis and certainly contains many errors and incon-sistences. The editor would be glad to hear from any reader who notices any errors, missing information,articles etc. In the future a more complete version of this bibliography will be prepared for the geneticalgorithms in the Latin America, Portugal and Spain research community and others who are interestedin this rapidly growing area of genetic algorithms. 1



2 Genetic algorithms in the Latin America, Portugal and SpainWhen submitting updates to the database, paper copies of already published contributions are pre-ferred. Paper copies (or ftp ones) are needed mainly for indexing. We are also doing reviews of di�erentaspects and applications of GAs where we need as complete as possible collection of GA papers. Please,do not forget to include complete bibliographical information: copy also proceedings volume title pages,journal table of contents pages, etc. Observe that there exists several versions of each subbibliography,therefore the reference numbers are not unique and should not be used alone in communi-cation, use the key appearing as the last item of the reference entry instead.Complete bibliographical information is really helpful for those who want to �nd your contributionin their libraries. If your paper was worth writing and publishing it is certainly worth to be referencedright in a bibliographical database read daily by GA researchers, both newcomers and established ones.For further instructions and information see ftp.uwasa.fi/cs/GAbib/README.1.1.1 How to cite this report?The complete BiBTEX record for this report is shown below:You can also use the BiBTEX �le GASUB.bib, which is available in our ftp site ftp.uwasa.fi in directorycs/report94-1 and contains records for all GA subbibliographies.1.2 How to get this report via Internet?Versions of this bibliography are available via anonymous ftp and www from the following sites:media country site directory �leftp Finland ftp.uwasa.fi /cs/report94-1 gaLATINbib.ps.Zwww Finland http://www.cs.hut.fi �ja/gaLATINbib gaLATINbib.htmlObserve that these versions may be somewhat di�erent and perhaps reduced as compared to this volumethat you are now reading. Due to technical problems in transforming LATEXdocuments into html ones thewww versions contain usually less information than the corresponding ftp ones. It is also possible thatthe www version is completely unreachable.The directory also contains some other indexed GA bibliographies shown in table 1.1.1.3 AcknowledgementThe editor wants to acknowledge all who have kindly supplied references, papers and other informationon genetic algorithms in the Latin America, Portugal and Spain literature. At least the following GAresearchers have already kindly supplied their complete autobibliographies and/or proofread references totheir papers: Dan Adler, Patrick Argos, Jarmo T. Alander, James E. Baker, Wolfgang Banzhaf, Helio J.C. Barbosa, Hans-Georg Beyer, Christian Bierwirth, Joachim Born, Ralf Bruns, I. L. Bukatova, ThomasB�ack, David E. Clark, Carlos A. Coello Coello, Yuval Davidor, Dipankar Dasgupta, Marco Dorigo, J.Wayland Eheart, Bogdan Filipi�c, Terence C. Fogarty, David B. Fogel, Toshio Fukuda, Hugo de Garis,Robert C. Glen, David E. Goldberg, Martina Gorges-Schleuter, Hitoshi Hemmi, Vasant Honavar, Je�reyHorn, Aristides T. Hatjimihail, Mark J. Jakiela, Richard S. Judson, Bryant A. Julstrom, Charles L. Karr,Akihiko Konagaya, Aaron Konstam, John R. Koza, Kristinn Kristinsson, D. P. Kwok, Gregory Levitin,Carlos B. Lucasius, Michael de la Maza, John R. McDonnell, J. J. Merelo, Laurence D. Merkle, Zbig-niew Michalewics, Melanie Mitchell, David J. Nettleton, Volker Nissen, Ari Nissinen, Tomasz Ostrowski,Kihong Park, Nicholas J. Radcli�e, Colin R. Reeves, Gordon Roberts, David Rogers, Ivan Santib�a~nez-Koref, Marc Schoenauer, Markus Schwehm, Hans-Paul Schwefel, Michael T. Semertzidis, Moshe Sipper,William M. Spears, Donald S. Szarkowicz, El-Ghazali Talbi, Masahiro Tanaka, Leigh Tesfatsion, PeterM. Todd, Marco Tomassini, Andrew L. Tuson, Jari Vaario, Gilles Venturini, Hans-Michael Voigt, RogerL. Wainwright, D. Eric Walters, James F. Whidborne, Steward W. Wilson, Xin Yao, and Xiaodong Yin.



