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Abstract.
Explanation is an important issue in building computer-based interactive design environments in which a human designer and a knowledge system may cooperatively solve a
design problem. We consider the two related problems of explaining the system’s reasoning
and the design generated by the system. In particular, we analyze the content of explanations of design reasoning and design solutions in the domain of physical devices. We
describe two complementary languages: task-method-knowledge models for explaining
design reasoning, and structure-behavior-function models for explaining device designs.
INTERACTIVE KRITIK is a computer program that uses these representations to visually
illustrate the system’s reasoning and the result of a design episode. The explanation of
design reasoning in INTERACTIVE KRITIK is in the context of the evolving design solution, and, similarly, the explanation of the design solution is in the context of the design
reasoning.
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1. Background, Motivations and Goals
Effective communication of both the design process and the design product is
critical in collaborative design. Communicating the process of design and the
evidence that the product satisfies its requirements can help build confidence in
the design. When members of a design team work on different parts of a design
problem, this kind of communication about one part of the problem can help in
constraining other parts of the problem. In addition, explanation of design reasoning and its result can enable reuse of parts of the reasoning/result in subsequent
design projects. Within the course of a design project, the explanation can enable
reflection, support the detection of flaws, and suggest remedies for fixing them.
This is no less true of collaboration between a human designer and a knowledge
system in the context of computer-based interactive design environments. When
a human designer and a knowledge system are cooperatively addressing a design
problem, the system must be able to explain to the designer precisely what it is
doing, how and why. In addition, the system must be able to justify why the design
solution it has proposed is acceptable for the given problem. Without this the user
will have little confidence in the design and may be unable to detect potential
flaws in it. Building usable interactive design environments thus requires both a
theory of design explanations and the creation of explanatory interfaces.
The issue then becomes how may a knowledge system explain both its reasoning and the design solutions it proposes. This issue has several related but distinct
facets pertaining to the content, generation, and presentation of explanations. To
illustrate, let us consider the problem of explaining the design of a gyroscope.
The explanation may specify how the design works, how its structure delivers its
functions, how its design satisfies its requirements. Within a knowledge system,
knowledge of the gyroscope’s behaviors may be represented as a causal network,
or generated at run-time from a representation of its design structure. To the user,
the system may present the explanation in text form, or as graphics, or in some
other modality such as animation. Our research on design explanations centers on
the content of explanations presented to the user, and the content and representation of design knowledge and reasoning needed for generating the explanations.
The content of explanation and justification of design solutions, such as that
of a gyroscope, depends both on the design phase and the design domain. For
example, the explanation of the result of preliminary design is different from
that of the result of configuration design: the former pertains to the function and
structure of the design while the latter refers to its geometry. Similarly, the content
of a justification for the design of gyroscope is different from that of an office
building or a software interface. This is because the relationships between the
function and the structure of the gyroscope design are fundamentally different
from the function-structure relations in the design of an office building or a
software interface. Our work focuses on the preliminary (conceptual, qualitative)

Explanatory Interface in Interactive Design Environments

3

design of physical devices such as electrical circuits, heat exchangers, and angular
momentum controllers. The input to this task is a specification of the desired
functions, and the output is a specification of a structure that can deliver the
desired functions.
We are developing an interactive design and learning environment called
INTERACTIVE KRITIK. When complete, INTERACTIVE KRITIK is intended to serve
as an interactive constructive design environment. At present, when asked by a
human user INTERACTIVE KRITIK can invoke a knowledge-based design system
called KRITIK3 to address specific kinds of design problems. KRITIK3 evolves
from KRITIK, which has been extensively described elsewhere (e.g., [Goel 1991,
1992; Goel and Chandrasekaran 1989, 1992].) INTERACTIVE KRITIK provides an
explanatory interface to KRITIK3. In particular, it provides visual explanations
and justifications of both KRITIK3’s reasoning and the solutions it proposes. In
addition, it enables the user to explore the system’s design knowledge and also
the design of the device generated by the system. A key feature of INTERACTIVE
KRITIK is that explanation of the design reasoning is presented in the context of
the evolving design solution, and, similarly, explanation of the design solution is
presented in the context of the reasoning that led to it.