Acknowledgement 3�le contentsga90bib.ps.Z GA in 1990ga91bib.ps.Z GA in 1991ga92bib.ps.Z GA in 1992ga93bib.ps.Z GA in 1993ga94bib.ps.Z GA in 1994ga95bib.ps.Z GA in 1995ga96bib.ps.Z GA in 1996ga97bib.ps.Z GA in 1997ga98bib.ps.Z GA in 1998gaAIbib.ps.Z GA in arti�cial intelligencegaALIFEbib.ps.Z GA in arti�cial lifegaARTbib.ps.Z GA in art and musicgaAUSbib.ps.Z GA in AustraliagaBASICSbib.ps.Z Basics of GAgaBIObib.ps.Z GA in biosciences including medicinegaCADbib.ps.Z GA in Computer Aided DesigngaCHEMPHYSbib.ps.Z GA in chemistry and physicsgaCONTROLbib.ps.Z GA in controlgaCSbib.ps.Z GA in computer science (incl. databases and GP)gaDBbib.ps.Z GA in databasesgaECObib.ps.Z GA in economics and �nancegaENGbib.ps.Z GA in engineeringgaESbib.ps.Z Evolution strategiesgaFAR-EASTbib.ps.Z GA in the Far East (Japan etc)gaFRAbib.ps.Z GA in FrancegaFTPbib.ps.Z GA papers available via ftpgaFUZZYbib.ps.Z GA and fuzzy logicgaGERbib.ps.Z GA in GermanygaGPbib.ps.Z genetic programminggaIMPLEbib.ps.Z implementations of GAgaISbib.ps.Z immune systemsgaJOURNALbib.ps.Z journal articlesgaLOGISTICSbib.ps.Z GA in logisticsgaMANUbib.ps.Z GA in manufacturinggaMEDITERbib.ps.Z GA in the MediterraneangaNNbib.ps.Z GA in neural networksgaNORDICbib.ps.Z GA in Nordic countriesgaOPTIMIbib.ps.Z GA and optimization (only a few refs)gaOPTICSbib.ps.Z GA in optics and image processinggaORbib.ps.Z GA in operations researchgaPARAbib.ps.Z Parallel and distributed GAgaPOWERbib.ps.Z GA in power engineeringgaPROTEINbib.ps.Z GA in protein researchgaROBOTbib.ps.Z GA in roboticsgaSAbib.ps.Z GA and simulated annealinggaSIGNALbib.ps.Z GA in signal and image processinggaTHEORYbib.ps.Z Theory and analysis of GAgaTOP10bib.ps.Z Authors having at least 10 GA papersgaUKbib.ps.Z GA in United KingdomgaVLSIbib.ps.Z GA in VLSI design and testingTable 1.1: Indexed GA subbibliographies.



4 Genetic algorithms in the Latin America, Portugal and SpainThe editor also wants to acknowledge Elizabeth Heap-Talvela for her kind proofreading of the manuscriptof this bibliography.