2. INTERACTIVE KRITIK
INTERACTIVE KRITIK’s architecture consists of two agents: a design agent in
the form of KRITIK31 and an interface agent2 . Figure 1 illustrates INTERACTIVE
KRITIK’s architecture. The solid lines in the figure represent data flow while dotted
lines represent control flow.
Kritk3
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Design
Design
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Figure 1. INTERACTIVE KRITIK’s Architecture
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The interface is built using the Garnet tool [Myers and Zanden 1992].
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2.1. STRUCTURE-BEHAVIOR-FUNCTION MODELS IN INTERACTIVE KRITIK

We use structure-behavior-function models (SBF models) [Chandrasekaran et al
1993; Goel 1991, 1992] for explaining and justifying designs of physical devices.
The SBF model of a device provides a functional and causal explanation of
how the device works, how its structure delivers its functions. This explanation
makes explicit the functional and causal roles played by each structural element
in the device design. Since KRITIK3 addresses the function-to-structure design
task, and because the SBF model of a design created by the system explains how
the proposed structure delivers the desired functions, the SBF model provides a
justification for the design.
The SBF model of a device explicitly represents (i) the function(s) of the
device, (ii) the structure of the device, and (iii) the internal causal behaviors of the
device. The internal causal behaviors specify how the functions of the structural
elements of the device are composed into the device functions. As a simple (almost
trivial) example, let us consider the SBF model of an electrical circuit that produces
light of intensity 9 lumens.
Structure: The structure of a device in the SBF language is expressed in terms
of its constituent components and substances and the interactions between them.
Components and substances can interact both structurally and behaviorally. For
example, electricity can flow from battery to bulb only if they are structurally
connected, and only if supported by the function allow electricity of switch that
connects the battery and the bulb.
Function: The function of a device in the SBF language is represented as a
schema that specifies the input behavioral state of the device, the behavioral state
it produces as output, and a pointer to the internal causal behavior of the design
that achieves this transformation. Both the input state and the output state are
represented as substance schemas. The input state specifies that the substance
electricity has the property voltage and the corresponding parameter, 10 volts.
The output state specifies the property intensity and the corresponding parameter,
9 lumens, of a different substance, light. Finally, the slot by-behavior points to the
causal behavior that achieves the function of producing light. Figure 2 illustrates
INTERACTIVE KRITIK’s visual representation of the function of the electrical circuit.
Behavior: The SBF model of a device also specifies the internal causal behaviors
that compose the functions of device substructures into the functions of the device
as a whole. In the SBF language, the internal causal behaviors of a device are
represented as sequences of transitions between behavioral states. The annotations
on the state transitions express the causal, structural, and functional contexts in
which the state transitions occur and the state variables get transformed. The
causal context specifies causal relations between the variables in preceding and
succeeding states. The structural context specifies different structural relations
among the components, the substances, and the different spatial locations of the
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Figure 3. A Behavioral Transition within an Electrical Circuit
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device. The functional context indicates which functions of which components in
the device are responsible for the transition. The behaviors are organized along
the flow of specific substances through the device.
Figure 3 illustrates INTERACTIVE KRITIK’s visual representation of LightBehavior, the causal behavior that explains how light is generated. The state
transition in this behavior has three annotations Using Function, Under Condition Transition, and Parametric Equation as indicated in the side bar on the
top right of the figure. In the screen shot depicted, the description of one of these
annotations, Using Function, is displayed in the pop-up dialog box in the right
center of the figure. This description explains that the transition occurs due to
the function Bulb-Function-Light component Bulb. Although not shown in Figure 3, the description for Under Condition Transition specifies that the transition
is contingent on the flow of electricity through the bulb as detailed in a separate
behavior labeled Electricity-Behavior. Similarly, the description for Parametric
Equation specifies the specific equation relating the state variables.
The use of SBF models for explanation of designs is consistent with Simon’s
[1981] notion of functional explanations of artifacts. He has argued that explanations of artifacts pertain to, and are referenced by, the purpose of the artifact.
This leads us to hypothesize that SBF models capture the content of explanation
of a device design at the “right” level of abstraction for comprehension by human
designers.