Chapter 2IntroductionThe table 2.1 gives the queries that have been used to extract this bibliography. The query system as wellas the indexing tools used to compile this report from the BiBTEX-database [7] have been implementedby the author mainly as sets of simple awk and gawk programs [8, 9].string �eld class*BRA ANNOTE Brazil*MEX ANNOTE Mexico*VNZ ANNOTE Venezuela*ARG ANNOTE Argentina*CHILE ANNOTE Chile*COL ANNOTE Columbia*POR ANNOTE Portugal*ESP ANNOTE Spain*Spanish NOTE In Spanish*Portuguese NOTE In PortugueseTable 2.1: Queries used to extract this subbibliography from the main database.
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Chapter 3Statistical summariesThis chapter gives some general statistical sum-maries of genetic algorithms in the Latin America,Portugal and Spain literature. More detailed in-dexes can be found in the next chapter.References to each class (c.f table 2.1) are listedbelow:� Argentina 11 references ([10]-[20])� Brazil 45 references ([21]-[65])� Chile 2 references ([66]-[67])� Columbia 1 references ([68]-[68])� Mexico 43 references ([69]-[111])� Portugal 21 references ([112]-[132])� Spain 121 references ([133]-[253])� Venezuela 15 references ([254]-[268])Observe that each reference is included (by thecomputer) only to one of the above classes (see thequeries for classi�cation in table 2.1; query ordergives priority for classes).3.1 Publication typeThis bibliography contains published contributionsincluding reports and patents. All unpublishedmanuscripts have been omitted unless acceptedfor publication. In addition theses, PhD, MScetc., are also included whether or not publishedsomewhere.Table 3.1 gives the distribution of publicationtype of the whole bibliography. Observe that thenumber of journal articles may also include ar-ticles published or to be published in unknownforums.

type number of itemspart of a collection 10journal article 55proceedings article 174report 16PhD thesis 2MSc thesis 1others 1total 259Table 3.1: Distribution of publication type.3.2 Annual distributionTable 3.2 gives the number of genetic algorithmsin the Latin America, Portugal and Spain paperspublished annually. The annual distribution isalso shown in �g. 3.1. The average annual growthof GA papers has been approximately 40 % duringalmost the last twenty years.year items year items1991 1 1992 41993 16 1994 411995 62 1996 671997 49 1998 141999 5total 259Table 3.2: Annual distribution of contributions.3.3 Classi�cationEvery bibliography item has been given at leastone describing keyword or classi�cation by the edi-tor of this bibliography. Keywords occurring mostare shown in table 3.3.Words occurring most in titles are shown intable 3.4.7



8 Genetic algorithms in the Latin America, Portugal and Spainengineering 58neural networks 30control 28optimization 14hybrid 14machine learning 13fuzzy systems 10others 467Table 3.3: The most popular subjects.Fuzzy 54Optimization 34Design 28Evolutionary 24Learning 22neural 21control 15Distribution 15Application 15controller 14Optimal 13Gen�etico 12planning 11Multiobjective 11power 10Table 3.4: The most popular words used in titles.6
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Figure 3.1: The number of papers applying ge-netic algorithms in the Latin America, Por-tugal and Spain (�) � = total GA papers. Ob-serve that the last two years are most incompletein the database.

3.4 AuthorsTable 3.5 gives the most productive authors.total number of authors 411Herrera, Francisco 32Coello Coello, Carlos A. 26Lozano, Manuel 23Verdegay, Jose Luis 16Cord�on, Oscar 111 author 91 author 82 authors 73 authors 62 authors 511 authors 415 authors 363 authors 2307 authors 1Table 3.5: The most productive genetic algo-rithms in the Latin America, Portugal and Spainauthors.3.5 Geographical distributionThe following table gives the geographical distri-bution of authors, when the country of the authorwas known. Over 80% of the references of themain database are classi�ed by country.country abs %Total 259 100.00Spain 122 47.10Brazil 45 17.37Mexico 43 16.60Portugal 21 8.11Venezuela 15 5.79Argentina 4 1.54Chile 2 0.77The Netherlands 2 0.77Colombia 1 0.39Finland 1 0.39France 1 0.39Greece 1 0.39United States 1 0.39Unknown country 0 0.00Table 3.6: The geographical distribution of theauthors.