2.2. TASK-METHOD-KNOWLEDGE MODELS IN INTERACTIVE KRITIK

We use task-method-knowledge models (TMK models) [Chandrasekaran 1989,
1990; Goel and Chandrasekaran 1992] for explaining and justifying reasoning
about a design problem. The TMK model provides a functional and strategic explanation of design reasoning in terms of the task, the methods used to accomplish
the task, the subtasks spawned by the methods, and the knowledge used by the
methods. Since subtasks are spawned by the methods available to the reasoner,
the TMK model also provides a justification of specific tasks addressed by the
reasoner in terms of the methods that spawn the tasks. Similarly, since methods
serve tasks and are afforded by the available knowledge, the TMK model provides
a justification of the use of specific methods by the reasoner in terms of the tasks
being addressed and the knowledge that affords the methods.
The TMK model of design reasoning has three main elements. The first element, the task, is characterized by the types of information it takes as input and
gives as output. KRITIK3 addresses the functions-to-structure design task in the
domain of physical devices. This task takes as input a specification of the functions of the desired design. It has the goal of giving as output the specification of
a structure that delivers the desired functions. The second element in the TMK
model is the method. A method is characterized by (i) the type of knowledge it
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uses, (ii) the subtasks (if any) it sets up, and (iii) the control it exercises over
the processing of subtasks. KRITIK3 uses the method of case-based reasoning for
addressing the function-to-structure design task. Figure 4 illustrates INTERACTIVE
KRITIK’s visual representation of this method. The figure shows that the method
sets up the subtasks of problem elaboration, case retrieval, design adaptation, and
case storage. It also shows the order in which these tasks are executed. In addition,
it shows the input-output specification of these tasks. For example, the task of
design adaptation takes as input the specification of the desired functions and the
best matching case retrieved from the case memory. It gives as output an SBF
model for a candidate design as indicated in Figure 4.
The third element in the TMK model is knowledge. A specific type of domain
knowledge is characterized by its content, by its form of representation, and
by its organization. Consider the example of diagnostic knowledge. In some
domains, heuristic associations that directly map signs and symptoms into fault
categories may be available. In a knowledge system, this associative knowledge
might be represented in the form of production rules and organized as an unordered
list. KRITIK3 contains two kinds of domain knowledge: past design cases and
case-specific SBF models. We already have briefly described the representation
and organization of the SBF models. Design cases are indexed by the functions
delivered by the stored designs, and organized as leaf nodes of a discrimination
tree.
The design of the KRITIK family of systems embodies a TMK model of
of function-to-structure design of common physical devices [Goel and Chandrasekaran 1992]. We derived this model by analysis of the above task domain
using the following methodology [Chandrasekaran 1989, 1990]:
Task Identification: First, the task is specified in terms of the generic types of
information it takes as input and the generic types of information desired as its
output.
Knowledge Identification: Next, the domain is analyzed in terms of the kinds of
knowledge available in it.
Method Identification: Then, the different methods afforded by the different
kinds of available knowledge are identified. This step also involves the identification of the subtasks that each method may set up.
Method Selection: Next, since more than one method may be feasible, the criteria
for selecting a specific method is specified. These criteria may include factors such
as properties of the desired solution and computational properties of the methods.
Recursive Task-Domain Analysis: Finally, the above steps are repeated for each
of the subtasks that the selected method sets up.
This recursive decomposition of the given task continues up to an “elementary”
level at which the domain affords knowledge that can “directly” map the input to
the (sub)task into its desired output. At this level, no method is needed; instead, a
procedure directly applies the relevant knowledge to solve the task. The recursive
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task decomposition results in a task-method-subtask tree. For example, design
adaptation is a subtask of the design task set up by the case-based method as
illustrated in Figure 4. KRITIK3 uses a model-based method for addressing the
task of adaptation as Figure 5 illustrates. The model-based method sets up its own
subtasks of the design adaptation task. The first of these subtasks is the computation
of differences between the desired function and the function delivered by the
design retrieved from the case memory. K RITIK3 uses a simple pattern matching
procedure for this task.
The TMK language for describing a knowledge system’s reasoning is consistent with Marr’s [1977] task-level and Newell’s [1982] knowledge-level analyses
of intelligent agents. Marr proposed that the reasoning of an intelligent agent can
be analyzed at three levels. At the highest level is a specification of the tasks
addressed and the mechanisms used by the agent. At the next level are the specific
algorithms and data structures that the mechanism uses. At the lowest level is the
architecture (or language) of implementation. Similarly, Newell proposed several
levels of analysis of intelligent agents. The highest level in his scheme pertains to
the agent’s goals and the knowledge that enables the accomplishment of the goals.
The next level concerns the symbolic structures that implement the mechanisms of
the higher level. The next lower level specifies the physical devices that implement
the symbolic structures, and so on. Marr suggested that the highest level in his
scheme, the task-level, constituted the computational theory of the agent. Similarly, Newell suggested that the highest level in his scheme, the knowledge level,
constituted the computational theory of the agent. This leads us to the hypothesis
that TMK models capture the content of explanation of design reasoning at the
“right” level of abstraction for communication with human designers.
3. The Explanatory Interface in INTERACTIVE KRITIK
The explanatory interface in INTERACTIVE KRITIK not only explains and justifies
design reasoning and device designs, but also enables the user to explore the
device designs and to reflect on the reasoning.
3.1. DESIGN EXPLANATION IN INTERACTIVE KRITIK

The interface agent in INTERACTIVE KRITIK has access to all the knowledge of
KRITIK3 including its design cases and device models. It uses KRITIK3’s SBF
models of physical devices to graphically illustrate and explain the functioning of
the devices to the users. It also graphically illustrates and explains the reasoning
of the system in generating a new design. Within the context of a design episode,
INTERACTIVE KRITIK provides graphical representations of both the designs retrieved from the case memory and the new designs created. Thus it provides
representations of intermediate designs in addition to the final designs. The dif-
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ferent design versions are presented as the design reasoning unfolds, i.e., in the
context of the design subtask at hand.
The working of a device is illustrated to the user on several interrelated screens.
One screen represents the device function; Figure 2 is an example of INTERACTIVE
KRITIK’s screen illustrating the function of an electrical circuit. The means by
which the function of a device is achieved is explained by the internal causal
behaviors in the SBF device model. Figure 3 shows an illustration by INTERACTIVE
KRITIK of the main behavior, Light-Behavior, of the electrical circuit that produces
light. A different screen shows the secondary behavior, Electricity-Behavior, of
this device: the behavior of the electricity in this circuit.
KRITIK3’s reasoning is illustrated on multiple screens identifying the tasks
that the system performs while solving a problem and the methods it uses, as
indicated in Figures 4 and 5. For each (sub)task, INTERACTIVE KRITIK illustrates
the reasoning state both before and after the accomplishment of the (sub)task.
The reasoning state specifies the task context and the method context. In addition,
when appropriate, INTERACTIVE KRITIK illustrates the design knowledge available
to KRITIK3. For example, in explaining the task of case retrieval, it graphically
illustrates the case memory.
3.2. DESIGN EXPLORATION IN INTERACTIVE KRITIK

INTERACTIVE KRITIK enables the user to browse through different facets of a
device design. This includes not only the final design proposed by KRITIK3 but
also the intermediate designs it may have generated, for example, the design
retrieved from the case memory. Exploration of a given design through browsing
is enabled by the SBF model for the design.
As we explained in Section 2.1, different parts of an SBF model are closely
interrelated. For example, the specification of a function in the SBF model acts as
an index to the causal behaviors that accomplish the function. Also, the specifications of the state transitions in a causal behavior act as indices into the functional
specifications of the structural components of the device. In addition, the description of a device component contains a specification of its functions, and points to
the causal behaviors of the device in which the component plays a functional role.
This indexing scheme enables the user to browse through the SBF model of the
design.
The initial view of an SBF model is a representation of the device’s functional
specification, as in Figure 2. From here the user can push interface buttons to move
among the functional, behavioral, and structural representations of the device.
Additionally, the user can click on the name of the behavior by which the function
is achieved (e.g., Light-Behavior in Figure 2) and “jump” directly to that behavior.