Conclusions and future 93.6 Conclusions and futureThe editor believes that this bibliography contains references to most genetic algorithms in the LatinAmerica, Portugal and Spain contributions upto and including the year 1998 and the editor hopes thatthis bibliography could give some help to those who are working or planning to work in this rapidlygrowing area of genetic algorithms.
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Chapter 4Indexes
4.1 BooksThe following list contains all items classi�ed asbooks.� none4.2 Journal articlesThe following list contains the references to everyjournal article included in this bibliography. Thelist is arranged in alphabetical order by the nameof the journal.American Journal of Physics, [101]Analytica Chimica Acta, [207, 232]Arti�cial Intelligence Review, [239]Av. Ing. Quim., [92]Bad. Oper. Decyzje (Poland), [166]Biophysical Journal, [238]Chromatographia, [132]Civil Engineering Systems, [96, 105]Computers in Industry, [109]Egypt. Comput. J. (Egypt), [11]Electronics Letters, [197, 20]Engineering Optimization, [106, 108]Engineering with Computers, [94]European Journal of Operational Research, [237]EvoNews, [194]Expert Systems with Applications, [99]Finite Elements in Analysis and Design, [264]Fuzzy Systems & Arti�cial Intelligence Reports and Letters,[144]IEEE Transaction on Power Systems, [240]IEEE Transactions on Pattern Analysis and Machine Intel-ligence, [200]

IEEE Transactions on Power Systems, [113, 184, 67]IEEE Transactions on Systems, Man, and Cybernetics,[191]Inf. Syst. Eng. (Netherlands), [188]Inform. Autom. (Spain), [183, 195]Inform�atica y Autom�atica (Spain), [173, 242, 251]Int. J. Approx. Reason. (USA), [229, 234]Int. J. Electr. Power Energy Syst. (UK), [64]Int. J. Power Energy Syst. (USA), [169]Int. Numer. Meth. Eng., [259]International Journal of Approximative Reasoning, [82]International Journal of Intelligent Systems, [203]Journal of Guidance, Control, and Dynamics, [14]Knowledge and Information Systems. An InternationalJournal, [107]Mathware & Soft Computing, [175]Microelectron. J. (UK), [170, 216, 225]Midwest Symp Circuits Syst, [35]Physical Review E, [100, 63]Sens. Actuators A. Phys. (Switzerland), [244]Soluciones Avanzadas. Tecnolog��as de Informaci�on, [82,103, 104]Statistics and Computing (UK), [226]Tatra Mt. Math. Publ. (Slovakia), [220]total 56 articles in 41 series4.3 ThesesThe following two lists contain theses, �rst PhDtheses and then Master's etc. theses, arranged inalphabetical order by the name of the school.11



12 Genetic algorithms in the Latin America, Portugal and Spain4.3.1 PhD thesesTulane University, [87]Universidad Polit�ecnica de Madrid, [137]total 2 thesis in 2 schools4.3.2 Master's thesesThis list includes also \Diplomarbeit", \Tech. Lic.Theses", etc.Instituto Superior Tecnico, [131]4.4 Report seriesThe following list contains references to all pa-pers published as technical reports. The list isarranged in alphabetical order by the name of theinstitute.Central University of Venezuela, [258]Laboratorio Nacional de Inform�atica Avanzada (LANIA),[102]Tulane University, [73]Universidad de Granada,[147, 177, 178, 193, 247]Universidad de M�alaga, [133, 141, 241]University of Granada, [164, 172, 174, 176]Utrecht University, [114]total 16 reports in 7 institutes4.5 PatentsThe following list contains the names of thepatents of genetic algorithms in the Latin Amer-ica, Portugal and Spain. The list is arranged inalphabetical order by the name of the patent.� none