Figure 3 illustrates the Light-Behavior screen. This screen presents Light-Behavior
and labels all other behaviors (in this case, just the Electricity-Behavior) which the
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user can select to jump to a different behavior. When a user clicks on a particular
transition a menu pops up allowing the user access to a variety of options relating to
that transition, as indicated in Figure 3. This allows direct access to structural and
behavioral information relating to that transition. For example, if the transition
selected is dependent on another behavior, the user can jump directly to that
behavior. The structure screen provides similar capabilities for looking at the
components of a device and the connections between them.
3.3. DESIGN REFLECTION IN INTERACTIVE KRITIK

The explicit SBF representation of a design enables the user to inspect each element
and aspect of the device design. Similarly, the explicit TMK representation of the
trace of design reasoning enables the user to inspect each task, method, knowledge
source, and reasoning state. This enables the user to reflect on the design reasoning.
For example, the user can examine the TMK reasoning trace and detect potential
flaws in it.
As we mentioned in Section 2.1, the SBF model of a device design not only
explains how the device works but also justifies the design by showing how its
structure delivers the desired functions. And as we mentioned in Section 2.2., the
TMK model not only explains the reasoning of KRITIK3 but also justifies the tasks
it sets up and the methods it uses. In addition, the user can also ask INTERACTIVE
KRITIK for a justification for specific reasoning choices. As an example, consider
the situation in which KRITIK3 retrieves a design case from its case memory. The
TMK trace shows the user the probe KRITIK3 had prepared to retrieve a case and
the case the system actually retrieved from its case memory. The user can now
ask why did KRITIK3 retrieve this particular design case. Since the reasoning trace
explicitly specifies the probe prepared by K RITIK3, and how the system’s retrieval
method probed the case memory - the branches it followed, the matches it made,
and their results - the trace provides a justification for why the particular case best
matches the given problem.
3.4. CRITIQUE

There is still a great deal of work to be done on INTERACTIVE KRITIK’s user
interface. Some issues which would need to be addressed before the system
could be used as a practical tool include the improved display of the structure
of a device, the building of better graphical representations, and provision of
additional interaction capabilities. More importantly, INTERACTIVE KRITIK needs
to be formally evaluated in a real world setting. But this kind of evaluation also
requires additional work on the user interface.
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4. Discussion
This research builds on earlier work on three topics at the intersection of AI
and Design: design methods and process models, design knowledge and device
models, and interactive design environments.
Design Methods and Process Models: A major goal of AI research on design
has been to develop computational methods and process models for design. This
has led to the development of several computational methods for design; examples
include heuristic search [Stallman and Sussman 1977], heuristic association [McDermott 1982], and plan instantiation and expansion [Brown and Chandrasekaran
1989, Mittal, Dym and Morjaria 1986]. Recent research on case-based design
(e.g., [Goel and Chandrasekaran 1992, Maher, Balachandran and Zhang 1995,
Navinchandra 1991]) has led to the development of multi-strategy process models
for design. KRITIK3 is a multi-strategy process model of design in two senses.
First, while the high-level design process in KRITIK3 is case-based, the reasoning
about individual subtasks in the case-based process is model-based. For example,
KRITIK3 uses SBF device models for adapting a past design and for evaluating a
candidate design. Second, design adaptation in KRITIK3 involves multiple modification methods. While all modification methods make use of SBF device models,
different methods are applicable to different kinds of adaptation tasks.
A closely related research direction concerns the language for specifying
the computational methods and process models for design. McDermott [1982]
describes R1’s method for configuration design in the language of constraints of a
design problem, components available in the design domain, heuristic associations
pertaining to the constraints and the components, and selection and activation of
the associations. But this language is much too specific to R1’s method. This
method-specificness of the language becomes a major problem for describing and
explaining multi-strategy process models such as KRITIK3.
Task-level [Marr 1977] (or, equivalently, knowledge-level [Newell 1982]) accounts make a clearer separation between knowledge-based reasoning and its
implementation in a knowledge system. In the mid-eighties, Chandrasekaran
[1988] proposed the language of Generic Tasks for analyzing and modeling
knowledge-based problem solving, and showed that this language enables more
perspicuous explanations [Chandrasekaran, Tanner, and Josephson 1989]. In the
late eighties, Chandrasekaran [1990] related Generic Tasks with task structures:
[Chandrasekaran 1989] describes a high-level task structure for design; [Goel
and Chandrasekaran 1992] describe a fine-grained task structure for case-based
design. In their work on the elevator design project called VT, McDermott and his
colleagues [McDermott 1988, Marcus et al 1988] described a similar task-oriented
language for analyzing knowledge-based design.
Our TMK models represent a generalization of task structures based on
Generic Tasks. Also, our hypothesis that TMK models provide the “right” level of
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abstraction for explaining knowledge-based reasoning is based in part on earlier
work on explanation in the Generic Task framework. But TMK models make the
specific role played by a particular type of knowledge more explicit than earlier
models. Consider, for example, the functional role of an SBF model of a past
design in KRITIK3. Since the SBF model is associated with the past case, it affords
a method for adapting the past design. The TMK model makes this affordance explicit. Thus, while task structures are useful for explaining the control of reasoning
in terms of task-method interactions, TMK models are also useful for explaining
knowledge-method interactions. In particular, they enable the explanation of the
organization and indexing of different kinds of knowledge, the kinds of knowledge
available for addressing a task, and the methods that become feasible because of
the available knowledge.
Design Knowledge and Device Models: Explanation of physical devices has
been a major topic of research not only in AI and in Design but also in Cognitive
Engineering. AI research on device modeling and explanation can be traced as far
back as Hayes [1979] work on “naive physics” in which he described a componentsubstance ontology. At about the same time, de Kleer developed the method of
qualitative simulation for diagnosing electrical circuits [de Kleer 1984]. This
work led to the no-function-in-structure principle [de Kleer and Brown 1984]
which states that the behaviors of each structural component must be represented
in a manner independent of their functional contexts.
In contrast, in the early eighties, Chandrasekaran and his colleagues developed
the Functional Representation (FR) scheme [Sembugamorthy and Chandrasekaran
1986, Chandrasekaran et al 1993] in which the functions are not only represented
explicitly, but also used to reference the causal behaviors responsible for their accomplishment. The causal behaviors in turn reference the functions of the device
substructures. Since the function of a substructure refers to the causal behaviors
that result in it, this gives rise to a hierarchical organization of the device model.
Also in the mid-eighties, Bylander proposed a taxonomy of primitive behaviors
[Bylander 1991] based in part on Hayes’ component-substance ontology. He also
described a method of composing the primitive behaviors into more complex
behaviors. Our SBF models evolve from Chandrasekaran’s Functional Representation scheme and Bylander’s ontology of behaviors. In particular, they use FR’s
organizational scheme in which the device functions act as indices to the causal behaviors and the causal behaviors index the functions of device substructures. The
specification of the functions, behaviors and structure in SBF models, however, is
based on Bylander’s well-defined behavioral ontology.
In Cognitive Engineering, Rasmussen [1985] proposed a hierarchical organization for presenting device knowledge to human users. His device models
also specify the structure, the behaviors, and the functions at each level in the
hierarchy. Our hypothesis that SBF models provide the “right” level of abstraction for explaining the working of a device to a human user is supported by
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Rasmussen’s empirical work. Govindaraj [1987] has used similar hierarchical organization schemes for enabling engineering students to explore the design of
complex devices containing hundreds of components. Following his device models, the causal behaviors in our SBF models too are organized along the flow of
specific substances in the device.
In Design research, [Gero et al 1991] and [Umeda et al 1990] have also
described FBS models (for function-behavior-structure). While the details of the
representation schemes differ, in both their FBS models and in our SBF models,
behavior mediates between function and structure. Indeed, a major theme of our
work on the KRITIK family of systems has been that while the design task takes
a functional specification as input and gives a structural specification as output,
much of the design reasoning is at the intermediate behavioral level.