Authors 134.6 AuthorsThe following list contains all genetic algorithms in the Latin America, Portugal and Spain authors andreferences to their known contributions.Abdala, Ricardo Skaf, [29]Abdel-Wahab, A. H., [11]Aguilar, J., [263]Aguilar, R., [92]Aguirre, Arturo Hern�andez, [85, 97,103, 104]Ahonen, Hannu, [53]Aizpuru, J. R. Z., [148]Alba, Enrique, [186, 196]Alba Torres, Enrique A., [149, 241,242, 243]Albarran, M. de las Mercedes Gomez,[183]Aldana Montes, Jos�e Francisco, [133,141, 149, 151, 241, 243]Almeida, F., [162]Alonso, C., [208]Alonso, F., [81]Amaral, Jos�e Nelson, [34]Anacleto, J. C. Silva, [54]Anacleto, J. C., [22]Andreu, J. M., [238]Annicchiarico, W., [258, 264, 267]Apolin�ario Jr., J. A., [39, 55]Aracil, J., [188]Ara�ujo, A. N., [232]Arcos, M. Julia, [207]Ares, F., [181, 197]Arraiz, E., [261]Arroyo, J. M., [184, 195]Aspiazu, J., [86]Azevedo, Fernando M. de, [35]Bakirtzis, A. G., [184]Barbosa, Helio J. C., [40]Barcia, R. M., [45, 58]Barczak, C. L., [21, 27]Barone, Dante Agusto, [32]Barone, Dante Augusto Couto, [38]Barreto, Jorge M., [35]

Barrios, Victor, [265, 266]Barron, M., [92]Barruncho, L. M. F., [120, 126]Barruncho, P. M. S., [127]Bastos, R. C., [50]Belmontmoreno, E., [86]Bernal, A., [219]Bernal-Agust��n, Jos�e L., [139, 169, 240]Bernier, J. L., [182, 222]Bharadwaj, K. K., [41]Bisch, Paulo M., [63]Bolivar, U. S., [262]Bom�m, A. L. B. do, [52]Borges, Newton Chaves Kras, [30]Botazzo Delbum, Alexandre C., [56]Bousson, K., [124]Brandao, M. A., [41]Braunstingl, R., [163]Bretas, Newton G., [56]Buckles, Bill P., [103, 104]Bustillo, Eduardo, [212]Cadenas, Jose Manuel, [143, 146, 166]Cain, G., [192]Calôba, L. P., [39, 55]Camacho, E. F., [158, 230]Campodonico, N. M., [37]Camponogara, Eduardo, [57]Canas, A., [250]Candido, M. A. B., [58]Carazo, J. M., [223]Carfalhode, A., [60]Carreno, D., [210]Carvalho, Andr�e C. P. L. F. de, [56]Carvalho, Luis, [116]Carvalho, P. M. S., [120, 126, 127]Casao, Jorge Gasos, [244]Castellanos, J., [236]

Castillo, Luis, [237]Castro, J. L., [248]Castro, Jesus Silva, [257]Cerrolaza, M., [258, 264, 267]Cesteros, A. M. F.-P., [183]Chacon, P., [238]Chang, O., [255, 256,260, 262]Chaves, R. O., [39, 55]Chavez, Margarita G., [268]Cheim, L., [47]Chowdhury, M. M. M., [18]Christiansen, Alan D., [73, 80, 85,94, 96, 97, 105, 106]Cluitmans, L. J. M., [16]Coello Coello, Carlos A., [71, 73,74, 75, 76, 77, 78, 80, 81, 82, 83,84, 85, 87, 94, 96, 97, 99, 102, 103,104, 105, 106, 107, 108, 109]Colin, A., [92]Colmenares, A., [263]Comellas, F., [245]Conejo, A. J., [184]Conejo, A., [195]Cord�on, Oscar, [150, 164,177, 185, 198, 204, 205, 206, 211,229, 235]Cornejo-Rodriguez, A., [79, 93]Cortez, P., [121]Costa, Ernesto, [130]Costa, J. P., [37]Cotta, Carlos, [186, 209]Cotta Porras, Carlos, [133, 151]Coutinho, M.S., [62]Cruz, I. Lopez, [88]Cruz, J. M. de la, [201]Cuesta, P., [142, 161]Cura, Eliana, [67]da Rocha Costa, Antonio Carlos, [33]deAbreuMoreira, D., [49]Delgado, A., [187]Delgado, M., [248]
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