Interactive Design Environments: A core issue in interactive design environments is how human designers and knowledge systems may share design responsibilities. AI research on interactive design environments covers a broad range of
human/system responsibility sharing. At one extreme, the system acts as a knowledge source but leaves almost all reasoning to the human designer. Traditionally,
knowledge bases for design have contained knowledge of design components and
materials. But recent work on design knowledge bases has focused on providing human designers with access to libraries of design cases; examples include
CADET [Sycara et al 1991], CADRE [Hua and Faltings 1992], CASECAD [Maher, Balachandran and Zhang 1995], FABEL [Voss et al 1994], Archie [Pearce
et al 1992], AskJef [Barber et al 1992], and ArchieTutor [Goel et al 1993]. At
the other extreme of this spectrum are autonomous knowledge systems that perform almost all design reasoning by themselves. Human interaction with these
systems is limited to formulating design problems, supplying the problems to the
system, and receiving the solutions generated by the system; examples include
R1, AIR-CYL, and the original KRITIK system.
In between these two extremes lies a large range of potential sharing of
responsibility between the system and the user. An important goal of design
environments in the middle of this spectrum is to enable humans to construct
new designs. Fischer et al’s [1992] JANUS and Steinberg [1987] VEXED are
two examples of constructive design environments. The goal of the INTERACTIVE
KRITIK project is also the building of a constructive design environment. We
will not describe here how, when completed, INTERACTIVE KRITIK may enable a
human to construct new designs (but see [Grué 1994]). Instead, we focus the rest
of this discussion on the issue of explanatory interface in the current version of
INTERACTIVE KRITIK since this is already operational.
Mostow [1989] has argued that when a knowledge system in an interactive
design environment proposes a solution to a design problem, then the system
should also provide the human designer with an explanation of the reasoning that
led to the solution. His BOGART system uses derivational analogy [Carbonell
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et al 1989] for generating solutions to design problems. Following the theory of
derivational analogy, BOGART provides the human designer with an explanation
of its reasoning in the form of a derivational record. The derivational record contains a trace of the system’s reasoning in the language of design goals, operators,
and heuristics for goal decomposition and operator selection.
We share the premise that in any interactive design environment, the knowledge system must be able to explain its reasoning. However, we believe that
the language of goals, operators and heuristics is too low level to be accessible
and comprehensible to human designers, especially novice designers. Instead, we
hypothesize that the TMK language is at the “right” level of abstraction. More
importantly, we believe that in addition to explaining its reasoning, the knowledge
system must also be able to justify the design solution it proposes. INTERACTIVE
KRITIK uses SBF models for justifying its design solutions.
Further, we believe that it is critical that the explanation of design reasoning
should be grounded in the context of the evolving design solution, and, similarly,
the explanation of the evolving design should be grounded in the context of the
design reasoning that led to it. The advantages of situating design explanations in
this way are two fold. First, situating the explanation of design reasoning in the
context of the evolving design solution makes the explanation more meaningful.
This is because the explanatory terms can now get their meaning from the specific
parts of the design to which they refer. Second, situating the explanation of the
design solution in the context of the design reasoning makes the explanation more
complete because of the availability of previous versions in the evolution of the
design solution.
4.1. CONCLUSIONS

Interactive design environments typically contain knowledge systems as major
components. A human designer may use the interactive environment for design
construction and experimentation. The knowledge systems may help automate
specific and selected portions of this process, leading to human-system cooperative design. This raises the issues of usability and learnability of the knowledge
systems. Human designers are unlikely to work with these systems if they cannot
easily use them and also easily learn how to use them. Designers are more likely
to use these systems if they can form a mental model of how the system works,
how it reasons about problems, and if they can develop some confidence in the
solutions generated by the system.
So the issue becomes how might a knowledge system enable the user to form
a mental model of its reasoning, how might it explain its reasoning and justify its
answers. Our work on INTERACTIVE KRITIK is based on three related ideas:
1. Explanations of a knowledge system need to capture the functional and strategic
content of reasoning in addition to its knowledge content. Task-method-knowledge
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models enable this kind of task-level and knowledge-level explanation, which
facilitates effective communication between the system and the user.
2. Explanations of physical systems need to capture the functionality and causality
of the systems in addition to their structure. Structure-behavior-function models
enable this kind of explanation at a level of abstraction that facilitates effective
communication between the system and the user.
3. Explanation of design reasoning needs to be grounded in the context of the
evolving design solution, and, similarly, the explanation of the evolving design
needs to be grounded in the context of the design reasoning that led to it.
INTERACTIVE KRITIK demonstrates the computational feasibility of these ideas.
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